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ABSTRAK

Objektif utama kajian ini dilaksanakan untuk mengukur ketepatan set data Adulr,
samada pendapatan yang diperolehi oleh responden-responden ini melebihi $50 ribu
setahun atau tidak. Selain itu, objektif yang hendak dicapai adalah untuk memperolehi
kaedah terbaik bagi discretization, reduction, split factor dan juga classifier di mana
kaedah-kaedah ini akan digunakan untuk membangunkan sebuah model klasifikasi
(classification model). Kajian ini menggunakan pendekatan rough set dan perisian
Rosetta untuk mengukur ketepatan data, manakala Knowledge Data Discovery (KDD)
digunakan sebagai metodologi bagi menjadi garis panduan perlaksanaan kajian. Kajian
ini hanya menggunakan 24, 999 data daripada keseluruhan 48, 842 data. Data ini
kemudiannya, dibahagikan kepada dua bahagian, iaitu sebagai data latihan (training
data) dan juga data pengujian (festing data). Pembahagian ini dilakukan dengan
menggunakan sembilan faktor pembahagian (split factor), iaitu 0.1, 0.2, 0.3, 0.4, 0.5,
0.6, 0.7, 0.8 dan 0.9. Keputusan yang diperolehi menunjukkan kaedah terbaik untuk
discretization ialah Naive Algorithm, split factor ialah 0.6, reduction ialah Johnson'’s
Algorithm dan classifier ialah Standard Voting. Berdasarkan kepada keputusan yang
diperolehi peratus ketepatan tertinggi untuk model spesifikasi yang dibina adalah
87.12%. Ini menunjukkan, pendekatan rough set sangat berguna untuk menganalisis set
data Adult kerana ketepatan yang diperolehi adalah lebih baik berbanding kaedah yang

digunakan sebelumnya.
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ABSTRACT

The main objective of the experiments is to predict the accuracy of Adult dataset
whether the income exceeds $50K per year or below $50K. Specifically, the objectives
are to determine the best discretization method, split factor, reduction method, classifier
and to build the classification model. In the experiments, the prediction of accuracy of
the Adult dataset is developed by using rough set theory and Rosetta software while
Knowledge Data Discovery (KDD) is used as the methodology. The Adult dataset that
had been used in the experiments is comprises of 48, 842 instances but only 24, 999
instances is used along the experiments. Then, the data was randomly split into training
data and testing data by using nine splits factor, which are 0.1, 0.2, 0.3, 0.4, 0.5, 0.6, 0.7,
0.8 and 0.9. The result obtained from the experiments showed that the best discretization
method is Naive Algorithm, the best split factor is 0.6, the best reduction method is
Johnson’s Algorithm and the best classifier is Standard Voting. The highest percentage
of accuracy achieved by the classification model developed using the rough set theory is
87.12%. The experiments showed that rough set theory is a useful approach to analyze
the Adult dataset because the accuracy achieved in the experiments exceeds the previous

methods that have been used before.
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1.1

CHAPTER ONE

INTRODUCTION

Background

Artificial intelligence or Al for short is a computer or program, which exhibit
behavior that indicates intelligence. McCarthy (2007) defined Al as a task that
involved the use of science and engineering to produce a machine that has the
intelligence like a human and it is related to the process of making intelligence
computer programs. According to Russell and Norvig (2003), the computer or
program can be categorized as intelligent if the system think and act like humans
and rationally. This means that, the computer is able to simulate human
intelligence in order to solve the problem and this can be done by observing

human method. Figure 1 below show the dimension in Al
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