MODELING ACADEMIC ACHIEVEMENT WITH RESPECT
TO SELF- READINESS OF PUBLIC UNIVERSITIES

GRADUATES

JIWA NORIS BIN HAMID

UNIVERSITI UTARA MALAYSIA

2008



MODELING ACADEMIC ACHIEVEMENT WITH RESPECT TO SELF-

READINESS OF PUBLIC UNIVERSITIES GRADUATES

A thesis submitted to the Centre for Graduate Studies in partial
fulfillment of the requirements for the degree
Master of Science (Information Technology)

Universiti Utara Malaysia

By

Jiwa Noris bin Hamid

© Jiwa Noris bin Hamid, 2008. All rights reserved.



KOLEJ SASTERA DAN SAINS
(College of Arts and Sciences)
Universiti Utara Malaysia

PERAKUAN KERJA KERTAS PROJEK
(Certificate of Project Paper)

Saya, yang bertandatangan, memperakukan bahawa
(I, the undersigned, certify that)

JIWA NORIS BIN HAMID

calon untuk [jazah
(candidate for the degree of) MSec. (IT)

telah mengemukakan kertas projek yang bertajuk
(has presented his/ her project paper of the following title)

MODELING ACADEMIC ACHIEVEMENT WITH RESPECT TO
SELF — READINESS OF PUBLIC UNIVERSITIES GRADUATES

seperti yang tercatat di muka surat tajuk dan kulit kertas projek
(as it appears on the title page and front cover of project paper)

bahawa kertas projék tersebut boleh diterima dari segi bentuk serta kandungan
dan meliputi bidang ilmu dengan memuaskan.

(that the project paper acceptable in form and content, and that a satisfactory
knowledge of the field is covered by the project paper).

Nama Penyelia Utama
(Name of Main Supervisor). ASSOC.PROF. FADZILAH SIRAJ

Tandatangan M S
(Signature) 3 5‘2"\)
o

g -t efos




PERMISSION TO USE

In presenting this project in partial fulfillment of the requirements for a postgraduate degree from
the Universiti Utara Malaysia, 1 agree that the University Library may make it freely available
for inspection. I further agree that permission for copying of this thesis in any manner, in whole
or in part, for scholar purposes may be granted by my supervisor(s) or, in their absent, by the
Dean of Centre for Graduate Studies. It is understood that any copying or publication or use of
this thesis or parts thereof for financial gain shall not be allowed without my written permission.
It is also understood that due recognition shall be given to me and Universiti Utara Malaysia for

any scholar use which may be made of any material from my thesis.

Request for permission to copy or make other use of the material in this thesis in whole or part
should be addressed to:

Dean
Centre for Graduate Studies
Universiti Utara Malaysia
06010 Sintok
Kedah Darul Aman



ABSTRACT (ENGLISH)

Students’ performances in higher education institution are evaluated based on their
academic achievement. Despite of having technical skills obtained by the graduates
during their study in university, it is crucial for them to have other additional skills that
help them in decision making and problem solving. This study has presented a model of
academic achievement with respect to self-readiness of the public universities graduates.
Two data mining methods were used in this study such as logistic regression and neural
network to obtain the model with the highest accuracy. The selection of data mining
approaches was based on the ability of data mining as a powerful tool for academic
analysis purposes. In higher educational institution, data mining can be used for the
process of uncovering hidden trends and patterns that help them forecast the students’
achievement. In this study, a dataset comprises of public higher educational institution
graduates demographics and self- readiness information was analyzed. The results show
that descriptive and self readiness produce higher accurate percentage compared to the
self readiness alone. The result also find that neural network is the best model to be
developed compared to logistic regression while field of study, citizenship, ready to face
working world and challenges, problem solving, decision making and group working are

the best predictor for academic achievement.
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ABSTRAK

Prestasi graduan di peringkat pengajian tinggi biasanya dinilai berdasarkan kepada
pencapaian akademik. Selain daripada kemahiran teknikal yang diperolehi semasa
menuntut di universiti, adalah penting untuk para graduan mempunyai kemahiran
tambahan yang lain bagi membantu mereka membuat keputusan dan menyelesaikan
masalah. Kajian ini telah mempersembahkan model pencapaian akademik berhubung
kesediaan diri graduan di universiti awam tempatan. Dua teknik perlombongan data iaitu
rangkaian neural dan regresi logistik telah digunakan untuk mendapatkan model dengan
peratusan ketepatan yang paling tinggi. Pemilihan pendekatan perlombongan data adalah
berdasarkan kepada keupayaannya sebagai alat yang sangat berkuasa untuk tujuan analisa
akademik. Di peringkat pengajian tinggi, perlombongan data boleh digunakan untuk
proses membongkar trend dan paten tersembunyi dalam membantu meramal pencapaian
graduan. Dalam kajian ini, set data yang mengandungi maklumat demografik dan
kesediaan diri graduan telah dianalisa. Hasil kajian mendapati demografik dan kesediaan
diri menghasilkan peratus ketepatan yang lebih tinggi berbanding kesediaan diri semata-
mata. Hasil kajian juga mendapati bahawa rangkaian neural menghasilkan model yang
lebih baik berbanding logistik regresi sementara bidang pengajian, kewarganegaraan,
kesediaan diri untuk menghadapi dunia dan cabaran pekerjaan, kebolehan menyelesaikan
masalah, kebolehan membuat keputusan dan kebolehan bekerja sebagai satu pasukan

merupakan peramal yang baik untuk pencapaian akademik graduan.
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CHAPTER 1

INTRODUCTION

This chapter discusses the overview of the study implemented in this study. This chapter
consists of research background, problem statement, objectives, significance and scope of
the study conducted. At the end of this chapter, thesis organization is presented to

describe the structure of this report.

1.1  Overview of the study

Higher education creates opportunities and helps to equip individuals with the
appropriate knowledge and skills. In Malaysia, higher educational institutions can be
divided into two, public higher educational institutions, which are established and
maintained by the Government and private higher educational institutions, which are

privately funded institutions and have been registered with the Ministry of Education.
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