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ABSTRACT 

The concept of “vulnerability to poverty” has attracted the attention of development 

economists during the last two decades as witnessed by the increasing number of studies 

on the issue that emerge in the literature. The aim of this study was to investigate the 

issues of exposure to shocks/risks, risk management strategies and vulnerability to 

poverty using rural households in Pattani province. A sample of 600 households in five 

districts of Pattani province was selected using the multi-stage sampling approach. A 

comprehensive descriptive analysis was conducted using SPSS to examine the exposure 

to shocks in general. The Logit model was used to analyse households’ exposure to 

shocks as well as their impact on their livelihood. The Feasible Generalized Least 

Square (FGLS) technique was then employed to measure the level of vulnerability to 

poverty. Finally, the Tobit model was estimated to determine the influence of exposure 

to shocks on vulnerability to poverty. This study showed that rural households in Pattani 

province faced many types of shocks and they had employed various strategies in order 

to handle such shocks. It revealed that exposure to shocks, regardless of the type of 

shocks, had significant impacts on the various aspects of the livelihood of the 

households. However, as for the level of vulnerability to poverty, only exposure to social 

shock was found to be statistically significant. Nevertheless, the results showed that 

vulnerability in the sampled population was quite high at more than 80 percent which 

was much higher than the incidence of poverty in the sample which stood at less than 30 

percent. These findings also pointed out how important it was for the Thai government 

to improve its social security net which can be relied upon by the vulnerable to prevent 

them from actually falling into the trap of poverty. 

 

Keyword: exposure to risks/shocks, risk management strategies, vulnerability to 

poverty, poverty alleviation, rural households 
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ABSTRAK 

Konsep “kerentanan terhadap kemiskinan” telah menarik perhatian ramai ahli ekonomi 

pembangunan sepanjang dua dekad yang lalu. Hal ini terpancar menerusi peningkatan 

bilangan kajian yang meneliti isu ini dalam kosa ilmu sedia ada. Kajian ini bertujuan 

menyelidik isu berkaitan dengan pendedahan kepada kejutan/risiko, strategi pengurusan 

risiko dan kerentanan terhadap kemiskinan dengan menggunakan isi rumah masyarakat 

luar bandar di wilayah Pattani. Sampel kajian terdiri daripada 600 isi rumah di lima 

daerah di wilayah Pattani yang dipilih berdasarkan pendekatan persampelan pelbagai 

peringkat. Analisis deskriptif yang komprehensif telah dijalankan dengan menggunakan 

SPSS bagi mengkaji pendedahan kepada kejutan secara umum. Model Logit digunakan 

untuk menganalisis pendedahan isi rumah kepada kejutan serta impaknya terhadap 

kehidupan mereka. Teknik Boleh Laksana Ganda Dua Terkecil Teram (FGLS) telah 

diupayakan untuk mengukur tahap kerentanan terhadap kemiskinan. Akhir sekali, model 

Tobit dianggarkan untuk menentukan pengaruh pendedahan kejutan ke atas kerentantan 

terhadap kemiskinan. Kajian memperlihatkan bahawa isi rumah masyarakat luar bandar 

di wilayah Pattani menghadapi banyak jenis kejutan dan mereka menggunakan pelbagai 

strategi untuk menangani kejutan tersebut. Kajian turut menunjukkan bahawa 

pendedahan kepada kejutan tanpa mengira jenis kejutan didapati memberikan impak 

yang signifkan terhadap pelbagai aspek kehidupan isi rumah. Walau bagaimanapun, bagi 

tahap kerentanan terhadap kemiskinan, hanya pendedahan kepada kejutan sosial didapati 

signifikan secara statistik. Namun, keputusan memaparkan bahawa kerentanan dalam 

populasi sampel agak tinggi pada kadar melebihi 80 peratus, iaitu lebih tinggi daripada 

kadar kemiskinan dalam sampel yang kurang daripada 30 peratus. Penemuan ini juga 

menunjukkan bahawa pentingnya bagi kerajaan Thai untuk memperbaik jaringan 

keselamatan sosial yang boleh diupayakan oleh golongan yang rentan untuk menghalang 

golongan ini daripada jatuh ke dalam perangkap kemiskinan. 

 

Kata kunci: pendedahan kepada risiko/kejutan, strategi pengurusan risiko, serentanan 

terhadap kemiskinan, pembasmian kemiskinan, isi rumah luar bandar 
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CHAPTER ONE 

INTRODUCTION 

1.0 Introduction  

This chapter presented an overview of the thesis which consists of the background of 

the study, the problem statement, the research questions, objective of the study, the 

significance of the study, the scope of the study, the organization of the study and 

concludes.  

1.1 Background of the study 

Over the past few decades, there has been a tremendous economic growth in Asian 

economies. According to Balisacan and Fuwa (2007), during the past thirty years, the 

growth in gross domestic product (GDP) experienced by Asian countries has in 

consistent manner outpaced those of other countries in the rest of the world. The 

Asian countries’ GDP growth rate averaged 4.0 percent per year, whilst the 

developed countries and the world grew by only 2.6 percent and 2.7 percent, 

respectively.  

According to the economist Kuznets (1955), economic growth will benefit nearly all 

citizens of a country. Consequently, even if the benefit of growth is not equally 

distributed, it should still lead to a decrease in poverty incidence. Indeed, the 

economic growth experienced by these countries was accompanied by a rapid rate of 

poverty reduction, particularly in the East Asia and Southeast Asia region. For 

instance, during the period of 1990 to 2001, there is a drop of 129 million in the 

number of people living on less than a dollar a day. This is translated by a huge drop 

in poverty incidence in the East Asia region from more than 30 to only 12 percent. 
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At the same time, poverty incidence in South Asia dropped from 41 to 29 percent 

(Balisacan & Fuwa, 2007). 

On the other hand, despite the tremendous economic growth, the Asian continent is 

still home to more than 60 percent of the world’s 1.1 billion poor. The incidence of 

poverty in most of these countries is relatively high even during the period their 

economic growth is high. It seems that to a certain extent, poverty problem is 

impervious to economic growth.  Therefore, in analyzing poverty, it is important to 

look at other factors than economic growth. The following table 1.1 shows the level 

of poverty incidence in Thailand provinces. 

Table 1.1  

Poverty Incidences in Thailand by Region and by Provinces 2000-2012 
Region and Province (2000) (2002) (2004) (2006) (2008) (2010) (2012) 

Whole Kingdom     42.33     32.44     26.76     21.94     20.43     16.37     12.64  

Bangkok      5.86       6.35       4.07       2.88       2.33       2.25       1.91  

Central Region    28.75     23.42     18.80     12.85     12.83     10.77       6.94  

Kanchanaburi    55.70     53.90     37.34     28.15     19.84     15.27     17.82  

Chanthaburi    44.38     21.47     18.09     10.56     13.36     10.36     13.89  

Chachoengsao    22.68     17.33     14.23     13.97     12.51     12.58       3.10  

Chon Buri    16.73       4.07       7.08       2.77       2.10       2.07       0.08  

Chai Nat    36.05     37.21     26.55     18.58     27.21     16.69     21.80  

Trat    48.73     38.39     37.54     26.78     30.16     26.57     20.60  

Nakhon Nayok    41.99     37.98     28.54     14.72     23.98     22.22     11.96  

Nakhon Pathom      6.24       5.85       4.60       3.51       6.22       7.05       5.28  

Nonthaburi      1.69       3.50       7.57       2.26       0.99       1.33       0.65  

Pathum Thani      7.30       8.42       3.84       2.95       1.54       0.94       0.16  

Prachuap Khiri Khan    47.29     36.96     31.74     17.11     17.65     25.82       7.02  

Prachin Buri    30.67     22.73     20.71       9.66     11.70       7.87       8.02  

Phra Nakhon Si-   

Ayutthaya    12.79     19.68     26.13       6.57       9.67       5.57       3.86  

Phetchaburi    41.91     38.80     34.01     14.33     24.76     12.19       7.97  

Rayong    24.49     23.44     14.69       6.84       4.54       3.58       2.12  

Ratchaburi    19.35     17.82     21.24     21.20     15.99     18.84     16.79  

Lop Buri    40.98     39.97     22.15     19.50     21.41     25.38     12.22  

Samut Prakan      5.74       9.83       2.51       3.64       4.52       1.52       0.88  

Samut Songkhram    13.77     22.14     20.57     25.80     12.77     11.55       2.25  

Samut Sakhon    27.86     10.98       9.54     16.44     14.85       8.98       5.99  

Sa Kaeo    69.50     69.72     68.80     56.26     46.25     40.70     15.25  

Saraburi    31.42     32.18     18.32     11.81     12.25     13.64       4.54  

Sing Buri    31.65     25.04     25.32     20.67     22.15     22.42       8.89  
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Table 1.1 (Continued) 

Region and Province (2000) (2002) (2004) (2006) (2008) (2010) (2012) 

Suphan Buri    68.92     35.06     26.59     19.47     28.58     24.77     24.31  

Ang Thong    35.96     34.86     30.47     20.10     28.01     16.74       9.59  

Northern Region    49.08     41.03     33.29     26.11     29.05     22.33     17.40  

Kamphaeng Phet    24.78       9.74     18.11     11.74     15.55     14.72     14.34  

Chiang Rai    61.71     34.06     31.53     32.83     38.14     25.39     24.58  

Chiang Mai    45.26     38.62     31.03     18.21     15.50       9.27     17.51  

Tak    52.19     62.67     51.67     35.95     39.70     45.87     35.93  

Nakhon Sawan    46.27     33.91     39.35     33.37     37.13     22.10     17.34  

Nan    46.43     56.21     28.94     33.27     31.42     29.16     21.00  

Phayao    53.82     44.88     41.54     27.52     31.73     22.80     16.41  

Phichit    36.61     17.95     23.43     15.32     13.62       5.51       3.89  

Phitsanulok    50.27     35.62     25.38     21.82     26.02     20.07     10.77  

Phetchabun    69.00     57.54     43.90     32.56     35.60     29.36     11.05  

Phrae    54.77     47.21     34.46     24.80     27.18     19.44     19.52  

Mae Hong Son    72.83     56.74     59.47     69.55     70.39     70.39     63.17  

Lampang    48.11     56.55     35.45     24.35     30.73     28.17     17.26  

Lamphun    24.85     26.61     19.63     13.11     15.27     12.53       6.77  

Sukhothai    55.82     53.40     28.79     31.29     35.71     25.75       9.25  

Uttaradit    33.36     33.11     30.22     19.33     32.84     30.69     24.07  

Uthai Thani    53.78     63.06     42.04     26.77     34.70     20.44     13.28  

Northeastern Region    59.28     44.16     38.97     35.32     31.19     25.26     19.79  

Kalasin    51.08     37.31     47.74     40.79     57.00     51.64     39.80  

Khon Kaen    49.11     35.58     25.08     31.89     14.00     16.26     11.05  

Chaiyaphum    62.96     36.26     51.62     42.39     39.63     26.88     16.32  

Nakhon Phanom    67.08     49.42     44.03     36.73     40.82     46.41     35.28  

Nakhon Ratchasima    52.27     35.81     29.34     31.37     23.63     22.20     16.05  

Buri Ram    60.30     56.38     49.26     54.53     42.84     32.82     31.61  

Maha Sarakham    49.32     39.67     35.30     26.40     33.98     22.45     20.32  

Mukdahan    46.10     36.98     37.04     21.05     26.91     17.90     30.80  

Yasothon    70.22     54.00     15.38     32.39     27.07     26.21     23.21  

Roi Et    58.26     43.83     36.17     32.07     31.86     20.55     11.65  

Loei    51.18     37.66     40.08     26.35     27.87     25.83     10.37  

Si Sa Ket    62.13     62.54     45.51     43.19     54.87     55.79     36.07  

Sakon Nakhon    64.87     41.29     48.04     27.60     28.18     28.90     34.25  

Surin    73.75     60.48     51.44     34.15     32.79     17.03     18.42  

Nong Khai    49.19     30.95     19.46     21.47     23.73     14.90       9.44  

Nong Bua Lam Phu    76.50     62.75     53.92     30.78     22.39     19.58     30.18  

Amnat Charoen    64.00     51.10     37.79     31.52     29.86     19.06     22.12  

Udon Thani    81.58     52.14     43.29     27.00     23.32       8.12       9.96  

Ubon Ratchathani    50.16     33.30     39.32     49.29     26.83     21.47     10.44  

Southern Region    41.70     29.20     22.89     19.84     16.77     14.24     13.32  

Krabi    32.52     24.92     26.57     20.27     21.33     13.34       9.93  

Chumphon    26.86     34.18     22.09     14.83     17.07       3.64       3.80  

Trang    30.82     22.51     17.66       8.56     10.66     15.67     11.77  

Nakhon Si Thammarat    53.79     24.87     22.57     17.70     14.86     10.67     10.87  

Narathiwat    73.30     67.61     45.88     66.20     40.13     35.24     42.73  

Pattani    61.71     46.81     49.36     43.38     51.07     54.26     46.80  

Phangnga    33.75     19.83       8.19       1.74       2.05       1.40       6.72  

Phattalung    37.11     30.04     17.86     14.89     19.63     10.73     17.96  
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Table 1.1 (Continued) 
Region and Province (2000) (2002) (2004) (2006) (2008) (2010) (2012) 

Phuket      2.57       1.19       1.89       0.93       0.09       0.60       1.41  

Yala    55.04     47.50     40.79     24.24     29.45     22.63     21.93  

Ranong    44.49     22.38     22.54     13.35     16.55     14.48     19.66  

Songkhla    33.16     18.87     12.63     10.75       7.79       8.20       3.73  

Satun    45.84     36.02     36.38     28.34     10.75     10.93       3.26  

Surat Thani    21.65     16.20       8.20       9.42       3.33       3.84       1.01  

Source: National Statistical Office, NSO (2015)  

It is also noteworthy that poverty incidence in the developing world is more 

prevalent in the rural areas especially among households who are dependent on 

agriculture for their livelihood. One of the reasons that can explain this is the fact 

that agricultural activities are subject to various types of shocks of different natures 

(natural, health, life-cycle, social, economic, political and environmental) that may 

adversely impact the income of rural households. For example, environmental factors 

such as weather variations, limited and uncertain rainfall, floods or pest infestation 

will greatly affect agricultural yields and consequently, the income derived from 

them tend to fluctuate greatly from one season to another.  

Other than the natural environment, other factors also explained these high income 

fluctuations affecting rural households such as unavailability of financial 

intermediation, lack of formal insurance, inadequacy of credit market, and weak 

infrastructure such as limited transportation facilities that led to physical isolation. 

Furthermore, there has been a concern that the degree of potential income 

fluctuations may be exacerbated by recent successful market-oriented policy reforms 

implemented in countries such as India and China as well as the advance of 

globalization (Dercon, 2005a; Kurosaki, 2006). 

The unusually high income variability of rural households due to their exposure to 

risky events is well documented in the literature. Rosenzweig and Binswanger (1993) 
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found that the coefficient of variation in farm household income in the south of India 

is 137, while for white men in the late twenties in the United States the coefficient is 

only 39. In a study using a 10 years panel data for one of the International Crops 

Research Institute for the Semi-Arid Tropics (ICRISAT) villages in India, Townsend 

(1994) found high fluctuations in yields per unit of land for the dominant crops. The 

study shows that the coefficient of variation was 1.01 for castor, 0.70 for paddy and 

0.51 for a sorghum/millet/pea intercrop. In another study, Townsend (1995a) also 

using the ICRISAT data for India, noted that income variability remains high in this 

area. And despite the diversification techniques and other income strategies used, the 

effects have been limited and insufficient. Also in India, Bliss and Stern (1982) 

showed that farmers in Palanpur suffered from decline in yields by 20 percent if the 

onset of production is delayed by two weeks. Similarly, Kinsey, Burger, and 

Gunning (1998) in their study of rural households in a resettlement area in 

Zimbabwe reported a high frequency of harvest failures.  

Furthermore, not only that rural households are subject to risky events, the 

consequences of such events are extremely severe to them due to their relatively 

small margin for survival. Those households who are not poor may become poor in 

case of sudden and unanticipated fall in their income. On the other hand, those 

households who are already poor may find themselves worse off, with severe 

problems including malnutrition, disease, starvation, and death. Therefore, it is not 

farfetched to assume that it is this exposure to shocks associated with agricultural 

activities that partly explain why despite the economic growth experienced by the 

developing countries, poverty incidence especially among the rural and agricultural 

dependent households remain relatively high. 
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In discussing the issue of risk and its relationship with poverty, another notion that 

arises is vulnerability. As can be seen from the discussion above, the analysis of 

poverty issue is not complete if it is only focused on those who are already defined as 

poor. Any serious discussion or study on poverty should also include those who are 

yet to be considered as poor but are vulnerable to become one because of the risks 

that they are exposed to.   

Vulnerability is a dynamic concept that refers to the variation in the welfare or 

poverty status over a period of time which is not only as a result of fluctuation in the 

levels of living conditions but also in the level of resilience of members of 

households against co-variant as well as idiosyncratic shocks (Gaiha, Imai, & Kang, 

2007). Nonetheless, it can be said that exposure to shocks may not in all cases lead to 

poverty. It should also be noted that all households who encounter shock or crisis do 

not necessarily become vulnerable to enter into the poverty trap since some of them 

may have prepared to face it. In other words, there are some households who can 

cope better with shocks than others thus preventing their livelihood from becoming 

affected by the occurrence of the risks. To put it differently, risk management (or risk 

coping) strategies and their effectiveness are another factor that need to be 

considered in discussing the issue of poverty and vulnerability.  

It should be noted that coping with a shock can occur in two stages. In the literature, 

authors distinguish between ex-ante and ex-post risk management strategies. Ex-ante 

risk management refers to steps taken by households to protect themselves from 

adverse income shocks before they take place. This can be done by choosing safer 

but also less profitable production choices and diversifying income-generating 

activities. For example, they can choose to diversify their crops, their plot and their 

source of income. In this way, households smooth their income. Households can also 
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choose to insulate their consumption from income fluctuation through ex-post risk 

management strategies. This can be achieved by employing formal insurance 

arrangements such as by borrowing from banks, purchasing insurance or by relying 

on informal insurance arrangements such as selling and accumulating assets, savings, 

informal lending and borrowing from friends, relatives, neighbors, money lenders, 

etc (Holzmann & Jorgensen, 1999). These mechanisms are ex-post as they take place 

after the occurrence of the shocks. Therefore, depending on the circumstances that 

they are faced with, households may choose to opt for an ex-ante or an ex-post 

strategy. 

The choice of risk management strategies also depends on household characteristics 

and these include the diversity of sources of income of households, stability of 

sources of household income, assets of the household, and the level of education of 

the head of household (Rashid, Langworthy, & Aradhyula, 2006). For instance, in 

case of loss of households’ agricultural income, such loss is compensated by 

borrowing, off-farm or non-farm employment, and sales of asset (Kochar, 1999; 

Newhouse, 2005; Kijima, Matsumoto, & Yamano, 2006). A study on flood and 

health shocks of Amazonian peasant households in Peru found that coping responses 

are influenced by local environmental endowments and household asset holdings 

(Takasaki, Barham, & Coomes, 2006). In particular, it was found that labour 

adjustment played a dominant role as a coping activity to face crop losses from 

flood, and losses from fishing (Takasaki et al., 2010). Some households whose assets 

are large may possibly sell their accumulated assets or even use their savings to deal 

with the income loss. On the other hand, poor households may rather not dispose 

their assets, use their savings or borrow but engage in work off-farm to compensate 

for the income loss (Berloffa & Modena, 2009; Hoddinott, 2006). Heltberg and Lund 
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(2009), and Dercon (2007) also found that disposition of savings and assets, 

diversifying income especially from off-farm employment and informal credit help 

households to cope with income shortfalls as a consequence of shocks.  

The types of shocks also have a bearing on the choice of risks management strategies 

adopted by households.  Shocks can be covariate in the sense that they correlated 

among individuals living within the same locality. This is the case of floods or 

droughts. Shocks can also be idiosyncratic which means that they are uncorrelated 

and affect only individual households for examples an accident or an illness. Shocks 

can be human-induced (e.g., economic shocks) or natural (e.g., natural disasters). 

Shocks can also be of high frequency but with low social and economic impact (i.e., 

non-catastrophic) or of low frequency but with high social and economic impact 

(i.e., catastrophic shocks) (Maleika & Kuriakose, 2008). As such, depending on the 

types of shocks, households may need to employ different strategies. 

On the side of government, Thailand government has established a contributory 

social security system in 1971, and gradually expanded it over the years to cover all 

establishments with at least one worker. Employees, employers, and government 

each make contributions based on a percentage of the employee’s income. The 

benefits include sickness, disability, maternity, death benefits, allowances for two 

children, a pension and unemployment benefit (see Table 1.2). Sickness and injury at 

work are covered by a separate Workers’ Compensation Fund, to which only 

employers contribute.  

Prior to 2002, the Social Security Act only applied to private enterprises that employ 

at least ten workers. As such, the obligatory social insurance system does not cover 

most of the employees in the private sector who mostly work in very small and micro 
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enterprises. In 2002, the coverage of the Social Security Act was extended to include 

micro enterprises, which employ 10 employees or less. However, despite the 

extension, approximately only 20 percent of private employees have decided to join 

the obligatory system. It is noteworthy that in the construction sector, the problem of 

low coverage of the system is especially acute.  There is also a special scheme in the 

social insurance system in Thailand which is known as the unemployment insurance 

(UI) benefit that caters to those who are seasonally unemployed.  

By 2008, 9.3 million people were covered by the social security plan and another 1.4 

million by similar arrangements for government officials (Social Security Office 

(SSO), 2009b). The Thai government has also recently introduced a universal health 

care program to increase access to healthcare especially among the poor.   

A substantial amount of funds has been allocated in order to finance the social 

security program. For example, in the area of health, general government expenditure 

has been continuously increasing since 2001, and in 2008, the total number 

expenditure was reported to be 247.7 billion Baht. This amount was 76 percent 

higher than the amount spent in 2002 in real term (Ministry of Public Health, 2011). 

Similarly, in 2011, the new government has approved a budget of 52 million Baht to 

provide assistance to the elderly. With this new program, beginning from the fiscal 

year of 2012 onwards, the elderly aged between 60-69 years old will receive a 

monthly allowance of 600 Baht, while those between 70-79 years old and above 90 

years old will receive 800 Baht and 1000 Baht, respectively (Schmitt, Sakunphanit, 

& Prasitsiriphol, 2013). In the case of the UI, at the beginning, when the 

unemployment insurance benefit was first mooted in 2004, only 50,318 people 

benefited from the scheme. But when insured persons have learnt about the system, 

the number of beneficiaries has suddenly accelerated. In 2005, there is an increase of 
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more than 340 percent in the number of beneficiaries to reach more than 220 

thousand people. This drastic increase is worrisome as it could cause a large drain on 

the UI fund in the future. 

Table 1.2 

Current Social Security Benefits in Thailand 

Current Social Security Benefits 

Sickness or Injuries: free medical treatment at registered hospital, cash benefits in 

case of medical leave. 

Maternity Benefit: cash benefit and lump sum payment for child delivery. 

Invalidity Benefit: free medical treatment and cash benefit. 

Death Benefit: funeral grant and survivors allowance. 

Child Allowance: monthly allowance paid for the first two children of the insured 

under 6 years old. 

Old Age Benefit: lump sum payment and pension. 

Unemployment Benefit: allowance of 50 percent of wages but not more than 7500 

Baht for not more than 180 days (temporarily extended to 8 months in 2009 to 

mitigate the impact of the economic crisis) within one year. 

Source: Social Security Office, SSO (2009a) 

As we can see, Thailand has in place a functioning and relatively extensive social 

security program. However, further analysis of the current social security systems of 

Thailand shows that there are still several policy issues that need further 

improvement. One particular area that requires further improvement is in term of its 

coverage. As it is, the current system only benefits those employed in the formal 

sector and therefore excludes those working in the informal sector. In Thailand, the 
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size of the informal sector is quite large employing 57.6 percent of the workforce in 

2014 (NSO, 2014).  

The size is even larger in the rural areas and among those employed in the 

agricultural sector. As such, while the extension in current social security system has 

reduced risks for those in the formal sector, those in the informal sector remain 

largely unprotected. The current system is also found to be lacking in term of the 

risks that are covered. For example, income support at old age benefited only a small 

group of Thai labor, which comprises of employees in the government sector, in the 

state enterprise as well as certain private employees. However, these groups only 

account for one-third of the total labor force. The security of workers without old age 

income security is therefore at stake and there is a high risk that they might fall into 

poverty.  

It can be concluded from the above discussion that for various reasons, poverty 

incidence among rural households in the developing world is still particularly high. 

Furthermore, there is also a dynamic dimension to the issue that needs to be taken 

into consideration as non-poor rural households are also exposed to the risk of falling 

into poverty. This is due notably to their heavy reliance on agricultural activities as 

their major source of income. Increasing environmental and ecological hazards with 

adverse effect on crops and health, coupled with occurrences of economic and 

financial crises, all these have led to large fluctuations in the prices of agricultural 

products. This in turn led to huge instabilities in the income of households dependent 

on agricultural activities. In other words, the livelihood of households is 

continuously exposed to insecurity and instability making them vulnerable to become 

poor if they are not readily one. However, the extent to which such risky events will 

negatively impact the livelihood of the affected households will depend on how the 
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latter manage or cope with the shocks which in turn will depend on a host of 

circumstantial factors. 

As mentioned earlier, the concept of “vulnerability to poverty” has attracted the 

attention of development economists during the last two decades as witnessed by the 

increasing number of studies on the issue that emerged in the literature. Furthermore, 

economists have now turned to this concept as an important social indicator or 

measure of individual well-being. It also provides a way to capture the negative 

welfare effects of exposures to downside risks. As such, the classical concepts of 

poverty whether in term of income or in term of consumption has been extended into 

two directions: first, by considering a more holistic view that captures the various 

facets of overall well-being and, second, by adopting a forward-looking approach so 

that the elements of risks and shocks that translates into the dynamics movement into 

and out of poverty can be captured.  

Another main implication from the discussion above is the fact that it is impossible 

to develop sustainable poverty reduction programme without incorporating some 

kind of mechanisms which may assist household to cope with risks or shocks. 

Poverty eradication programmes that do not take into account the issue of risk 

management will probably result in temporary decline in poverty incidence but will 

not solve the issue completely as the root of the problem is not tackled. Therefore, by 

taking a more holistic and dynamic view of poverty particularly from the dimension 

of exposure to shocks and its management will provide us with a tool to assess the 

effectiveness of existing poverty eradication programs. 
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1.2 Problem Statement  

In Thailand, despite the high rates of economic growth experienced over the past few 

years, households in the rural area still faces high risk of falling into poverty in the 

future due to external shocks (Asian Development Bank (ADB), 2008; United 

Nations Development Programme (UNDP), 2008). During the last decades, the 

percentage of Thailand's poor population has been reduced by more than half, i.e., 

from 32.6 percent in 2002 to 13.2 percent in 2011. However, during the same period, 

the proportion of poor households in rural areas rose to 16.7 percent (NSO, 2013)
1
.  

There are various factors that have led to the uneven growth, poverty and backward 

condition found in the rural area of Thailand. One of them is the fact that the rural 

communities were left behind economically as they lack the linkages to the urban 

system and the outside world that are necessary for economic development (National 

Economic and Social Development Board (NESDB), 2006). It can also be explained 

by the way rural development policies in general and agriculture policies in 

particular, are implemented in this country. In Thailand, these policies are mostly 

decided at the top and implemented in a prescriptive manner. As a result, they do not 

generally correspond to what are needed by the local communities in term of 

development. For example, when the government introduced modern production 

technologies to poor farmers in a bid to increase their productivities, it has led to 

higher levels of debt being contracted by rural households because of the high risk 

factor attached to these technologies. As a consequence, some farmers especially the 

                                                           
1
 In Thailand, poverty incidence is measured at the household level by comparing per 

capita household income against poverty line, which is the income level that is 

considered sufficient for an individual to enjoy the society’s minimum standards of 

living. In 2012, poverty line for the whole kingdom in Thailand was set as 2,492 

Baht per capita per month which is a small rise from the previous year (NSO, 2013). 

An individual is classified as poor, if his or her income is below the poverty line 

(NESDB, 2005). 
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marginalized ones have lost their farm-lands as they are not able to repay their debts 

(NESDB, 2006).   

This urban-rural divide also explains the disparity observed in term of poverty 

incidence as well as economic development among the various provinces in 

Thailand. In 2012, the average poverty incidence level for Thailand is 12.64 percent 

(Table 1.1 above). However, the poverty incidence level seems to vary considerably 

from one province to another. Provinces that are considered as rural
2
 usually 

recorded much higher level of poverty incidence than the national average. For 

example, Mae Hong Son, a rural mountainous province located near the border with 

Myanmar has the highest level of poverty incidence with a level of 63.2 percent. 

Other provinces that have relatively higher level of poverty incidence are also “rural” 

provinces namely Pattani (46.8 percent), Narathiwat (42.7 percent), Tak (35.9 

percent), Si Sa Ket (36.1 percent) and Nakhon Phanom (35.3 percent). On the other 

hand, the more urban provinces such as Bangkok, Chon Buri, Nonthaburi, Pathum 

Thani and Surat Thani seem to have very lower level of poverty incidence. 

It is interesting to note that in the case of Pattani province, not only its level of 

poverty incidence is the second highest in the whole of Thailand, it is also 

particularly high as compared to other neighboring provinces in the Southern Region. 

On average, the poverty incidence level in the Southern Region stood at 13.32 

percent in 2012 which is not far than the national average of 12.64 percent. 

Furthermore, most of the provinces in this region recorded a poverty incidence level 

                                                           
2
 The rural area is defined as all villages situated outside the urbanized enclosures of 

sanitary (suka-piban) and municipal (tesa-ban) districts (Thailand Development 

Research Institution (TDRI), 1996). People are classified as living in an urban area if 

the households are registered under local municipality administration (Flood, 2000). 

 



15 
 

far below the national average. It is only the provinces of Pattani and Narathiwat and 

to a certain extent, Yala which have particularly high level of poverty incidence. It is 

also interesting to note that Narathiwat used to be poorest province not only in the 

region but in the whole Thailand in 2000 with a poverty incidence of more than 70 

percent. However, recent years have seen poverty incidence improving better and 

faster in Narathiwat as compared to Pattani. In the case of Yala whose poverty level 

used to be almost at par with Pattani, the situation has improved even better with 

poverty incidence decreasing from more than 50 percent in 2000 to 21.9 percent in 

2012.  

Nevertheless, there has been a notable improvement in the performance of the three 

provinces’ economy during the last few decades. For example, between 1983 and 

2003, the average income per capita of Pattani has increased from 9,340 Baht to 

57,621 Baht. During the same period, the average income per capita of Narathiwat 

and Yala has grown from 10,340 Baht and 14,987 Baht to 38,553 Baht and 52,737 

Baht, respectively (Jitpiromsri & Sobhonvasu, 2006). In addition, in 2009, the 

average income per capita of Pattani grew to 58,092 Baht, whilst that of Narathiwat 

and Yala also grew to 63,180 Baht and 81,736 Baht, respectively (NESDB, 2011). 

However, despite these sharp increases in per capita income, the border provinces 

remain as the provinces with the lowest average income in the south of Thailand 

compared to that in other provinces in Southern Region with Pattani being at the 

lowest level. 

As can be seen in Table 1.1 above, to a certain extent the government of Thailand 

has managed to reduce the problem of poverty affecting the country. The poverty 

incidence has decreased considerably from more than 40 percent in 2000 to 12.64 

percent in 2012. The improvement in the poverty issue, though not equally 
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distributed across the whole country as discussed above, is mostly due to the various 

measures introduced by the government of Thailand. Most of these programs did 

take into account the fact that rural areas are particularly affected by the poverty 

issue and therefore, they were specifically aimed towards the population living in 

this area. Among the measures implemented are the one-district-one-product 

program, debt suspension for farmers, village and community fund, improved 

capacity in sustainable agriculture, financial support of 500 Baht
3
 per month for the 

elderly, the 30-Baht Health Care Programme and bank of the poor.  

Moreover, the Thai government has also included in its Ninth National Economic 

and Social Development Plan (2002-2006) the eradication of poverty as one of its 

main agenda. For that purpose, it has set four main objectives namely the 

strengthening of the poor-dependent economic sector, increasing the potential of the 

poor, attacking poverty and inequality, and strengthening the participation process. 

In ensuring the effectiveness of the plan, the implementation process involves 

various agencies such as the Department of Social Development and Welfare, 

Ministry of Social Development and Human Security, The United Nations Office for 

Disaster Risk Reduction (UNISDR’s Asia Pacific Office) and Department of 

Disaster Prevention and Mitigation, Ministry of Interior in Thailand.  

Other than poverty itself, our discussion above pointed to the importance of the 

concept of vulnerability and how it can exacerbate the issue of poverty. Vulnerability 

to poverty however requires different set of policies or measures than the ones 

normally used in tackling the issue of poverty and one of them is by having an 

extensive social security program. Indeed it can be argued that vulnerability to 

                                                           
3
 10 Thai Baht= 1 RM (Ringgit Malaysia); 33 Thai Baht =1 US$. 
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poverty can be mitigated if the country in question has a proper social security 

system on which the population can rely on in case of a problem or a crisis.  

While it is not expected that the Thai government introduces a system that is of 

similar scale to the one available in the developed countries, the gaps found in the 

current system highlights the facts that households in Thailand may be vulnerable of 

falling into poverty trap when they are faced with a risk or a shock. And as our 

discussion shows that the poverty incidence level seems to differ significantly across 

provinces, it is interesting to analyze to what extent these differences may be further 

exacerbated once the concept of vulnerability is brought into the equation.  

The case of Pattani is particularly interesting not only because of its relatively high 

level of poverty incidence both regionally and nationally, but also because of its 

particular social and political construct. Poverty and the economic and social 

problems that ensue have been cited as one of the main factors behind the 

disturbance in the three southernmost provinces of Thailand including Pattani. Over 

the past few years, this region of Thailand has experienced a series of violence due to 

the insurgency mounted by the Muslim separatist against the Thai government. It is 

reported that more than 50,000 people have been killed and many more injured 

because of the insurgency. This state of continuous violence has affected the 

livelihood of the local population socially and economically. However, this study 

will not be limited to shocks emanated from the insurgency and will also take into 

consideration other type of shocks that may be faced by the households in Pattani. 

Therefore, even though poverty is already considered as a big issue in Pattani, one 

may wonder whether it will become a bigger issue once the concept of risk and 

vulnerability are taken into consideration.  
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1.3 Research Questions  

The research aims to answer the following questions: 

(1) What are the main types of shocks/risks households in the rural areas in 

Pattani province are exposed to? 

(2) What types of strategy are adopted by households in the rural areas in Pattani  

province in coping with and in managing the shocks/risks? 

(3) To what extent, the exposure to these shocks/risks affects the livelihood of 

households in the rural areas in Pattani province? 

(4) How vulnerable are the households in the rural areas in Pattani province to 

poverty? 

(5) Does exposure to these shocks/risks affect the level of vulnerability to 

poverty of households in the rural areas in Pattani province? 

1.4 Objective of the Study  

The objective of this study can be divided into general and specific objectives. 

1.4.1 General Objective 

The general objective of this study is to investigate the vulnerability to poverty of 

rural households in Pattani province, Thailand. 

1.4.2 Specific Objective 

(1) To examine the exposure to shocks/risks of households in the rural area in 

Pattani province. 

(2) To identify the strategies adopted by households in the rural areas in Pattani 

province in coping with and in managing the shocks/risks. 
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(3) To examine the effects of the exposure to shocks/risks on the livelihood of 

households in the rural areas in Pattani province.  

(4) To measure the vulnerability to poverty level of households in   

 the rural areas in Pattani province.  

(5) To examine the impact of exposure to shocks/risks on the level of 

vulnerability to poverty of households in the rural areas in Pattani province. 

1.5 Significant of the Study  

Poverty is universally an unpleasant situation. Poverty implies that a household does 

not have sufficient food, income and other crucial and basic inputs for it to maintain 

an acceptable standard of living. Poverty also relates to vulnerability to shocks that 

negatively affect the livelihood and to the inability of affected households to manage 

and recover from these shocks.  

From the micro level perspective, every household attempts to escape from the 

poverty status, but unfortunately not all households can be successful in their quest to 

escape from the poverty trap. From the macro level perspective, every government 

tries to eradicate the incidence of poverty by using different policies such as 

development projects, distribution of budget, and providing assistances to the 

targeted area or population.  

In the case of Thailand, poverty remains as one of the persistent social issues 

plaguing its population. Consequently, the Thai government has continuously 

formulated and implemented programs and strategies to eradicate poverty and to help 

the poor to sustain their livelihood. This study by focusing on the exposure to shocks 

and its relationship with vulnerability to poverty of households in Pattani province 

aims to build new ideas and insights in tackling the issue of poverty in this country.  



20 
 

Although several studies have been conducted to examine the issues of poverty in 

Thailand, however, the link between poverty and vulnerability has been relatively 

under investigated
4
. The studies on poverty in Thailand were mostly focused on the 

following issues namely the measurement of poverty, the determinants of poverty 

incidence, the effectiveness of poverty alleviations programs and the relationship 

between poverty and inequality. Furthermore, it is noteworthy that in the literature, 

very few studies have examined the issue of poverty in the Southern Region of 

Thailand
5
. This can be explained by the fact that on average, poverty prevalence is 

relatively lower in the Southern Region as compared to the Northern and 

Northeastern Regions. As such the majority of studies on poverty in Thailand are 

mostly focused on these two regions. And among the few studies that used the 

Southern Region as its case study, none of them have looked at the issue of poverty 

from a dynamic perspective by incorporating the concept of vulnerability.  

On another note, there have been only few studies that examine the issue of risks and 

its relationship to vulnerability and poverty and none of them has examined the issue 

within the context of Pattani province. For example, Rungruxsirivorn (2007) 

examined the nature of shocks that is faced by households in Thailand. The study 

also looked at the strategies adopted by these households in order to cope with the 

adverse effect of these shocks. The study found that the most prevalent source of 

income shortfalls is the price shocks. Another study is conducted by 

Tongruksawattana, Waibel and Schmidt (2010) who examined the relationship 

between shocks type and coping decisions of rural households in Thailand. They 

                                                           
4
 See for example Sricharoen and Buchenrieder (2005), Thuvachote (2011), Kurita 

and Kurosaki (2011), Suwannarat (2011), Yanya (2012) and Vora-Sittha (2012) on 

the discussion on poverty and related issues in Thailand. 
5
 Among the studies that examined the issue of poverty in South Thailand are  

Jitpiromsri and Sobhonvasu (2006) and Taneerasanon (2014). 
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found that a large share of rural households has experienced different types of shocks 

mainly related to ecological but also from other economic, demographic and social 

factors. More recently, Klasen and Waibel (2015) investigated the issue of 

vulnerability to poverty by using Thailand and Vietnam as case studies. They found 

that vulnerability in Thailand increased during 2007-2008 while it decreased in 

Vietnam. It also shows that in Thailand income richer Thai households seem to be 

more exposed to downside risks
6
. 

As can be seen from these studies, risks are indeed a fact of life in Thailand 

especially in rural Thailand, which partly explains the high prevalence of poverty in 

this area. The study of risks as well as the strategies employed to manage or cope 

with the shocks is thus very important as it provides another dimension in 

understanding the problem of poverty. In this study, it is hoped that new information 

will emerge regarding current status of shocks of various kind that households in 

Thailand in general and in Pattani in particular, are facing. In addition, by 

understanding more insights into the ways households manage and cope with their 

shocks, and how effective is the strategies employed, the government can be guided 

to implement a social insurance scheme that is capable of complementing and 

improving the effectiveness of the existing strategies. These mechanisms would then 

help to protect households more efficiently from negative shocks. The findings of the 

study also helps in identifying those who are more likely to be exposed to shocks as 

well as those who are more likely to be affected by the exposure.  As such, a more 

                                                           
6
 Other studies on vulnerability in Thailand include Lohmann and Liefner (2009), 

Hardeweg, Wagener, and Waibel (2009), Klasen Lechtenfeld, and Povel (2011), 

Sricharoen (2011), Phung, Hardeweg, Praneetvatakul, and Waibel (2015), and Povel 

(2015). 
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targeted preventive measures and programs could be implemented in mitigating the 

risk factors of this group of individuals. 

In conclusion, it is hoped that the results of this study would be useful to policy 

makers as a guide in implementing a more effective and forward looking poverty 

eradication programs through the understanding of the concept of vulnerability and 

how it affects the dynamics of poverty incidence in rural Thailand. It is important to 

note that vulnerability is derived from various factors, which include exposure to 

shocks or risks and an inability to manage them because of inadequate assets or 

inexistence of social protection mechanisms. Therefore, in order to reduce 

vulnerability, it is crucial to first have a good understanding of the types of shocks 

that households are exposed to, the potential outcomes generated because of the 

exposure to the risks/shocks, and the types of means and trade-offs that are most 

efficient to manage these risks/shocks.    

1.6 Scope of the Study  

This study aims to examine the relationship among risk/shocks, risk management 

strategies and vulnerability to poverty of households in Pattani province during the 

period of 2012. The study uses primary data obtained from a survey conducted in 

2013 on a sample of rural households in Pattani province. The study characterized 

the shocks that households face, how the households managed them with a specific 

focus on the role of risk management/coping strategies and how they affected their 

livelihood. As this study has a more dynamic and forward looking view on poverty, 

both poor and non-poor households are covered in the sample. 
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1.7 Organization of the Study  

This study consists of five chapters, which are organized as follow: the first chapter 

provides detail on the background of the study, problem statement, research 

questions, objective of the study, significance of the study, scope of the study and 

organization of the study. Chapter two reviews all the major literature related to this 

study that include theoretical and empirical studies on vulnerability, risk and risk 

management strategies. In chapter three, the methodology and data used for the study 

are discussed. Chapter four presents the findings of the study and data analysis. 

Finally chapter five concludes. 

1.8 Conclusion  

In this chapter, I have discussed the direction and scope of the research. This study 

attempts to explain the relationship among vulnerability, risk and risk management 

of rural households in Pattani province. Understanding the types of shocks which 

influence vulnerability as well as the choice of strategies in order to handle with the 

negative shocks that they are facing is crucial as it provides further insights on the 

issues of vulnerability and poverty. Furthermore, poverty reduction strategies also 

need to consider a broader target group, not only the currently poor but also those at 

risk of being poor in the future. 
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CHAPTER TWO 

 LITERATURE REVIEW 

2.0 Introduction 

In this chapter, attempt is made to analyse the issues concerning risk and 

vulnerability in the rural areas of Thailand. The two concepts are explained in order 

to understand them better and to know how they are linked to poverty. It is also 

important to understand what do risk management strategies entail and their impacts 

on vulnerability and poverty. Therefore, in this literature review, we discussed in a 

more detailed manner the concepts of risks, vulnerability and risk management 

strategies and how the three are interrelated. This is then followed by a review of the 

empirical literature on these issues. 

2.1 Risk, Vulnerability and Risk Management Strategies 

2.1.1 The Concept of Risk 

One of the essential components of the concept of vulnerability to poverty is risk. 

The term ‘risk’ refers to event that is potentially dangerous, such that it occurrence 

can possibly lead to a loss in the welfare of individual household. Meanwhile, an 

actual occurrence of a risk is called a “shock”. If households are defenceless when 

faced with a risk, it can easily ruin them and drive them into poverty (Chaudhuri et 

al., 2002; Dercon, 2002; Harrower & Hoddinott, 2004). As a whole, exposure to risk 

relates to emergence and transmission of risks and it seeks to explain how these risks 

are experienced and managed by the households (Rigg & Salamanca, 2009).  
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According to Hardaker (2000) there are three main elements in the concept of risk 

which are the variability of outcomes, the uncertainty of outcomes, and the chance of 

a bad outcome. 

Holton (2004) pointed out that risk is exposure to uncertainty about an outcome of 

event. It refers to a self-aware condition of individuals, humans and animals.  

However, governments, organization and companies are not self-aware, they are 

incapable of being at risk. Siegel and Alwang (1999) argued that the term “risk” 

refers to event and outcome that are not certain (i.e., stochastic) with known or 

unknown probability distributions. 

One of the main characteristics of risk is the probability distribution of uncertain 

events that underlies it. Risk can be characterised by their correlation between 

individuals, households or regions by their level of severity, as well as by their 

frequency and timing. All of these can have an adverse impact on the vulnerability of 

households. In other words, risks can have significant negative effects on the well- 

being of households. Table 2.1 provides the list of major categories of risks faced by 

household including natural risks, health risks, economic risks, life-cycle risks, social 

risks, political risks, and environmental risks. 

One way of characterizing risk is by looking at the degree it is correlated among 

individuals, households, communities or regions. Some types of risks are not 

correlated among individuals, households, communities or regions. They only have 

an effect on particular individuals or households such as business failure, family 

break-up or death of a breadwinner. These categories of risks are known as 

idiosyncratic risks.  
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Table 2.1 

Example of Risk by Categories 

Categories of risks Examples of risk 

Natural risks  

 

Floods, typhoons, earthquakes, droughts, volcanic 

eruptions, hurricanes, landslides. 

Health risks  Accidents, injury, illness, disability, famines, epidemics. 

Life cycle risks Death, old-age, family break-up, maternity, birth. 

Social risks  Terrorism, gangsterism, crime, riots, social upheaval, civil 

war. 

Economic risks  

 

Loss of jobs, harvest destruction, resettlement, bankruptcy 

or business failure, currency crisis, banking and financial 

crisis, balance of payment shock, terms of trade shock. 

Political risks  Manifestations, discrimination, riots. 

Environmental risks  Nuclear disaster, air and water pollution, land degradation, 

deforestation. 

Source: Holzmann and Jorgensen (2000) 

On the other hand, there are shocks or risks whose occurrence affects some 

households, community (e.g., typhoons or droughts), the entire nation (e.g., financial 

crisis) or even many nations (e.g. tsunami or economic crisis) at the same time. This 

type of risks is termed covariate risks, because they affect many people 

simultaneously. In other words, the risks are correlated among individuals and 

regions. Based on the extent of correlation of these risks, we can determine whether a 

shock is regionally covariate, nationally covariate and internationally covariate. For 

an instance, job loss can be considered as an idiosyncratic event since it affects one 

particular individual. Nevertheless, if a major macroeconomic crisis is the cause of 

the job loss, it may be affecting most workers in a specific region, and thus can be 
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considered as a covariate risk consequently, it may not be as obvious to determine 

whether a shock is idiosyncratic or covariate as it depends on its underlying sources 

and impacts (World Bank, 2000). 

Another main characteristic of a risk is its severity which refers to the negative 

impact that it does have on welfare of a household. In other words, it relates to the 

expected loss of welfare due to the occurrence of the risk. Not all risk is severe and 

lead to an adverse impact on households. A shock can either lead to a catastrophic or 

a non-catastrophic outcome. When the outcome is catastrophic, it would push a 

household below and maybe deeper below the poverty line. However, a non-

catastrophic shock would not lead to such consequences (Heitzmann, Canagarajah, & 

Siegel, 2002).  

However, the severity of a shock depends on different factors other than the shock 

itself. Among others it is function of the household’s asset base, instruments 

employed and its availability to deal with a risk. For instance, if the breadwinner 

dies, the welfare effect will be less consequential for a household with relatively high 

level of savings, ample insurance protection and liquid asset as compared to another 

household with a low savings, no insurance and for which, the deceased breadwinner 

was the only person bringing in income to the household. Whilst one household 

might be experiencing a catastrophic shock, the same event might not necessarily be 

considered as catastrophic for the other household.  

Vulnerability is another concept very related to risk. As explained earlier, not all 

individuals suffer from being exposed to risks. But there are also those who are more 

vulnerable when faced with risks and who can have their welfare diminished because 

of risks. We will now discuss the concept of vulnerability.  
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2.1.2 The Concept of Vulnerability 

Vulnerability can be defined in various ways. Chaudhuri et al. (2002) defined 

vulnerability as the probability in the near future that a household’s consumption will 

be below the poverty line due to various factors such as lack of precautionary assets. 

The authors proposed the mean and the variance of future consumption as a measure 

of vulnerability. 

Holzmann (2003) provided two definitions of vulnerability. According to him, 

vulnerability can be defined broadly as “the condition of being at risk of any 

potentially harmful event” (Holzmann, 2003). In this sense, vulnerability is viewed 

as something that should be avoided. Form a narrower point of view, vulnerability is 

associated with poverty (i.e. vulnerability to poverty) which refers to “the possibility 

of becoming or remaining materially poor in the future”. 

Another definition of vulnerability is provided by Chambers (1989) according to 

whom there are two sides of the concept. First, there is an external side of it which 

means that a household is subject to an external risks, shocks or stress. Second, there 

is an internal side of the concept which refers to the state of being defenceless 

against the risks, shocks or stress. In other words, the households are lacking of 

means in order to cope with the risks, shocks or stress which resulted in the 

households suffering from damaging loss. There are various forms of loss that can 

take place such as being or becoming physically and psychologically weaker, 

socially dependent, economically impoverished or psychologically humiliated or 

harmed.  

As for Watts and Bohle (1993), their definition of the “space of vulnerability” also 

includes an external and internal side of vulnerability. For them, the exposure to risk 



29 
 

or to hazards is the external side of vulnerability. While the more complex internal 

side of vulnerability refers to the capacity to cope with risk (i.e. the risk of 

inadequate capacity to mobilize resources to deal with hazards) and potentiality or 

the severity of the risk (i.e. the risk of severe consequences). 

Other definitions of vulnerability are the ones provided by Clark et al. (2000) 

according to whom, vulnerability is “... the risk of adverse outcomes to receptors or 

exposure units (human groups, ecosystems and communities) in the face of relevant 

changes in climate, other environmental variables and social conditions” (Clark et 

al., 2000, p.1) or the ones by UNDP (2004) which defined vulnerability as “a human 

condition or process resulting from physical, social, economic and environmental 

factors, which determine the likelihood and scale of damage from the impact of a 

given hazard” (UNDP, 2004, p.98). 

The concept of vulnerability can be applied to different levels or systems. It can be 

used to view organizations, agricultural communities, towns or countries. And no 

matter the level or system of analysing the issue, the main point is that individuals 

and households differ in their levels of vulnerability to hazards (Wisner, 1993).  

Based on the definitions above, we can deduce several general principles that are 

related to the concept vulnerability. First, vulnerability is a concept that is forward-

looking and it is characterised by a probability of experiencing some kind of future 

loss relative to some benchmark of welfare. Second, vulnerability is caused by 

uncertain events and a household can be considered as vulnerable to future loss of 

welfare. Third, the characteristics of the risk and the capability of household to cope 

with or to manage the risk using various types of consumption or income smoothing 

mechanisms determine the degree of vulnerability of the household. Fourth, there is a 
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time horizon in the concept of vulnerability which means that a household can be 

vulnerable to risks tomorrow or next week or next year. Furthermore, the response of 

household to risk also takes place over time. And finally, the main explanation of 

why the poor and near-poor are vulnerable is not only because of their exposure to 

risks but also because of their limited access to assets and limited abilities to respond 

to the risk (Alwang, Siegel, & Jorgensen, 2001). As can be seen above, vulnerability 

is related to a sense of insecurity or of potential harm that may lead to something bad 

and ruinous that households or individuals must be careful of. As it is put by Dercon 

(2006) vulnerability is “the existence and the extent of a threat of poverty and 

destitution; the danger that a socially unacceptable level of well-being may 

materialize.” (Dercon, 2006, p.2). 

However, in the literature, we can witness recently a surge of interest among 

development economists to measure vulnerability in developing countries. And this 

has led to the emphasis on the need for poverty eradication policies to be specifically 

designed to incorporate the issue of vulnerability (see for example Chaudhuri, Jalan, 

& Suryahadi, 2002; Hoddinott & Quisumbing, 2003; Gaiha & Imai, 2004; Dercon, 

2005c; Ligon, 2005; Gaiha & Imai, 2006 or Ligon & Schechter, 2003). The next 

section discusses how to measure vulnerability to poverty. 

2.1.3 Measuring Vulnerability 

Measuring vulnerability is not an easy task. According to the World Bank  

(2000), it is impossible to measure the probability of falling into poverty tomorrow. 

However, it is possible to analyse the dynamics of income and consumption 

dynamics and to use their variability as proxies for measuring vulnerability. Foster 
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Greer, and Thorbecke (1984) stated that no consensus has yet to emerge regarding 

what would be the most appropriate way to measure vulnerability. 

There are several ways that have been used in order to measure vulnerability. For 

example, Calvo and Dercon (2005) refer to vulnerability to be expected deprivation 

by employing what is known as Calvo-Dercon measures that depends on the 

probabilities of negative future event as well as their severity.  

Meanwhile, Hoddinott and Quisumbing (2003) proposed the use of several indexes. 

According to the authors, there are three main indexes that are related to 

vulnerability. First is the index of expected poverty (VEP) which measures the 

probability for a household to fall below the poverty line income. Second is the index 

of expected utility (VEU) which measured vulnerability by using household’s low 

expected utility. The method is first proposed by Ligon and Schechter in 2003. This 

index measures the distance between two types of utility that can be achieved. The 

first utility is the one that would be achieved by household when he/she receives a 

certain level of consumption with certainty. The second one is the expected utility 

related to an uncertain prospect.  Both of these two approaches of vulnerability (VEP 

and VEU) used household consumption and examined how it is determined by 

individual characteristics and to what extent it is exposed to covariate or 

idiosyncratic risk factors. The idea behind is to construct what is termed as an 

appropriate probability distribution of consumption (Sarris & Karfakis, 2010). 

Finally, we have the VER that measures the cost with respect to consumption due to 

risk exposure. This can be made by investigating the proportion of observed 

variation in consumption resulting from previous shocks. 
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Gaiha, Imai and Kang (2007) have measured vulnerability of several Vietnamese 

households and assessed to what extent it is related to their level of poverty over 

time. They have used panel data that is obtained from the Vietnam Household Living 

Standards Survey (VHLSS) which covers the whole of Vietnam for the period of 

2002 and 2004. In this study, the authors have used VEP as their measure of 

vulnerability. This method which is an ex ante measure is developed by Chaudhuri et 

al. (2002) who have used it in a study on Indonesia. They found that generally higher 

vulnerability would translate into poverty over time. It was found that household 

who were vulnerable in 2002 became poor in 2004. It is also found that vulnerability 

exacerbates the level of poverty. And even though some households are found to be 

able to overcome their poverty inspire of them being categorized as vulnerable, such 

eventuality is less likely than of remaining in the poverty trap.  

Hardeweg et al. (2009) attempted to compare and rank provincial vulnerabilities and 

to show that distributional comparisons can be used to make useful comparison of 

several index-based vulnerability measures. They used a panel data of 4400 rural 

households from the 2007 and 2008 from a survey conducted in six provinces of 

Thailand and Vietnam namely Buriram, Nakhon Phanom, and Ubon Ratchathani in 

Thailand, and Dak Lak, Ha Tinh, and Thua Thien Hue in Vietnam. All of these 

provinces are located in rural and peripheral areas (near the border of Laos and/or 

Cambodia). They applied the Kolmogorov-Smirnov-type due to Barrett and Donald 

(2003) and they found that the same vulnerability measure can give rise to different 

vulnerability comparisons. It all depends on the underlying poverty lines. 

Furthermore, both measures of vulnerability whether they are based on increasing 

utility functions or on decreasing poverty functions, the study found that the 

Vietnamese provinces is worse off than their Thai counterparts.  
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Based on the literatures as stated above, there are different methods that have been 

used to measure vulnerability. However, apart from vulnerability measures, there is 

another concept closely related to risk and vulnerability known as poverty. 

Vulnerability is derived from household’s exposure to risk/shocks and an inability to 

manage these risk/shocks due to inadequate assets and social protection mechanisms 

(such as assistance and social insurance). Consequently, this may lead the household 

to fall into poverty trap. The next section discusses the relationship between risk, 

vulnerability and poverty. 

2.1.4 Risk, Vulnerability and Poverty  

As can be seen from our discussion above, there is a close relationship exists among 

these three variables. To some degree, risk leads to vulnerability, which further 

results in poverty. However, various factors determine whether a risk results in more 

vulnerability or not. These include the assets holdings of households, the existence 

(or absence) of markets for assets, the types and the characteristics risks faced and 

the response of the households to these risks once they realized. It is noteworthy that 

market for asset may be found to be of very limited use if the households cannot 

efficiently mobilize them (liquidating them) in order to manage the risks faced. 

The issue of risk contributing to poverty has been increasingly analysed in the 

literature on poverty. According to these studies, there are a number of ways how 

risks can lead to poverty especially within the context of rural households. First, the 

adoption of technologies and strategies of specialization, which are necessary to 

increase the efficiency of agricultural activities, may become blunt because of risks 

(Carter, 1997). For example, some households because of their limited choice for 

consumption smoothing techniques would have to grow crops that provides lower 
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return but safer such as sorghum, sweet potatoes or millet. On the other hand, richer 

households usually have more choices to smooth their consumption pattern and 

therefore would be able to focus on riskier crops that provide higher returns. Risks 

could also demotivate farmers from applying more productive technologies so that 

they can have a more stable income (Morduch, 2002; Larson & Plessman, 2002). 

According to Dercon (1996), such an income-smoothing strategy can be very costly 

and it is estimated that farmer may have to forgo 20 percent of his/her expected 

income in order to achieve a smoother stream of income. 

Risks also play a role in differentiating segments of a population economically. Due 

to risks, some individuals may suffer from food insecurity and fall deeper into the 

poverty trap (Carter, 1997). Therefore, when risk management instruments are 

inexistent, vulnerable households may plunge into poverty because of the occurrence 

of risky events (Holzmann & Jorgensen, 2000). Policy wise, all these imply that risks 

are harmful to the welfare of poor households and any poverty alleviation strategy 

should also consist of programs aimed at ensuring security of consumption (World 

Bank, 2001).  

Dercon (2005c) provide another view of how poverty and risk is interrelated. 

According to the author, there are two impact of risk on poverty. First, we have the 

impact of the shock itself. Due to the occurrence of the risky events and the 

subsequent coping mechanism employed, the affected household find their financial, 

physical, human or social capital destroyed or reduced. Secondly, we have what is 

termed as the behavioural impact. Some households have limited access to insurance 

substitutes (such as assets or safety nets). These households when faced with risk 

might be unwillingly forced to adopt costly risk management strategies such as low 

risk activities and asset portfolios. It is these two processes that leads to relationship 
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observed between risk and poverty. In other words, because of risk, poor households 

end up with lower level of assets or holding portfolios of low returns an assets which 

in turn leads to lower long-term income and welfare outcomes in the future. 

According to Balisacan and Fuwa (2007) microeconomic studies on poverty 

dynamics such as the one conducted by Morduch (1995) or by Dercon (2005c), have 

shown that there are possibly two-way causality between poverty and vulnerability. 

First, compared to their rich counterparts, poor households tend to be more 

vulnerable to various income shocks. Because of their poverty as well as to their low 

level of savings and asset holding and limited access to credit, poor households are 

most of the time not well prepared to deal with negative income shocks. And since 

their margin for survival is already low, these households may suffer severe 

consequences from the income shock. 

Secondly, the future depth of poverty could also be made worse because of 

vulnerability. Besides, the way poor households cope with risks could also make 

their prospect of escaping poverty in the future even more remote. The poor usually 

choose safer but lower-return economic activities/investments as their “income 

smoothing” strategies due in particular to the potentially dear consequences of 

negative income shocks. As such, they might have to forego potentially higher-return 

albeit riskier economic activities. Furthermore, the productive base for future income 

earnings of these households are also eroded because of the adoption of some ex post 

risk-coping strategies. 

There is thus a close interrelationship between poverty and vulnerability. However, 

while poverty refers to economic deprivation usually due to lack of income, 

vulnerability entails “the relationship between poverty, risk and efforts to manage 
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risk” (Alwang, et al., 2001, p.1). Households may not be poor at present but they 

may be vulnerable to poverty in the future. Poor households that have no potential to 

escape poverty are also described as vulnerable (Conway & Turk, 2001). Moreover, 

poverty is a static concept while vulnerability is dynamic. In addition, while the poor 

can be quantified relatively easily ex‐post despite the many dimensions of poverty 

(absolute poverty with regard to food consumption, housing etc. and relative poverty 

with regard to income), quantification of the vulnerable is much more difficult due to 

its dynamic and ex‐ante perspective.  

According to Heitzmann et al. (2002), there are three main components of what is 

termed as “risk chain” in households vulnerability: first, the risk, or events that are 

not certain, second, the risk managing options, or the risk responses, and third, the 

outcome e.g., welfare loss. Figures 2.1 illustrate the risk chain. 

                                                   Risk+ Risk realization (i.e., downward shock)      

Vulnerability                              Risk management 

                                                   (Expected) Outcome (e.g., poverty, nutrition) 

Figure 2.1 

The “Risk Chain”, The Relationship between Risk and Vulnerability   

Source: Heitzmann et al., 2002  

According to this concept of risk chain by Heitzmann et al. (2002), vulnerability 

starts with a notion of risk. Nevertheless, households have several ways to respond or 

to manage the risk. Depending on their access to risk management instruments, they 

can use either formal or informal instruments. Risk management strategies can be 

divided into an ex ante and ex post actions.  
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Ex ante strategies are the ones taken prior to the occurrence of the shock while ex 

post actions are implemented after once the risk are realized. By taking an ex ante 

strategy, household can either reduce risk (for example by using eradicating all 

mosquitoes to reduce exposure to malaria) or lower exposure to risks (in the case of 

malaria, by taking pill or by using mosquito nets). Household can also take ex ante 

actions that mitigates risk by providing compensation in the case of loss. This is the 

case of insurance. In other words, risk mitigation strategies are the responses taken 

(both formally and informally) to insure against expected losses. It can be in the form 

of self-insurance (such as the constitution of precautionary savings), social networks 

or formal insurance. On the other hand, ex post risk coping strategies are responses 

implemented once the risk is realized. These are responses taken in order to deal with 

the realized losses due to the risky event. Example of ex post strategies are selling of 

assets, migration of family members to other places or removal of children from 

school.  

It is when we combine risk and the household responses that we get the outcome of 

this exposure to risk. We differentiate between vulnerable from the risk and 

vulnerable to an outcome. Households can be subject to both vulnerabilities. The 

outcome of the exposure to risk can be measured by looking at the change in the 

household welfare due to the realization of risk and the way household response to 

the risk. Households are considered as vulnerable if the shock pushed them below 

some predefined level of threshold (such as poverty income level). Consequently, 

both poor and non-poor households are vulnerable at a given point in time.  

Therefore, vulnerability can be viewed as a continuous forward-looking state of 

anticipated outcomes, which depend on the correlation, frequency and timing of risks 

realized and the responses to risk. However, when we talk about risk 
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management/coping, some households can mitigate or cope with a risk in a given 

period, however the strategy adopted might limit their ability to manage risk in 

subsequent periods, especially in the case when their assets have been severely 

degraded.  

The analysis of the relationship among risk, vulnerability and poverty lead us to 

distinguish between chronic and transient poverty. Recently, there has been a move 

in the literature to reconceptualise the concept of poverty by incorporating the 

concepts of insecurity or vulnerability. Studies on vulnerability have shown that the 

poverty is in a continuous state of flux. This means that our measure of poverty 

incidence that look at the number of people living below the poverty line at any 

given point in time, is incomplete as it fails to take into account the share of the 

population who are likely to become poor during a given period of time (for example 

for 2 or 5 years). In other words, we have two different forms of poverty. First we 

have chronic poverty which also contains significant movements within it for 

example the cumulative processes of impoverishment that subsequently leads to 

destitution. We also have the usually ignored transient poverty, which tends to be 

considerable especially among those in the middle strata. It basically captures the 

movements into and out of poverty over time. As it is put by Wood (2003), 

“...vulnerability is not synonymous with static poverty, so that the non-poor 

vulnerable need to be included in a pro-poor social policy” (Wood, 2003, p.106). 

According to McKay and Lawson (2002), chronic poverty (the “always poor”) is 

persistent poverty experienced over a reasonably long period of time. On the other 

hand, transient poverty (the “sometimes poor”) is temporary, and concerns 

households moving in and out of poverty.  
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Chronic poverty is characterised by lack of human capital, lack of ownership of 

physical assets, low-paid labour location of residence and the demographic 

composition of households. As for transient poverty, it is associated among others 

with seasonality of economic activities, life cycle events, government transfers, 

family size and migration. Jalan and Ravallion (1998b) stressed the link between 

transient poverty with households’ inability to maintain their consumption level 

when their income fluctuates due to adverse shocks. While Gaiha and Deolalikar 

(1993), chronic poverty is relate to income per capita or levels of consumption 

insistently below the poverty line over a long time period. 

The difference between chronic and transient poverty is also discussed by Brown 

(2002) who instead differentiate between “shallow” and “deep” poverty. The author 

used the term “paupersables” to designate thoses who are vulnerable to 

impoverishment. According to Brown (2002), there are those “liable to become 

poor” (shallow poverty) and this group of individuals are different those “who are 

poor and live in destitution” (deep poverty). It is noteworthy that what separates the 

shallow poor from falling into deep poverty trap may not be that much. In the words 

of Brown, “...impoverishment could come at any time, from any number of 

misfortunes, from ill-health, from the death of spouses, parents and children, from 

economic and fiscal oppression, and from violence of every kind” (Brown, 2002, 

p.15).  

Several studies have attempted to empirically measure transient poverty. In a study 

by Ravallion (1988) based on the ICRISAT sample, it is found that transient poverty 

constitute about half of total poverty in the area. In another study, Jalan and 

Ravallion (1998a) showed that half of the mean squared poverty gap in rural China is 

transient. Even when different definitions of transient poverty are used, similar 
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outcomes are obtained. For an instance, in a study using the ICRISAT income data 

over a period of 9 years, Gaiha and Deolalikar (1993) stated that approximately one 

fifth of the total households in the area were considered as poor in each year while 

another 12 percent of the sample have never been poor. However, it is also found 

that the majority of households surveyed were poor only for some time during the 

period of the study. 

The foregoing discussion has proven that risk management is essential in 

determining the association among risk, vulnerability and poverty. Next section 

discusses the concepts of risk management. 

2.1.5 Risk Management Strategies 

Actions that are taken to respond to risks are known as risk management. Another 

definition of risk management is provided by Siegel and Alwang (1999) according to 

whom “household risk management refers to the set of mechanisms used by 

households to deal with anticipated or actual losses associated with uncertain events 

and outcomes” (Siegel & Alwang, 1999, p.3). Households decide to employ these 

mechanisms based on their beliefs on the probability of the occurrence of the events 

and their anticipation on the impacts of these events on their welfare. The types of 

risk managements employed will also have an effect on the households as they bring 

changes in the level of their income and their consumption as well as their 

investment patterns. Furthermore, all these effects are determined by the asset base 

of the household. In other words, risk has a dynamic impact that is reflected through 

the patterns of investment employed by the households and their effects on the asset 

base. McCord (2001) classifies risk management or risk response into five major 

groups as presented in Figure 2.2. 



41 
 

 

 

 

 

  

 

 

 

 

Figure 2.2  
Risk Response Options  

Source: McCord, 2001 

On the upper row, we have three types of risk responses namely avoid risk, retain 

risk and reduce risk. They correspond to arrangements that the poor could rely on 

when faced with a risk event. When we talk about risk reduction, there are various 

actions that the poor can take. For example, the poor can diversify their income 

sources, they can build up assets through saving, they can stock up on food, and they 

can also invest in housing or in health care. Risk reduction can also be achieved 

through participation in reciprocal lending and borrowing schemes that would lead to 

strengthening of social networks. Managing money by controlling consumption, 

having a proper budget for expenditures and income as well as maintaining access to 

multiple sources of credit are another type of risk reductions strategy. As for risk 

sharing it can be in the form of participating in informal insurance systems or 

societies such as funeral societies. Finally, risk transfer refers to any type of formal 

insurance programs such as social security program or pension schemes. 

Risk Response 

Reduce Risk 

(preparation) 

Retain Risk      

(savings & credit) 

 

Avoid Risk 

(conservatism) 

 

Share Risk 

 

Transfer Risk      

(insurance) 
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Another way of classifying risk management is by considering it from its temporal 

dimension. Risk management can be carried out before the risk occurs (ex ante risk 

management), or after its occurrence (ex post risk management). The classification of 

risk management into ex-ante and ex-post strategies is shown in Table 2.2. As can be 

seen, both ex ante strategies and ex post strategies taken to deal with a risk use a 

combination of intra-household measures and inter-household, group-based 

measures. According to Cohen and Sebstad, 2005, it is the level of vulnerability and 

the household’s economic status that determines the types and combination of ex 

ante and ex post measures that an individual employs at a given period of time. In the 

following sections, these two types of risk management strategies are discussed 

further.  

Table 2.2 

Risk Management Strategies 

Risk Management Strategies 

Ex ante risk management 

a. Risk prevention or reduction - strategies aimed  

    at preventing or reducing risk 

b. Lowers exposure to risk - strategies aimed  

    towards Lowering risk exposure.  

c. Risk mitigation - strategies aimed towards  

    providing compensation for expected loss 

Ex post risk management  

a. Risk coping - strategies 

aimed to cope with the 

realized losses due to the 

shocks 

 

Source: Heitzmann et al. (2002) 

2.1.5.1 Ex-ante Risk Management Strategies  

As explained above, when a household undertake ex-ante measures, his objective is 

to prevent the risk from occurring. However, when this cannot be achieved, these 

measures can be used to mitigate the effects of the risk. Most of the times, individual 

efforts are sufficient to prevent risks. But in some cases, these strategies also require 
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support from the government. Furthermore, in order to mitigate the effects of risk by 

pooling the risk would require interaction among various groups of people. However, 

since the poor typically participate less in formal or in informal arrangements, this 

leaves most them with coping with the risk once it has occurred. According to 

Holzmann, Sherburne-Benz, and Tesliuc (2003), since the poor are not well equipped 

to do this, most of the times they have to suffer irreversible negative effects. 

There are basically three types of ex ante risk management:- 

a. Risk Prevention or Reduction. These actions are taken in order to prevent 

or to reduce the probability of a risky events from happening.  

b. Prevention or Reduction of Exposure to Risk.  These actions are taken in 

order to prevent or reduce exposure to risks for a given existed risk. 

c. Risk Mitigation. These actions are taken to provide compensation when 

there is loss generated by a risk (such as by holding assets or by 

purchasing insurance).  

Morduch (2005) stated that, by adopting ex-ante strategies, the rural poor have had to 

make significant efforts because they have to opt for economic activities (mainly 

production and employment) that provide lower but safer returns. As such, they are 

forgoing economic activities that have higher potential albeit volatile expected 

returns. For example, Bliss and Stern (1982) found that farmers in northern Indian 

have had to underuse fertilizer so that they can cut investment losses in case the 

weather is bad. Furthermore, poor households might not be able to diversify their 

sources of income by adopting more profitable non-farm activities. This is due to the 

fact that there is a significant entry barrier to these activities in the form of required 

level of education or large amount of initial capital. Because of these entry barriers 
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associated with activities that offer higher expected returns, the poor are found to be 

unwilling or unable to accept lower average incomes in exchange for smoother 

income flows. 

2.1.5.2 Ex-post Risk Management Strategies (Risk coping / How the Poor  

              Smooth Consumption)  

Ex post risk coping are actions taken after the occurrence of a risk. These actions are 

taken in order to deal with the actual losses for example by seeking “emergency” 

loans (from relatives, friends, banks), seeking temporary employment, selling of 

assets, removing children from school or migrating to other places. Sometime, the 

governments also provide some form of formal social security measure to help some 

individuals and households cope with the risk for example food aid, public works 

programs or pension schemes. 

We can categorize Ex-post coping strategies into the following groups (Balisacan & 

Fuwa, 2007):  

a. Savings/Asset Holdings: Holding savings/asset as precautionary saving is 

one way of smoothing consumption when faced with incomes fluctuation. 

These savings/assets can be liquidated/ depleted when hit by a negative 

income shock. Households can also accumulate savings/assets when there 

is a positive shock. However, in rural areas, financial assets (e.g., bank 

deposit) are mostly absent. Therefore, asset items used for consumption 

smoothing can be in the forms of jewellery, animals, crop inventory, or 

land. Rosenzweig and Wolpin (1993) in a study that used the ICRISAT-

VLS data, show that households used holding of bullocks as a 

consumption-smoothing measure, while Townsend (1995a) found in the 
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same data set that the main means of consumption smoothing used is crop 

inventory and not bullock holding.  

 

Furthermore, Fafchamps, Udry, and Czucas (1998), using the case of 

Africa, show that asset holding is not the main consumption-smoothing 

mechanism. Paxson (1992) in a study using data from Thailand found that 

households normally save transitory incomes due to rainfall fluctuations 

which are consistent with the permanent income hypothesis (PIH) 

regarding consumption-smoothing behaviour of households.  

 

However, it should be noted that for various reasons, the holding of assets 

as a consumption-smoothing strategy may not be fully effective. Among 

the reasons are macroeconomic shocks can lead to fluctuations of the 

returns on assets thus introducing its own risk element. Furthermore, in 

case of a covariate shock like flooding or droughts, everyone may want to 

sell their assets which can lead to the collapse of the price of asset. In 

addition, by selling productive assets (such as animals or land) to smooth 

consumption, it reduces the asset base of the household that can be used 

for future income flows (Besley, 1995; Dercon, 2005b). 

 

b. Reallocation of Household Resources: When faced with a shock, 

households can deal with the resulting income fluctuations by reducing 

their consumption (in particular consumption of luxury or non-essential 

goods), by reallocating their resources or their labour force. Using 

ICRISAT-VLS example, Kochar (1995) show that when a crop fails (with 

the assumption that there is a reasonably well-functioning local labour 
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markets), the farm households could compensate for the lost farm income 

by increasing their labour wage income proportion.  

 

Similarly, Kang and Sawada (2003) found that Korean consumers when 

faced with a 24 per cent reduction in income, responded by cutting down 

on the consumption of luxury items, such as dining out, leisure activities 

or purchase of durable goods. At the same time, their expenditures for 

food, education and health are maintained at the same level. In a study on 

Indonesian households, Thomas et al. (2004) show when faced with an 

income shock (equivalent to a drop of 15 percent in per capita 

consumption), households choose to reduce consumption of non-food 

item while maintaining their share of food consumption. It is also found 

that the households have reduced school enrolment among younger 

children (aged 10-14) and the share of the budget education. At the same 

time, the schooling of older children remains the same in poor households 

but not in better-off households.  

 

c. Informal Risk-Sharing Arrangement/Institutions: These types of 

arrangements can be in the form of inter-household transfers through 

gifts, combined with strategic decisions on marriages, informal credit and 

insurance arrangements, credit cooperatives, interlinked agricultural 

contracts, credit associations and rotating savings. Udry (1994) in a study 

conducted in northern Nigeria found that to smooth their consumption, 

the households used as an insurance mechanism state-contingent credit. 

 

In a study in northern Philippines, Fafchamps and Lund (2003) show that 

gifts and informal loans (mostly with zero interest) among relatively 
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small networks of friends and relatives are used for consumption 

smoothing instead of through livestock or grain stocks. They also found 

village-level risk sharing to be incomplete. Furthermore, they found that 

the use of network risk sharing can only insure against specific types of 

risks (such as unemployment of the household head or funerals). 

However, such strategies are not effective for other risks. Townsend 

(1995b) shows that in northern Thailand, there are a variety of risk-coping 

mechanisms that has been employed such as labour supply or buffer 

stocks. They also rely on village-level institutions that provide assistance 

such as rice, credit and health insurance funds.  

 

However, the study found that there are substantial variations in term of 

strategies used across different villages. Bhattamishra and Barrett (2009) 

show with risk management can be enhanced by savings, credit and 

insurance arrangements. In case of an income shocks, anticipated 

variation in income (which is due to seasonality for example) or in 

expenditures (due to problems such as costs associated with weddings 

like dowries or any other similar predictable ceremonies), consumption 

smoothing can also be achieved through the use of precautionary savings 

or consumption credit. In addition, households can also build up assets 

and thus enhance their future aptitude to self-insure by using production 

or investment credit. 

Another categorization of risk management mechanisms are provided by Holzmann 

(2001) who stated that the main management mechanisms that households employ 

when confronted with a specific shock are: 
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a. Self-help or self-insurance: To carry out this strategy, household sells, 

pledges, or mortgages their assets. They can also use their assets to 

generate more income, engage in more work, and augment the labour 

supply they already offered.  

 

b. Informal insurance: In this case, households borrow from relatives, 

friends, money lenders, or workplaces. They can also receive assistance 

from relatives, friends, and neighbours. Assistances can also be obtained 

from other social capital networks. 

 

c. Market insurance or use of credit: In this strategy, households employ 

market-based strategies including credit (banks’ borrowings, advance 

sales of harvest) and private insurance (cashed in the insurance premium).  

 

d. Government help: Some households rely on government aid to manage 

their risk. These aids include relief of disaster, and assistances on social 

services. 

 

e. Help from NGOs or other private or international organizations: Some 

households obtain local or international NGOs aids in form of cash or 

kind when confronted with a shock. 

As stated above, there are different choices of risk management mechanisms adopted 

by households to cope with the occurrence of negative shocks. However, it also has 

other concept of risk management strategies in terms of social risk management 

(SRM). The next section discusses the social risk management. 
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2.1.6 Social Risk Management 

The term “social risk management (SRM)” was introduced by Holzmann and 

Jorgensen (1999) to explain how society manages risks. It should not however be 

confused with how to manage social risk. In SRM, we cover all ranges of formal and 

informal, proactive and reactive risk management strategies employed by 

individuals, households, communities, countries and communities of countries. It 

also includes actions taken by the private, public, and informal sectors. From the 

point of view of SRM, the main objective of social protection is to come up with 

solutions on how to help vulnerable households to better manage risks and to become 

less vulnerable to detrimental welfare losses. 

The arrangements under SRM can be grouped into three main categories: informal 

arrangements, market-based arrangements, and public arrangements. Each of these 

three categories has its relative strengths and restrictions.  

a. Informal Arrangements: These types of arrangements have been in 

existence since the beginning of mankind. They remain as the main risk 

management strategy adopted by for most of the population in the world. 

When public provisions and market institutions are quasi inexistent, 

individual households normally try to protect themselves by resorting to 

the use of personal or informal arrangements such as through their family 

members or community or through self-protection or self-insurance. 

Though they bypass most problems that cause market failure such as lack 

of information and coordination, these strategies may be limited in their 

effectiveness in assisting household to withstand unfavourable events. 

Examples of informal arrangement include the selling and buying of real 
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assets (i.e. real estate, living-stocks and jewellery), informal lending and 

borrowing, diversification of crops and field, stockpiling on goods for 

future consumption, the usage of production technologies that are safer, 

kinship arrangements through marriage and community support. 

 

b. Market-based Arrangements: Household can also resort to the use of 

market-based institutions when they are available (such as banks, 

insurance companies and money market). Nonetheless, market failure 

somehow limits access to these instruments. But with financial market 

development, we should expect a rise in their usage. Other than formal 

market institutions, which remain inaccessible to most households who 

lack secured and stable earnings, microfinance constitute another 

important instrument of social risk management. 

 

c. Public Arrangements: With the development of the modern welfare state, 

there is more and more public arrangements that are in offer to help 

households deal with risk. However, these arrangements remain 

relatively scarce in the developing world. Furthermore, due to fiscal and 

other reasons, the coverage of these arrangements is very limited. 

Besides, the coverage offered by public arrangements in developing 

countries is generally low since these programs typically apply only to 

those employed in formal employment. When there is no market-based 

or informal arrangement or when they break down or are dysfunctional, 

the government can play role by providing or mandating social insurance 

programs that cover risks such as sickness, disability, unemployment, 

work injury, old-age, and widowhood.  
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One of the advantages of public arrangements lies in its mandatory 

participation nature. Since everybody chips in a risk pool, these 

arrangements can sidestep the problems of adverse selection. As such 

individuals with high risk profiles might have to join in order to gain 

access to pay-outs while individuals with low risk profiles might not be 

able to avoid participation in insurance pools due to premiums. In 

addition, governments usually have a whole assortment of instruments 

that it can use to help households to cope with an adverse shock such as 

public works programs, social assistance programs and subsidies on basic 

goods and services. 

Table 2.3 illustrates the different types of strategy and arrangement of SRM. 
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Table 2.3 

Strategies and Arrangements of Social Risk Management 

Arrangements/ 

Strategies 
Informal Market-based Public 

Risk Reduction 
 • Less risky   

   production 

• Proper feeding and  

  weaning  practices 

• Engaging in  

   hygiene and other  

   disease preventing  

   activities 

• Migration 

 

• Financial market 

   literacy  

• In-service    

   training 

• Company-based     

  and market-driven  

  labor  standards 

• Labor standards 

• Child labor  

   reduction 

   interventions  

• Labor market  

   policies 

• Pre-service training 

• Disability policies 

• AIDS and other    

  Disease prevention  

• Good    

   macroeconomic   

   policies 

Risk Mitigation 

Portfolio • Investment in  

  social capital  

  (rituals, reciprocal  

   gift-giving) 

• Investment in  

   human, physical  

   and real assets 

• Multiple jobs 

 

• Microfinance  

• Investment in 

   multiple financial 

   assets 

 

• Asset transfers  

• Multi-pillar pension 

   systems 

• Support for  

   extending financial  

   markets to the poor  

• Protection of     

   property rights   

   (especially for   

     women) 

Insurance • Community 

   arrangements 

• Marriage/family 

• Tied Labor  

• Share tenancy 

 

• Crop, fire and   

   other damage   

   insurance  

• Disability,   

   accident and    

   other personal 

   insurance 

• Old-age annuities 

• Mandated/provided 

   insurance for  

   unemployment,  

   old-age, disability,   

   survivorship   

   sickness, etc. 

Risk Coping 
 • Reduced savings or 

   investment 

• Selling of real  

   assets 

• Borrowing from 

   neighbors 

• Sending children to 

  work 

• Intra-community 

   transfers/charity 

• Migration  

• Dis-saving in   

  human capital 

• Borrowing from 

   banks 

• Selling of financial 

   assets 

 

• Public works  

• Subsidies 

• Transfers/Social 

   assistance 

Source: Holzmann (2001) 
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2.2 Empirical Literatures on Vulnerability 

One of the dominant features of the livelihood of the poor is the vulnerability that is 

attached to it. As discussed above, vulnerability is particularly present for small 

farmers in developing countries. Because of the adverse shocks that they have to 

face, their income, assets, and health has been severely affected which has also 

affected their welfare. According to Fafchamps (2009), “risk remains a serious cause 

of poverty and ruin and in still too many instances a matter of life and death” for 

many poor farmers in developing countries. And because of the actions that these 

households undertake in order to protect themselves against the shocks, their 

production and savings decisions have also been affected. Various authors under 

various contexts have examined these theoretical links between vulnerability 

empirically. 

Jha, Kang, Nagarajan, and Pradhan (2012a) examined households’ vulnerability, 

their coping strategy and how this strategy has influenced the consumption of 

household in rural India. Households’ vulnerability is estimated using VEU analysis 

while households’ strategy to cope with risk is estimated using multivariate probit 

analysis. Their findings suggested that households’ vulnerability to risk depends 

mostly on its idiosyncratic components and poverty level. It is also found that these 

households rely greatly on informal instruments such as their asset/saving, depleting 

their capital or transfers to cope with shocks. In order to cope with covariate risks, 

these households usually participated in government programmes. Furthermore, 

household consumption is found to be highly covariate with income. This finding 

implies that the use of informal insurance instruments is far from sufficient to protect 

these households consumption against income shocks. However, government 
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programmes have greatly reduced the covariate component of vulnerability among 

these households.  

In addition, Jha et al. (2012b) also examined the determinants of vulnerability (ex 

ante) as well as poverty (ex post) in rural India. Using a probit model for the periods 

1999 and 2006, they found that a household headed by a female has relatively lower 

probability of poverty in 2006 than a household headed by a male. Higher share of 

more educated members, larger size of land and more irrigated land tend to reduce 

household probability of poverty while both more female members and younger or 

older members would increase the probability of poverty. Further, they concluded 

that the factors such as age and gender of household head, education and land owned 

influence vulnerability. 

Gaiha and Imai (2008) conducted a research in India and precisely on the rural 

dwellers. The aim of the research was to examine the vulnerability of rural household 

of both idiosyncratic and covariate risks such as unemployment and illness, weather 

and crop risks. The study employed VEP, VEU and VER to measure vulnerability 

and headcount index (i.e., proportion of per capita income of household found below 

national poverty line) was used to measure poverty. Findings of the study revealed 

that idiosyncratic risks contribute more than poverty to vulnerability. It also found 

that the landless households without education are more vulnerable to covariate and 

idiosyncratic risks. 

Iqbal (2013) examined vulnerability by employing VEP measure of vulnerability as 

an ex-ante strategy to prevent risk event in Afghanistan. The study revealed that 42 

percent are poor nationally, and 66 percent of the surveyed respondents are 

vulnerable to future poverty. Additionally, the study found that male head household, 
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the educational level of household head, ownership of irrigated agriculture land and 

housing condition are positively associated on household consumption. Meanwhile, 

migrant household particularly in the rural area and the age of the household 

members is negatively correlated with the consumption of household.   

The issue of poverty dynamics and its relationship with vulnerability have also been 

conducted within the context of the Vietnamese economy. Based on the data 

obtained from Vietnam Household Living Standards Survey (VHLSS) for the year 

2002 and 2004, Imai, Gaiha, and Kang (2010) found several interesting features 

regarding vulnerability and poverty in Vietnam. In this study, poverty is measured by 

the headcount ratio of people found below the national poverty line in a given year. 

As for vulnerability, it is measured using the probability for the next year’s 

consumption to be below the poverty line. The consumption is assumed here to be 

log-normally distributed. It is found that there is a huge disparity in term of poverty 

level between households in areas of low and high mountains and in other areas 

(coastal area, inland delta and hills). However, vulnerability is found to be pretty low 

for most regions (between 0.01 and 0.04) except for the high-mountain areas (0.32).  

Another study on Vietnam is conducted by Fisher and Buchenrieder (2010). The 

authors investigated the theoretical connections between poverty, vulnerability and 

risk, so as to get more insights into the diverse strategies of households to cope with 

the vulnerability to risk in rural farm in Vietnam. They employed quantitative and 

qualitative approaches in ten villages over the period 2004‐2005. At the village level, 

general household interviews with a structured questionnaire were conducted among 

203 households with 670 adult household members. Their findings indicated that 

rural livelihoods are affected by factors such as limited endowment, low access to 
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capital and assets market as well as service institutions and human and economic 

risks. This study also emphasized the importance of access to adequate risk 

management strategies as households who have limited access to these strategies are 

more vulnerable to become poorer and poorer in the future. 

Klasen (2011) used the case of Vietnam and Thailand to examine to what extent 

female headed households are different in term of vulnerability compared to the ones 

headed by men. In this study, several aspects of vulnerability are examined namely 

consumption, the likelihood to experience a shock, severity of the shock, 

consumption smoothing, vulnerability to poverty and finally perceived vulnerability 

to downside risk. The study used a panel data set of more than 4000 households from 

six rural provinces in Thailand (Buriram, Ubon Rachathani and Nakhon Phanom) 

and Vietnam (Ha Tinh, Thua Thien‐Hue and Dak Lak). Their study found no 

difference between the two types of households. Female-headed households are not 

found to be more susceptible to shocks, less able to smooth their consumption or 

more vulnerable as compared to male‐headed households. However, it is found that 

female-headed households are in a way better off than their male counterparts with 

regard to current consumption. Further, the study conducted by Jamal (2009) on 

household vulnerability to poverty in Pakistan. He found that more than half of the 

respondents are vulnerable to poverty in the future. The findings also have a strong 

indication on the high level of vulnerability in the rural area than the vulnerability 

level among the urban dwellers.  

Using feasible generalized least squares (FGLS), Sricharoen (2011) estimates 

vulnerability to poverty among rural farm household in north eastern of Thailand. 

The author used a specific random sampling technique to select of 415 households, 
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across 23 districts in the Buriram province. The author found that about 44.34 

percent of households in these districts are vulnerable to poverty. The study also 

found that there are two groups of vulnerable household - highly and lowly 

vulnerable households. By comparing observed poverty status based on vulnerability 

index estimated in this study, the author shows that 75.2 percent of vulnerable farm 

households are poor, while another 24.8 percent of them are non-poor.  

Rungruxsirivorn (2007) examined the nature of risk that is faced by households in 

Thailand. The study also looked at the strategies adopted by these households in 

order to cope with the adverse effect of these shocks. The analysis was conducted on 

1440 households located in 96 villages located across six Thai provinces. The study 

found that the most prevalent source of income shortfalls is the price shock. It also 

found that borrowing from the Village Fund is the most common risk-mitigating 

strategy employed by the surveyed households. The study shows that how a 

household responds to shocks that are greatly influenced by their sources of income, 

which are found to be highly heterogeneous. Another research found that there is a 

paucity of studies on risks associated with different occupation and income activities 

which ultimately obstructs development of policies pertaining to prevention, 

mitigation and coping with risks (Hoogeveen, Tesliuc, Vakis, & Dercon, 2005). 

Similarly, Tongruksawattana et al. (2010) examined the relationship between shock 

type and coping decisions of rural households in Thailand. They employed the large-

scale panel household survey of some 2200 households in three provinces in 

Northeast Thailand (Buriram, Ubon Ratchathani and Nakhon Panom), cover the 

period of May 2006 to April 2008 which captures two full crop years. The probit 

regression model was employed. They found that a large share of rural households 

has experienced different types of shocks mainly related to ecological but also from 
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other economic, demographic and social factors, the majority of households 

undertake coping actions in response to shocks. Households that refrain from coping 

actions are mostly those that experienced ecological shocks. The main factors that 

cause a household to actively respond to shocks are wealth status and the severity of 

the shock in terms of income and asset losses. Concerning the type of coping action: 

asking for more remittances from migrant household members and relatives, taking 

up opportunities for public transfers, reallocate household resources especially 

labour, borrow from formal and informal sources of finance, draw on available 

savings and selling assets are dominant.  

Fitzsimons (2007) investigated the impact of risk on education in Indonesia. The 

author used the variation of rainfall data to estimate the village-level risk. The 

Ordinary Least Squares (OLS) regression was employed. The result revealed that the 

aggregate village risk adversely effects on education of children. Based on her 

finding, the author concluded that children may perform an insurance part to protect 

household consumption against aggregate village risk, with negative effects on 

human capital accumulation.  

Sherina, Razali, Shiran, and Sam (2004) examined the impact of nutritional risk on 

physical and mental health of aged respondents from semi-urban area in Malaysia. 

Using a cross-sectional data which is collected through structured interview in 2004, 

the study reported that nutritional risk is crucial risk for aged people. Amongst the 

factors that are responsible for nutritional risk for elderly people are marital status, 

age, depression, disabilities and severe ailments.  

By combining both qualitative and quantitative techniques, Lal, Singh, and Holland 

(2009) investigated how natural disaster and poverty are related in Fiji. They found 
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that disasters is positively related to poverty and negatively related to 

macroeconomic growth. The positive relation between disasters and poverty status 

can be explained by the fact that poor households do not possess financial assets that 

they can use to respond, recover and rehabilitate quickly from a natural disaster. 

Consequently, natural disaster brings an added pressure on the poverty status of these 

households. The extent to which household is sensitive to natural disasters are also 

indicated by income and other social indicators. For example, low-income 

households incomes are frequently found to be living in marginal areas without 

access to water security or safe sanitation. These households often have limited level 

of education.  

Similar study but on a wider scope has been conducted by Balisacan and Fuwa 

(2007). The objective of this study is to examine what is the nature of poverty and 

vulnerability and what are causing them. It is also aimed at identifying lessons in 

term of policy making that can be taken from the rapidly emerging literature on 

growth, poverty, vulnerability and inequality in rural Asia. The results of this study 

indicate that there are number of factors that determine how fast poverty can be 

reduced. Among them are the access of the rural population to infrastructure, the 

level of initial income inequality, the quality of institutions and government policies 

and the quality of human capital and various markets such as credit or land. 

Moreover, the study also point to the importance of alternative risk-coping in 

insulating households from income fluctuation albeit incompletely. Poorer 

households are also found to be less capable to insure themselves compared to better-

off households.  

Other than Asian countries, several studies have examined vulnerability issue within 

the context of African countries. Makoka (2007) studied a functional risk and 
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vulnerability assessment at household level in Malawi. He adopted a two-period 

cross sectional data that are associated with rainfall data. Through this study, the 

author expected to understand better to what extent the relationship between 

vulnerability to poverty among households in this Malawi is influenced by risk. 

Likewise, Gunther and Harttgen (2006) examined the impact of idiosyncratic and 

covariate shocks at the household level as well as community level in Madagascar. 

The authors revealed that idiosyncratic shocks had a significant impact on household 

vulnerability in urban, while household vulnerability in rural was mostly influenced 

by covariate shocks. 

Kasirye (2007) also examined the relationship between vulnerability to poverty and 

its impact on household characteristics in Uganda. The study subjected panel data of 

1309 households from 1993-2000 analysis and found that spatial features, access to 

infrastructure and educational level are significantly related vulnerability to poverty. 

This study also emphasizes the difference in the vulnerability level of rural area 

dwellers and urban area dwellers. The findings of the study also noticed similar 

causes for both vulnerability and absolute poverty. Therefore, strategies of 

eradicating poverty should focus both vulnerable and poor.   

Babatunde, Omotesho, Olorunsanya and Owotoki (2008) studied the determinants of 

vulnerability to food insecurity among male and female-headed in Kwara state of 

north-central Nigeria. They used primary data collected through a cross section 

survey of representative farm household during the year 2005, which consists the 

sample of 60 households was chosen by multi-stage random technique from six rural 

village across the state. The Ordinary Least Squares (OLS) regression model was 

employed. The result found that in the male-headed household, vulnerability to food 

insecurity would increase as the household size increases but it would decrease as the 
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value of crop output, food expenditure, farm size and the number of labor hour 

increases. In the female-headed households, vulnerability to food insecurity increases 

as the household size and age of head increases while it decreases as the education of 

head, off-farm income, food expenditure and number of labor hour increases.  

The determinants of vulnerability (measured here by expected poverty) among rural 

households in Nigeria were examined by Oni and Yusuf (2008).  They employed the 

three-stage feasible generalized least squares (3FGLS) techniques by using cross-

sectional data expanded with certain covariate factors. The result showed that the 

consumption of rural households in Nigeria is affected by both idiosyncratic and 

covariate shocks. It is also found that the main factors that influence exposure to 

idiosyncratic risks are the age, size of household, gender, education status of 

household head, types of water access, toilet facilities and housing types. For 

example, households whose heads are without educations are found to have the 

highest incidence of poverty. Moreover, more of these types of households are 

expected to be poor in the future. For households whose heads have primary, 

secondary and tertiary educations, fewer of them are expected to be poor relative to 

the observed (actual) poverty. Similarly, fewer households whose heads are aged 21- 

40 years are expected to be poor in the future. However, more households whose 

heads are in the age groups of 20 or less, 41- 60 years and more than 60 years are 

likely to be poor in the future. It is also found that as household size increases 

(particularly if it exceeds ten members), they are more likely to be poor in the future. 

Adepoju and Yusuf (2012) examined the relationship between vulnerability and 

poverty in rural South-West Nigeria (SWN). Their study employed a multi-stage 

sampling technique to select 582 rural households in South-West Nigeria. The study 

employed 3FGLS, Tobit, Probit regression methods and Foster, Greer and Thorbecke 
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(FGT) measure of poverty. The study found that rural dwellers are significantly and 

strongly vulnerable to poverty and educational level is negatively correlated to 

poverty level. Their findings also revealed that there are more vulnerable households 

than poor households in Nigeria.  

Baiyegunhi and Fraser (2010) studied the dynamic of poverty and the determinants 

of households’ vulnerability to poverty in rural regions of the Eastern Cape Province, 

South Africa. They employed probit model and a panel dataset on a representative 

sample of 150 rural households interviewed in 2007 and 2008. They revealed that 

that the number of vulnerable households is significantly larger than for the currently 

poor households, the vulnerability index was found to be 0.62 compared to 0.56 

headcount indexes in 2008. This implies that 56 percent of the sampled households 

are poor (ex post) in 2008 while 62 percent are vulnerable to becoming poor (ex 

ante) in future. The result of the probit model found that the age, level of education 

and occupation of the household head, dependency ratio, exposure to idiosyncratic 

risks and access to credit are statistically significant in explaining a households’ 

vulnerability to poverty. 

Sarris and Karfakis (2010) have conducted similar study within the context of 

Tanzania. The authors attempted to quantitatively assess the nature and to what 

extent rural, especially poor rural households are vulnerable to idiosyncratic and 

covariate uncertain shocks. The study is also aimed at identifying observable 

indicators that can be employed for targeting assistance to the most vulnerable 

households that face consumption shocks. The study used a sample of 957 rural 

households from 45 villages in the Kilimanjaro region, and 892 rural households 

from 36 villages in the Ruvuma region in rural Tanzania, to estimate the level of 

vulnerability as the probability of consumption below a poverty line. They have 
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employed the FGLS procedures and OLS regression. The result of this study shows 

that the level of vulnerability is relatively high in the areas under study. The study 

also shows that vulnerability is considerably higher in the poorer region of Ruvuma. 

Indeed, it is found that the proportion of change in consumption due to covariate 

shocks is much smaller in the Kilimanjaro region, compare with the Ruvuma region. 

Furthermore, the results indicate a higher vulnerability level among cashew nut 

producers compared to coffee and tobacco producing households. Based on their 

findings, the authors concluded that vulnerability to poverty is higher for individuals 

in rural and geographically remote regions compared to those living in the urban and 

central regions. 

Seyi Olalekan, Olapade-Ogunwole, and Raufu (2011) investigated the different types 

of shocks that rural households in Nigeria encountered and the risks management 

strategies employed by these households. The study was carried out in Ogo-Oluwa 

Local Government Area of Oyo state, Nigeria. The study uses a multi-stage random 

sampling method in choosing the respondents. Ten heads of household are chosen 

from two villages are purposively chosen, given a total sample of 80 respondents. A 

probit regression model is used to analyse the data. The results revealed that the main 

shocks encountered by majority of rural household heads are ecological shocks. 

These shocks are related to crop pests and livestock diseases, drought and degraded 

land that are associated to agricultural production. These shocks have significant 

influence on household heads with poor educational status and per capita income. 

This reflects in their capability and possibility to act in a way to manage the shocks. 

Majority of the rural household heads commonly use several strategies to cope with 

shocks. These include borrowing, selling of assets, adjusting food intake, drawing on 

savings and through remittances. Older people use the aforementioned strategies to 
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cope with shocks while some younger ones engage in in off-farm and non-farm 

activities, and migration in searching for green pasture. 

Consistently, Barrett et al. (2007) examined the link between risk and poverty in the 

three countries namely Bangladesh, Ethiopia and Ghana. The main objective of their 

study is to understand to what extent the asset holdings of households and their 

productivity are impacted by the occurrence of idiosyncratic risks. This study shows 

that long-term impoverishment is mostly caused by injury, illness and large family 

size. The impacts of these factors on the poor are also found to be disproportionately 

large. 

In a very comprehensive study, Tesliuc and Lindert (2004) have examined issues 

related to vulnerability, risks, and risk management in Guatemala by combining both 

quantitative data and qualitative information. Quantitative data is obtained from the 

Living Standards Measurement Study. While an in-depth qualitative study of poverty 

and exclusion conducted in 10 villages in Guatemala provide the qualitative 

information. Using a multivariate logistic model, the authors tried to examine to what 

extent household’s characteristics and location can influence the probability of an 

occurrence of shock. The study also examined the determinants of the probability for 

the shock to cause wealth and income losses due to the shock as well as the 

probability for a household to recover from the negative impact of the shock by the 

time of the interview. To estimate the cost of shocks and vulnerability to 

consumption and poverty, a multiple regression analysis was employed. Several 

interesting findings are obtained from this study. First, it is shown that as compared 

to the non-poor, the poor in Guatemala are disproportionately more exposed to 

agricultural related shocks and natural disasters. They are less exposed to economic 

shocks specific to formal economy as they do not participate in it.  Second, the study 
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showed that when faced with moderate risks, most households are capable to smooth 

their consumption by employing a variety of risk management arrangements. For 

example, the poor cope with the shocks through self-help mechanisms as well as 

informal means while the non-poor manage the shocks through market-based 

mechanisms as well as self-help arrangements. Third, the qualitative survey revealed 

long-lasting negative effects on the welfare of the poor of catastrophic shocks 

(natural disasters such as Hurricane Mitch or the 1976 earthquake or armed violence 

before the Peace Accords). Finally, the study found that most households that are 

vulnerable to consumption poverty are “chronically” vulnerable. This implies that 

the government has a role to play especially by concentrating on helping the poor to 

build up assets. 

Vulnerability is not confined to developing countries only as it also affects 

households living in the developed countries. In the literature, there are a number of 

studies have been conducted in the developed world on this issue.  

Rampini and Viswanathan (2009) for example did a study on U.S. households. 

According to this study, poor households and those who are financially constrained 

are found to be less insured against risks such as health risks or natural disaster as 

compared to richer and less financially constrained households. Likewise, De Mey et 

al. (2012) examined the concepts of operational, financial, total farm and household 

risk, using Belgian FADN data for the period 2005-2008. Further, using a stochastic 

simulation model on two typical Belgian dairy farms, the study showed that price, 

production and financial farm risks may have substantial adverse effects on 

household incomes, which farmers may not be aware of.  
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Meanwhile, Zaidi (2010) examined how age and the poverty risk is linked in selected 

EU countries, especially among the elderly (those aged more than 65 years). The 

study showed that on average, there is higher poverty risk rate for older people (19 

percent) as compared to those in working age group (15 percent). Latvia (51 

percent), Cyprus (49 percent), Estonia (39 percent) and Bulgaria (34 percent) are 

countries that are found to have the highest poverty risk rates for older people while 

Hungary (4 percent), Luxembourg (5 percent) and the Czech Republic (7 percent) 

have the lowest. It is also found that for some countries such as the Netherlands, the 

low poverty risk rates for older people is due to the existence of a good social safety 

net such as a basic pension. While in others such as Austria, it is because 

contribution to the pension plans has a strong redistribution element embedded in it. 

The studies examined above shows that there are various measures that can be used 

in order to examine the issue of vulnerability empirically. These studies also showed 

that the link between risks, vulnerability and poverty are dependent on a host of other 

factors most notable the characteristics of the households as well as the types of risks 

management strategies used. In the following section, we examined further the extent 

to which risk management strategies can have an impact on the link between risk, 

vulnerability and poverty.  

2.3 Empirical Studies on Risk Management Strategies 

When faced with a risk, households do not simply suffer from the consequences of 

the risk by doing nothing. In practice, households usually employ various types of 

strategies in order to cope with the shock or to mitigate the impact of the shocks. 

Several studies have been conducted empirically in order to see what are the 
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strategies used and how effective they are. Firstly the review has been conducted on 

the types of strategy used before examining the limitations of these arrangements. 

2.3.1 The Different Types of Risk Management Strategies 

Self or informal insurance is one the strategies used by households when faced with a 

risk. Most of the times, these strategies which are household or individually-based, 

involve the building-up of assets or savings known as precautionary savings. Jalan 

and Ravallion (2001) used panel data to examine behavioural responses of rural 

households to risks in China over the period 1985-1990. They revealed that 

households largely use precautionary savings to defend potential risk. In addition, 

Deaton (1991) showed that precautionary savings constitute a relatively effective, 

even though imperfect strategy for households in coping with income risk. In 

principal, self-insurance should be able to deal with any type of shock, provided that 

sufficiently large resources have been built up ex-ante.  

Many studies have found that the ability of poor households to cope with shock or 

risk is mostly determined by their assets (Alwang et al., 2001). Indeed, when faced 

with a shock that may result in fluctuating incomes, household can try to smooth 

their consumption by holding assets and by liquidating them when the shock occurs. 

In other words, households can protect themselves from risks, by accumulating 

assets in “good” years which can then be depleted in “bad” years.  There are a wide 

variety of forms that asset items for consumption smoothing can take including 

jewellery, houses, crop inventory, animals or land (Balisacan & Fuwa, 2007).  For 

example, Rosenzweig and Wolpin (1993) employed ICRISAT-VLS data for India 

and revealed that as a result of lack of credit and leasing markets some rural 

households buy bullocks, which are essential instruments of traction, and sell them to 
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get sufficient cash during the dry season for the purpose of smoothing consumption. 

A study by Lybbert and Carter (2009) examined the role of consumption shocks on 

livestock sales. The study uses data over the period 1981 to 1985 and used by the 

International Crop Research Institute for the Semi-Arid Tropics (ICRISAT) in rural 

Burkina Faso. The results of this study however show that the use of asset as a 

smoothing technique is subject to a certain asset thresholds. Their results suggested 

that households found below their estimated threshold have the tendency of enduring 

much relative consumption volatility than sell their asset in order to preserve their 

livestock holdings. However, those who are above the threshold are found to their 

livestock to buffer consumption shocks.  

Likewise, Kurosaki (2004) examines how rural dwellers in an area with high 

incidence of income poverty and low human development in Pakistan (more 

specifically, the Peshawar District of the North-West Frontier Province), deal with 

negative income shocks. His study employed a panel dataset that are taken from a 

household surveys conducted in the year of 1996 and 1999. The analysis conducted 

used qualitative information on subjective risk in order to approximate a linear 

function of households’ attributes. The author has controlled for the endogeneity 

problem of observed changes in income. It is found asset holding (in this case land) 

is one of the determinants of the capacity to deal with negative income shocks 

together with age and whether the households receive remittances regularly or not.  

Alamirew (2011) examined whether land management strategies in north central 

region of Ethiopia is determined by poverty and tenure risk/insecurity. A survey data 

comprising of 254 randomly selected farmers are used to estimate a multinomial 

logistic model. It is found that adoption of land management strategies are positively 

affected by human factors (i.e. population pressure or level of education), physical 
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factors (i.e. land or livestock holdings) as well as financial factors (i.e. access to asset 

or credit market). Furthermore, tenure risk/insecurity and poverty are found to have a 

significantly negative impact on land management strategies. 

Velasquez and Bahadur (2007) investigated the coping mechanisms against shocks 

applied by rural household and determined factors affect such mechanisms in 

Bolivia. Their study used panel dataset that are obtained from indigenous household 

survey in 2004 and 2005, and employed multinomial logistic model to determine 

factor affect coping mechanism. They revealed that there several ways of 

implementing the risk coping strategy. Households can employ the risk coping 

strategy by disposing savings and paying with commodity, selling of animals, 

increasing working days or increasing workloads (increase their labor market 

participation and/or change jobs) and soliciting for assistance from governments or 

NGOs. Noticeably, well-educated households are found of implementing the risk 

coping strategy through disposing of savings and selling of animals.  

Risk-coping strategies can also take the form of earning extra income though 

additional employment. In the literature, it is found that temporary wage income 

employment is one of the most commonly used instruments to smooth consumption 

when a shock occurs. For example, Takasaki et al. (2001) in a study on households 

in the Amazonian tropical forest, show that these households manage both 

idiosyncratic and systemic shocks by supplying labour, such as upland cropping and 

resource extraction. Kochar (1995) shows that in the ICRISAT villages, one of the 

key responses employed by the villagers to a shock is increased labour supply. 

Studies on coping strategies in case of famine also report regular attempts by 

affected households to earn additional income by reallocating their labour that 

includes temporary migration, earning income from gathering activities (such as 
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increased firewood collection) or collecting wild foods which is also used for own 

consumption. 

Alternatively, there are also instances whereby neighbours, relatives or kingroups are 

also involved in self and informal insurance arrangements (Fafchamps, 1992). These 

types of group-based insurance mechanisms are developed among members of a 

community or village so that they can support each other in case of hardship. Most of 

the times, these mechanisms are observed to be operated within the context of 

extended families, neighbourhood groups, ethnic groups and professional networks. 

It is noteworthy that these arrangements are only effective in insuring shocks that are 

affecting only some of the members but not to all (idiosyncratic shocks). They are 

obviously ineffective to deal with shocks that are commonly affecting all members of 

the group. In recent years, several studies have examined these mechanisms both 

theoretically and empirically mostly in Indian villages as well as in other settings 

(Lund & Fafchamps, 1997; Coate & Ravallion, 1993; Townsend, 1994). 

Formal insurance can also be used to manage risks. However, such strategy is 

seldom available in the rural areas of developing countries. And even if they do exist, 

they are too costly for the rural households to afford them. This point is highlighted 

in a study by Cole et al. (2012) in the Mahbubnagar and Anantapur districts of 

Andhra Pradesh, and the Ahmedabad, Anand, and Patandistricts of Gujarat. An 

innovative financial contract has been designed to provide insurance for rural Indian 

households against rainfall variation during the monsoon season which is one of the 

main exogenous sources of income risk affecting these villages. It is found that 

insurance demand is indeed significantly price sensitive. The price elasticity was 

found to be almost unity. Therefore price must be reduced to increase take-up of the 

scheme. However, even if price were reduced through mechanisms such as subsidies 
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or introduction of greater competition or efficiency, it would still be not enough to 

generate widespread adoption of the product by the households, at least in the short 

run. Indeed, it is found that in India even when premiums are set significantly below 

estimated expected payouts, most farmers still do not purchase insurance. 

Additionally, among insurance adopters, they generally purchase only a single policy 

that covers only a small fraction of mean agricultural income 

2.3.2 The Limitations of Risk Management Strategies 

Despite the wide array of risk management strategies that are available, their 

effectiveness in most cases remains limited as shown by various real world situation 

as well as academic studies on the area. For example, the large famines that affected 

the Horn in Africa in the mid-1980s clearly showed that there are limitations to these 

coping strategies. Rahmato (1991) has documented in detail the types of strategies 

that have been employed during the famines. And despite the complexity of these 

strategies, the outcomes were very dramatic. In another related study, Reardon, 

Delgado, and Matlon (1988) found that during the 1984 drought in the Sahel, the 

transfer channelled to affected households constituted only 3 percent of the losses 

sustained by the poorest households.  

The limitation of risk coping strategies especially, self and informal insurance are 

also revealed by recent crisis that struck East Asian countries. Indeed, it is found that 

large increases in consumption poverty have been reported. This is especially the 

case for rural households living in remote areas as well as those who depend heavily 

on transfers from their family members living in the urban areas. 

Risk coping strategies are thus typically insufficient. Even though empirical studies 

have consistently shown that households in poor developing areas are capable of 
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protecting themselves against a substantial fluctuation in their income, full insurance 

is seldom achieved (Kazianga & Udry, 2006). A study on India by Rosenzweig 

(1988) found that transfers amounted to less than 10 percent of the typical income 

shocks. Townsend (1994) reported that even though there is strong evidence of 

insurance (risk-sharing) in the ICRISAT villages, it is still only partial insurance, not 

full insurance.  

Some studies show that asset holding and asset liquidating is not an effective risk 

management strategies. Tai, Li, Feldman, and Gretchen (2010) for example, 

examined how effective are strategies of risk management employed by rural 

household in western China. A new model was presented on the basis of qualitative 

data analysis, and it was tested using quantitative data. Their findings indicated that 

selling physical assets was not a strategy to cope when risk hits. According to them, 

holding assets as a consumption smoothing strategy is not fully effective for various 

reasons. One of the most important factors is the fact that returns on assets are not 

stable over time as a result of macroeconomic shocks. However, it was found that 

income diversification, precautionary financial saving and informal social supports 

play important role as strategies to risk management. These strategies can be 

effective in lessening vulnerability to shocks. Therefore, strategies of risk 

management involve self-insurance, for example, precautionary assets and 

diversification of income; risk-sharing, for example, informal support, market and 

community organization; tools that relate assets of household, diversification of 

income and a risk-sharing strategy. Another study by Czukas, Fafchamps, and Udry 

(1998), also show little evidence of smoothing through sales of livestock.  

Dercon (2002) who studied the strategies employed by individuals or households in 

order to avoid consumption shortfalls due to an occurrence of a risk, have also 
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suggested that risk sharing or consumption smoothing have mostly been imperfect. 

According to the author, even though there are different strategies that can be used 

by households to manage risk such as income-based strategies, self-insurance and 

informal insurance arrangements or accumulation of assets, these households are 

somehow constrained in using these strategies. Income-based strategies are limited 

because of the entry-barriers that prevent poor households from venturing into 

profitable activities, leaving them no choice but to focus on low risk, low return 

activities. As for self-insurance, households may not be able to use it due to their 

limited access to assets. Furthermore, asset markets may function poorly when a 

crisis hits the household. Finally, informal insurance arrangements are affected by 

sustainability constraints resulting in the poor being excluded from these 

arrangements. Besides, these arrangements are of no use in the case of economy-

wide shocks.  

Typically, common, aggregate, economy-wide, and covariate risk and individual or 

idiosyncratic risk can be distinguished from one another. The former influences 

everyone in a specific community while the latter influences only a specific 

individual in a community. Indeed, if shocks come together, then coping becomes 

more complicated and difficult. This is shown for example by Alderman (1998) who 

found that in Pakistan, consumption smoothing is more difficult with successive 

shocks as compared with a single shock. Therefore, to understand the possibilities to 

deal with the consequences of a shock, we must first understand the nature of the 

shock. As discussed above, we can insure idiosyncratic shocks within a community, 

but that is not the case with common shocks. Since everybody is affected by the 

shock, the community simply cannot share the burden of the risk. In such 

circumstances, we usually have to rely on (formal or informal) transfers from outside 
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of the community. Another way is by relying on intertemporal transfers (through the 

use of individual or community-level savings). In practice, however, even within 

well-defined rural communities, not many risks are purely covariate or idiosyncratic.  

Other characteristics of risk that can influence the effectiveness of risk management 

strategies are the frequency of shocks and the repeated nature. Relatively small but 

frequent shocks such as transient illness are more easily to deal with compared to 

large and infrequent shocks such as disability or chronic illness. This is shown for 

example by Gertler and Gruber (1997) who found that in Indonesia, households in 

their sample can only cope with 30 percent of the low-frequency health shocks but 

with serious long term effects. However, these households can cope with 70 percent 

of the high-frequency but smaller health shocks.  

2.4 Conclusion  

This chapter reviews a wide range of issues on the fundamental aspect of risk, 

vulnerability, risk management strategies and poverty. The evidence gathered from 

this literature review postulated that to a certain extent, risks/shocks may exert a 

negative impact on household’s livelihood and poverty incidence. These studies also 

point to the importance of risk management strategies in mitigating these effects. 

Given these close relationships between risks, vulnerability and poverty especially 

for rural households, it is important that government in both the developed and 

developing world including Thailand incorporate these elements into its poverty 

eradication programs. However, as shown by the literature review, not much has 

been done regarding this issue within the context of Thailand. This literature review 

also provide us with a good understanding of the factors that influence households’ 

exposure to risks, the access to risk management strategies as well as the 
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effectiveness of these strategies. This information constitutes the backbone of the 

empirical analysis that is conducted in subsequent chapters. 
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CHAPTER THREE 

METHODOLOGY 

3.0. Introduction 

This chapter explains the methodology used for the study. The chapter consists of 

three sections as follows. This first section focuses on the description of the data 

namely the study area, data types and sources including sampling design and 

techniques. In the second section, the theoretical framework is presented followed by 

a description of the different models used for the study. The third section focuses on 

the operationalization and measurement of variables. Finally, the fourth section 

concludes. 

3.1 Data Presentation 

3.1.1 Study Area  

The research was conducted in Pattani province, which is one of the fourteen 

provinces of Southern Region of Thailand. It is subdivided to twelve districts namely  

Khok Pho, Nong Chik, Panare, Mayo, Thung Yang Daeng, Saiburi, Mai Kaen, 

Yaring, Yarang, Mae Lan, Kapho and Muang Pattani. Majority of the populations in 

Pattani are Malay Muslim that makes up almost 90 percent of the population. The 

Pattani Malays are very similar to the Malays of Kelantan both in term of its 

ethnicity and its culture. They speak the Pattani Malay language, although many also 

speak Thai. Geographically, the province of Pattani is situated on the south of 

Thailand near the border to Malaysia. It is surrounded on its north by the coast of the 

Gulf of Thailand (Figure 3.1 and 3.2).  

http://en.wikipedia.org/wiki/Amphoe_Khok_Pho
http://en.wikipedia.org/wiki/Amphoe_Nong_Chik
http://en.wikipedia.org/wiki/Amphoe_Panare
http://en.wikipedia.org/wiki/Amphoe_Mayo
http://en.wikipedia.org/wiki/Amphoe_Thung_Yang_Daeng
http://en.wikipedia.org/wiki/Amphoe_Sai_Buri
http://en.wikipedia.org/wiki/Amphoe_Mai_Kaen
http://en.wikipedia.org/wiki/Amphoe_Mae_Lan
http://en.wikipedia.org/wiki/Amphoe_Kapho
http://en.wikipedia.org/wiki/Kelantan
http://en.wikipedia.org/wiki/Yawi_language
http://en.wikipedia.org/wiki/Gulf_of_Thailand
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There are several reasons why this study is focused on the province of Pattani. The 

level of poverty incidence in Pattani is one of the highest in Thailand and it is also 

particularly high as compared to other provinces in the Southern Region. On average, 

the poverty incidence level in the Southern Region was lower than the national 

average of except three provinces of Narathiwat (24.73 percent), Pattani (33.39 

percent) and Yala (13.38 percent) in 2011; and it was higher than the national 

average of except these three provinces of Narathiwat (42.73 percent), Pattani (46.8 

percent) and Yala (21.93 percent) in 2012. However, recent years have seen poverty 

incidence improving better and faster in Narathiwat and Yala as compared to Pattani.  

Pattani is also one of the provinces in Thailand where the primary occupation of its 

rural population is agriculture. As discussed in our literature review, rural households 

especially those who are dependent on the agricultural sector are particularly 

vulnerable. Furthermore, Pattani is also one of the provinces that have suffered 

severely from the continuous turbulence between the government and the Muslim 

separatist group. This has contributed to a situation of increased risk and is impacting 

the livelihoods of local households, especially the poor ones.  

Given these circumstances, it will be interesting to examine further the poverty 

situation in Pattani in order to understand its roots and causes and how they may 

differ from other provinces. Also by bringing into our analysis the issue of risk and 

vulnerability, we may be able to provide an insight into the dynamics of poverty 

issue in this province and to what extent relevant authority may be able to change it.   
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Figure 3.1 

Location of the Study Area in Pattani Province, Southern Thailand   

Source: Pattani Provincial Governor’s Office, 2012 

 

 

Figure 3.2 

Locations of Survey Region and Districts in Pattani Province, Southern Thailand  

Source: Pattani Provincial Governor’s Office, 2012 
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3.1.2 Data Types and Sources 

The study used primary and secondary data. Primary data was collected using 

structured questionnaire (Appendix A) administered by the researcher and 

enumerators (as assistants in conducted the survey) in line with several other studies 

(e.g. Chaudhuri, 2003; Cole et al., 2012; Korir, Lagat, & Njehia, 2011; Pootichan, 

2009) after offering them adequate training. The questionnaire included items related 

to socio-demographic households characteristic such as gender, age, marital status, 

household member, occupation, education, house conditions, economic and financial 

situations such as their income, expenditures, savings and assets, access to credit, the 

types of shocks faced and the risk management strategies employed by them. The 

data/information obtained through the survey is complemented with secondary data 

obtained through official reports published by relevant agencies such as Department 

of Statistics, National Statistic office, Provincial Statistical Office and Department of 

Provincial Administration. The primary data collection was conducted between 

October 2013 and December 2013.  

For this study, a pre-test was conducted in order to ensure and to increase the validity 

and reliability of the questionnaire before it is distributed to respondents. It also helps 

to improve the understanding of potential respondents in the real survey. 

Improvement can be made in terms of wording used, context of questions and 

structure of questionnaires. Moreover, the pre-test would also allow the research to 

ensure accuracy, relevance, completeness, consistency and uniformity of the data 

collected. The pre-test in this study involves pilot test, content validity and face 

validity.  
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Pilot test was conducted on 30 respondents who were selected randomly from any 

households located in the rural area in Thailand just to get an idea about how 

questionnaire items are behaving. These respondents were not included in the study 

sample. The reliability of Cronbach's alpha coefficient is used to measure the attitude 

of the respondents rather than the real information as expected from them. It is also 

used when the data/question of any variables in the questionnaire are ordinal level, 

rating scale or quantitative data. However, this study could not report the Cronbach's 

alpha coefficient due to the fact that most of the questions have different 

components/items of each variable as shown in the nominal level as well as 

dichotomous answers. Also the types of questions presented in the questionnaire 

were not in the rating scale and for this reason, it made it impossible to check 

reliability using Cronbach's alpha value.  

Content validity was conducted using three experts in economics field from different 

universities in Thailand. They checked all variables and the contents of 

questionnaire. However, the results indicated that they were satisfied and no change 

was suggested concerning the questionnaire. As for the face validity, it was 

conducted on six respondents. It aimed to see the wording, understandability, 

coherence and any other concern. Their results showed that there was no issue 

pertaining to private concern while given the answer related to question like income, 

expenditures, savings, access to credit/loan, type of shocks faced, the risk 

management strategies employed by them, presented personal question, etc.  
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3.1.3 Population and Sampling Design  

The population of this study is households located in Pattani province. According to 

the Department of Provincial Administration, DOPA (2012), there are 167,310 

households who are currently living in Pattani province.  

This study employed Krejcie and Morgan (1970) to determine the sample size of the 

study. According to this approach, a sample of 357 households can be considered as 

sufficient to conduct this study. This is in line with Roscoe (1975) according to 

whom a sample size between 30 and 500 respondents is considered appropriate for 

conducting study on economic issues. Also, Alreck and Settle (1995) suggested 

1,000 participants as the upper limit for a sample. Therefore, for this study, a sample 

size of 600 households using a multi-stage sampling procedure is chosen.  

In choosing our sample, we first divided Pattani province into five regions namely: 

northern, southern, eastern, western, and central in line with Pootichan (2009). Each 

of these regions consists of several districts as shown in Table 3.1. Thereafter, from 

each of these five regions one district was randomly selected as shown in Table 3.2. 
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Table 3.1 

Region of the Target Area for Survey in Pattani Province 

Region Name of Districts 

Northern Muang Pattani, Nong Chik, Panare, Yaring 

Southern  Thung Yang Daeng, Kapho 

Eastern Mayo, Saiburi, Mai Kaen 

Western Khok Pho, Mae Lan 

Central Yarang 

Source: Provincial Statistical Office (2012) 

Table 3.2 

Sampling Frame 

Districts Number of villages 

Muang Pattani 66 

Thung Yang Daeng 23 

Mai Kaen 17 

Khok Pho 82 

Yarang 72 

Source: Provincial Statistical Office (2012) 

It was purposively decided (Korir et al., 2011) to select four villages from each of 

the five districts (Table 3.3) identified in the sampling frame. Systematic sampling 

was done to identify these four villages using n
th 

for each of the districts. The 

formula used in this study was as such: 

N
th =

        Total No. of villages in a district 

                No. of villages to be selected  

 

http://en.wikipedia.org/wiki/Amphoe_Mueang_Pattani
http://en.wikipedia.org/wiki/Amphoe_Khok_Pho
http://en.wikipedia.org/wiki/Amphoe_Nong_Chik
http://en.wikipedia.org/wiki/Amphoe_Panare
http://en.wikipedia.org/wiki/Amphoe_Mayo
http://en.wikipedia.org/wiki/Amphoe_Mayo
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Table 3.3 

Systematic Sampling of Villages (use formula, n
th

) 

Districts Number 

of villages 

n
th

 Name of villages 

Muang Pattani 66 16 Ban Sugaipanea, Ban Serahmala, 

Ban Kahong, Ban Taluboh 

Thung Yang Deang 23 6 Ban Lukmaipai, Ban Pamapraw, 

Ban Berange, Ban Kaudin 

Mai Kaen 17 4 Ban Koknibong, Ban Tachang, 

Ban Krachud, Ban Binya 

Khok Pho 82 21 Ban Kapoh, Ban Chang, Ban 

Selam, Ban Kuankalatong 

Yarang 72 18 Ban Kreseh, Ban Bukeh, Ban 

Tohtuwa, Ban Pongsango 

Source: Provincial Statistical Office (2012) 

As such, every sixteenth village was chosen from Muang Pattani, every sixth from 

Thung Yang Daeng, fourth from Mai Kaen, twenty-first from Khok Pho, and 

eighteenth from Yarang. 

Thereafter, in order to select the number of households from every village identified 

in Table 3.3, a proportionate sampling method was used which is shown in Table 3.4. 

 

 

 

 

 

http://en.wikipedia.org/wiki/Amphoe_Mayo
http://en.wikipedia.org/wiki/Amphoe_Mayo
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Table 3.4 

Data Sampling of Households 

Districts Villages Number of 

households 

Sampling size 

                          Rounded of figures       

Muang 

Pattani 

Ban Sugaipanea 366 (366/4,606)*600 = 48 

Ban Serahmala 303 (303/4,606)*600 = 39 

Ban Kahong 69 (69/4,606)*600 = 9 

Ban Taluboh 390 (390/4,606)*600 = 51 

Thung 

Yang 

Deang 

Ban Lukmaipai 458 (458/4,606)*600 = 60 

Ban Pamapraw 245 (245/4,606)*600 = 32 

Ban Berange 126 (126/4,606)*600 = 16 

Ban Kaudin 195 (195/4,606)*600 = 25 

Mai Kaen Ban Koknibong 310 (310/4,606)*600 = 40 

Ban Tachang 249 (249/4,606)*600 = 32 

Ban Krachud 135 (135/4,606)*600 = 18 

Ban Binya 102 (102/4,606)*600 = 13 

Khok Pho Ban Kapoh 169 (169/4,606)*600 = 22 

Ban Chang 125 (125/4,606)*600 = 16 

Ban Selam 185 (185/4,606)*600 = 24 

Ban Kuankalatong  198 (198/4,606)*600 = 26 

Yarang Ban Kreseh 211 (211/4,606)*600 = 28 

Ban Bukeh 208 (208/4,606)*600 = 27 

Ban Tohtuwa 250 (250/4,606)*600 = 33 

Ban Pongsango 312 (312/4,606)*600 = 41 

Total 4,606 600 

Source: Provincial Statistical Office (2012) 

http://en.wikipedia.org/wiki/Amphoe_Mayo
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As the sample size determined for this study was 600, it was divided proportionately 

for each village according to the number of households residing in those respective 

villages. It can be seen from the table 3.4 that 48 households are to be surveyed in 

Ban Sugaipanea, and so on. These households were randomly selected in line with 

Korir et al. (2011) and Pootichan (2009) as the villages under Pattani province are 

mostly disorganized and scattered without a proper pattern with many huts and 

dwelling units along with concrete houses spread all throughout. As such during data 

collection due attention was given so that all parts of every selected district is 

represented adequately. It should be noted here that household selection was done on 

the basis of randomness (Korir et al., 2011; Pootichan, 2009) rather than using 

classifications based on income, occupation, and other socio economic indicators due 

to complete unavailability of published data regarding these indicators. 
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3.2 Methodology 

3.2.1 Theoretical Framework 

Steaming from the literature as provided in the previous section, the theoretical 

framework of this study is presented as follow: 

 

 

 

 

 

 

 

 

 

 

Figure 3.3 

Theoretical Framework of the Study 

The first analysis of this study aims to examine exposure to shocks. First, descriptive 

statistics was used to examine the number of household exposed to shocks and the 

type of shocks faced. Second, using logistic regression model, investigation was 

conducted to understand the characteristics of those exposed to shocks such as socio-

economic and demographic variables i.e. gender of household head, age of 
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household head, education level of household head, size of the household, location of 

houses, house characteristics, and total income of the households.  

Next, this study examines the risk management strategies adopted by households. 

The issues that were analyzed here are the following:- Are the households capable of 

managing shocks? How do they manage the shocks?. Descriptive statistics such as 

frequency and percentage are used to identify risk management strategies of 

individual household. 

Finally, this study analyzes the impact of exposure to shocks on household’s 

livelihood in term of their asset, income, food consumption, education, health, 

psychological and social conditions using descriptive statistics and logistic 

regression model. In addition, this study also analyzes the impact of exposure to 

shocks on the level of vulnerability to poverty. For this purpose, this study estimates 

the vulnerability to poverty using Feasible Generalized Least Square (FGLS) 

technique. A Tobit model was also used to examine the impact of exposure to shocks 

on vulnerability to poverty. 

3.2.2 Descriptive Analysis 

The first analysis aims to examine exposure to shocks in general using descriptive 

statistics. By analyzing the socio-economic as well as demographics characteristics 

of the sampled households, this analysis will be able to provide an understanding on 

their exposure to shocks. The descriptive analysis will also discuss the strategies 

adopted by households exposed to shocks and their effectiveness. It will also provide 

some preliminary assessment on the capacity of the households sampled to face 

shocks based on their socio-economic background. The actual roles of the 
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governments in assisting households to manage shocks and the perception as well as 

the expectations of the households on how the role should be are also discussed.  

3.2.3 Analyzing Household’s Exposure to Shocks: The Logistic Regression 

Model 

The second analysis was conducted to understand the characteristics of those 

exposed to shocks such as socio-economic and demographic variable i.e. gender of 

household head, age of household head, education level of household head, size of 

the household, location of houses, house characteristics and total income of the 

households. This analysis seeks to provide with a measure of household’s inclination 

to be exposed to shocks. 

Logistic regression model is used in order to analyze the exposure of households to 

shocks. Logistic regression is actually a part of a group of statistical models known 

as the generalized linear models (Agresti, 1996). Logistic regression is a form of 

regression whereby the dependent variable is dichotomous. It is based on a binary 

logistic regression whereby the observed outcome can have only two possible 

alternatives such as “yes” or “no” or “zero” or “one”. However, the independents 

variables can be of any form.  

One main feature of the logistic model is the fact that the dependent variable is 

dichotomous. In other words, it can take the value 1 with a probability of , or the 

value 0 with probability of 1-. This type of variable is called a Bernoulli (or binary) 

variable. The logistic regression can also be extended to cases where there are more 

than two cases for the dependent variable. These are known as the multinomial or 

polytomous/polychotomous model (Tabachnick & Fidell, 1996). 
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In contrary to the dependent variables, the independent or predictor variables in 

logistic regression can take any form. There is no assumption made about the 

distribution of the independent variables. The independent variables are not required 

to be normally distributed or linearly related. The variance does not to be equal 

within each group. In logistic regression, the relationship between the dependent and 

independent variables is not linear. Instead, the following logistic function is used, 

which is the logistic transformation of :    

                                                                   (3.1)                                                                

Where  

 = the constant of the equation  

 = the coefficient of the predictor variables 

= independent variables 

θ = probability of the occurring event 

 = error term 

An alternative form of the logistic regression equation is: 

logit                                  (3.2) 

Since logistic regression calculates the probability or success over the probability of 

failure, the results of the analysis are in the form of an odds ratio.  In this study, 

logistic regression is used to examine the link between household characteristics in 

term of socio-economic status and demography and exposure to shocks which is 

explain further through mathematic equation. The independent variables included in 
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study were adopted/adapted from previous studies (Oni & Yusuf, 2008; Novignon, 

2010; Adepoju & Yusuf, 2012; Iqbal, 2013).  

Following equation 3.2, the equation (3.3) was subsequently estimated:- 

logit                (3.3)             

Where  

θ = probability of the occurring event 

1() = those who are exposed to shocks 

0() = those who are not exposed to shocks 

 = the constant of the equation  

1,…11 = the coefficient of the each predictor variables 

 = error term 

1,…, 11= independent variables which comprise of 1= gender of household head, 2= 

age of household head, 3= age squared of household head, 4= primary education of 

household head, 5= secondary education of household head, 6= tertiary education of 

household head, 7= size of the household, 8= location of houses (distance to the 

nearest town), 9= location of houses (distance to the nearest town) squared, 10= 

house characteristics (house condition), and 11= total income of the households. 

We will estimate six models. One model is to estimate the impact of exposure to 

shocks in general (HER) while in the other five, each represent exposure to five 

different types of shocks namely economic shocks (ER), health shocks (HR), life-

cycle shocks (LCR), natural shocks (NR) and social shocks (SR).  
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The logistic model has several specific tests to it which will be discussed in the 

subsequent sections.  

a. Wald test 

A Wald test is used to test the statistical significance of each coefficient () in the 

model. A Wald test calculates a Z statistic, which is:    

                                                                                                                 (3.4) 

The z value that is obtained from the formula above is then squared to yield a Wald 

statistic with a chi-square distribution. However, there are several problems that have 

been identified when we use the Wald statistic. For example, Menard (1995) warns 

that the Wald statistic (chi-square) value is seen to get lowered because when we 

have large coefficients, the standard error gets inflated. As for Agresti (1996), the 

author considers the likelihood-ratio test as a more reliable test for small sample 

sizes as compared to the Wald test. 

b. Likelihood-Ratio Test 

The likelihood-ratio test employs the ratio of the maximized value of the likelihood 

function for the full model (L1) to the maximized value of the likelihood function for 

the simpler model (L0). The test statistic of likelihood-ratio can be given as follows:    

                                                   (3.5) 
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This log transformation of the likelihood functions yields a chi-squared statistic. This 

is the recommended test statistic to use when building a model through backward 

stepwise elimination.      

c. Hosmer-Lemshow Goodness of Fit Test 

The Hosmer-Lemshow statistic evaluates the goodness-of-fit by creating 10 ordered 

groups of subjects and then compares the number actually in the each group 

(observed) to the number predicted by the logistic regression model (predicted). 

Thus, the test statistic is a chi-square statistic with a desirable outcome of non-

significance, indicating that the model prediction does not significantly differ from 

the observed.    

The 10 ordered groups are created based on their estimated probability. Those with 

estimated probability below 0.1 form one group, and so on, up to those with 

probability 0.9 to 1.0. Each of these categories is then further divided into two 

groups based on the actual observed outcome variable (success, failure). The 

expected frequencies for each of the cells are obtained from the model. If the model 

is good, then most of the subjects with success are classified in the higher deciles of 

risk and those with failure in the lower deciles of risk (Connor, 2006). 

3.2.4 Estimating the Impact of Exposure to Shocks on Household’s Livelihood: 

The Logistic Regression Model  

The logistic regression model is also used to analyze the impact of the exposure of 

households to shocks on the livelihood of the households. Following equation 3.2, 

the equation (3.6) was subsequently estimated:- 



93 
 

logit
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                                                                                                                                 (3.6)            

Where  

θ = probability of the occurring event 

1() = those who experienced impact on their livelihood 

0() = those who do not experience impact on their livelihood 

 = the constant of the equation  

1,…16 = the coefficient of the each predictor variables 

 = error term 

1,…, 16= independent variables which comprise of 1= gender of household head, 2= 

age of household head, 3= age squared of household head, 4= primary education of 

household head, 5= secondary education of household head, 6= tertiary education of 

household head, 7= size of the household, 8= location of houses (distance to the 

nearest town), 9= location of houses (distance to the nearest town) squared, 10= 

house characteristics (house condition), 11= total income of the households, 12= 

household exposure to economic shocks, 13= household exposure to health shocks, 

14= household exposure to life-cycle shocks, 15= household exposure to natural 

shocks, and 16=  household exposure to social shocks. 

There will be six types
7
 of impact that will be analyzed namely:-  

a. Asset 

                                                           
7
 Social impact is not analysed as the number of households who answered positively 

for this impact is too small. 
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b. Income  

c. Consumption  

d. Education  

e. Health  

f. Psychology  

The impacts above will be analyzed from the perspective of the following five 

groups of shocks. In other words, for each impact, there will be five models 

estimated each representing exposure to five different types of shocks namely 

economic shocks (ER), health shocks (HR), life-cycle shocks (LCR), natural shocks 

(NR) and social shocks (SR).  

3.2.5 Model to Measure Vulnerability to Poverty: Feasible Generalized Least 

Square Estimation (FGLS)  

Finally, this study analyzes the impact of exposure to shocks on household’s 

livelihood using logistic model. In addition, this study also takes a more dynamics 

view on the impact of exposure to shocks by examining it from the vulnerability to 

poverty perspective. The objective is to see to what extent the exposure to shocks 

influence household’s vulnerability to poverty. For this purpose, this study first 

estimates the level of vulnerability to poverty by using the FGLS technique. A Tobit 

model was then used to examine the impact of exposure to shocks on vulnerability to 

poverty. 

Vulnerability to poverty can be defined as the probability for a household or 

community to fall into poverty at least once in the next few years (Philip & Rayhan, 

2004). Therefore, vulnerability is an ex-ante or a forward-looking measure of the 

well-being of a household. One of the method mostly used by previous studies to 
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measure vulnerability to poverty is VEP and in order to measure VEP empirically, 

FGLS is employed (Sarris & Karfakis, 2010; Sricharoen, 2011; Gaiha & Deolalikar, 

1993; Chaudhuri et al., 2002; Chaudhuri, 2003; Christiaensen & Subbarao, 2005 and 

Gaiha et al., 2007). As such, this study will also measure vulnerability to poverty 

using FGLS in line with the aforesaid researchers. According to Chaudhuri (2003), 

the vulnerability level of a household h at time t can be defined as the probability for 

any welfare measure of a household to be below poverty line at time t +1:- 

                                                                                                (3.7) 

Where  

Vht  is vulnerability of household h at time t, 

Cht+1 is the household’s per-capita consumption level at time t +1  

z is the appropriate consumption poverty line. 

In general, there are a number of factors that determine a household’s consumption 

in any period of time. These factors include current income, the level of wealth, the 

household’s expectations of future income as well as the uncertainty that it may face 

with regard to its future income and the ability to smooth consumption when faced 

with various income shocks. In turn, all of these factors depend on a number of 

household characteristics and the environment such as socio-political or 

macroeconomic situation within which the households are situated. It should be 

noted that some of the household’s characteristics are observable and some are not.  

Conceptually, we can represent the consumption of a household in the following 

reduced form: 

 zCV htht  1Pr
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    (3.8) 

Where  

Xh = a vector of observable household characteristics,  

βt = a vector of parameters describing the state of the economy at time t,  

h = an unobserved time-invariant household-level effect  

ht = idiosyncratic shocks contributing to differential welfare outcomes for 

households that are otherwise observationally equivalent. 

In order to estimate vulnerability to poverty, this study uses cross-sectional data. 

However, when cross-section is used, we need to make a number of fairly stringent 

assumptions regarding the stochastic process that generate consumption.  

First, it is assumed that the stochastic process that generates the consumption of a 

household h is given by: 

                                                                                                 (3.9) 

Where  

ch = per capita consumption expenditure,  

Xh = a vector of observable household characteristics (e.g: location, household size,   

          educational of the household head) 

 = a vector of parameters,  

h = a mean-zero disturbance term that captures idiosyncratic factors (shocks) that   

         contribute to different per capita consumption levels for households that are  

         otherwise observationally equivalent. 

 hththht XcC  ,,,

hhh Xc  ln
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Besides that, the variance of h also depends on observable household characteristics. 

A simple parametric way to express this characteristic is to model the variance using 

the following linear functional form: 

                                                                                                        (3.10) 

β and θ are estimated through a three-step Feasible Generalized Least Squares 

(FGLS) method. In addition, we also use standard regression analysis based on 

Ordinary Least Squares (OLS) to obtain consistent and asymptotically efficient 

estimates of β and θ.  

Using the estimates �̂�and 𝜃 obtained by FGLS, we would be able to directly estimate 

expected log consumption as follows: 

                
(3.11) 

Meanwhile, the variance of log consumption for each household h is estimated as 

follows: 

                                                                           (3.12) 

By assuming that consumption is log-normally distributed which means that lnch is 

normally distributed, we can use these estimates to form an estimate of the 

probability that a household with the characteristics, Xh, refers to poor. In other 

words, it enables us to estimate the household’s vulnerability level. To put it 

differently, estimates of β and θ are used to calculate the probability that a household 

will be poor in the future.  

 hh X2

,

  FGLShhh XXcE ̂|lnˆ 

  FGLShhhh XXcV  
ˆ|lnˆ 2
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Since consumption is assumed to be log normal, the estimated conditional 

probability is given by: 

                                                            (3.13) 

Letting Φ denotes the cumulative density of the standard normal distribution. 

Where 

Vh= household’s vulnerability level 

ch = consumption level of household h 

Xh= vector of independent variables 

β = vector of respective parameters 

= variance of idiosyncratic and covariate variable 

h = error term 

z = consumption poverty line 

= expected log of consumption 

= expected variance of log consumption 

The estimates of the Feasible Generalized Least Square Estimation (FGLS) 

regression was applied to generate the probability of household vulnerability as 

identified in equation 3.13. The standard vulnerability threshold that is adopted in 

this study is 0.5 in line with Chaudhuri et al., (2002); Gaiha et al., (2007); Oni and 

Yusuf, (2006); Imai, Wang, and Kang (2009). Households will then be classified into 

their vulnerability status. First, a household is considered as vulnerable if the 

 


















^

^

^^ ln
  |lnlnPr





h

h

hhh

X

Xz
XzcV

2

,h

̂hX

̂hX



99 
 

household have an estimated of probability of falling into poverty in the near future 

or the vulnerability threshold is greater than 0.5 (as households with a 50 per cent or 

more chance of falling into poverty in the future). On the other hand, a household is 

considered as being non-vulnerable if an estimated of probability of falling into 

poverty in the near future or vulnerability threshold is less than 0.5 (Chaudhuri et al., 

2002; Pritchett, Suryahadi, & Sumarto, 2000). 

3.2.6 Analyzing the Impact of Exposure to Shocks on Vulnerability to Poverty: 

Tobit Model 

The Tobit model is a statistical model developed by James Tobin (1958) to estimate 

relationship between a non-negative dependent variable i and an independent 

variable (or vector) Xi. It is also known as a censored regression model designed to 

estimate linear relationships between variables when there is either left or right 

censoring in the dependent variable (also known as censoring from below and above, 

respectively (Parsad & Sanju, 2009).  

This study applies Tobit model to examine the impact of exposure to shocks on 

vulnerability to poverty of households in rural Pattani province by using the value of 

Vh estimated for each household from equation 3.13 as the dependent variable. The 

dependent variable has zero values for households below the vulnerability threshold 

which is indicative of censoring of an underlying variable and thus requires Tobit 

estimators (Wen, Kimiko, & Yuki, 2002). Tobit model has been greatly suggested 

for large applications wherein dependent variables can be observed to be zero for 

few persons in the sample (Parsad & Sanju, 2009).  

The Tobit model developed by Tobin (1985) and as adopted by Haddad and Ahmed 

(2003) and Omonona (2001) is shown as: 
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                                                                                                      (3.14) 

Where 

ij = estimated probability of household vulnerability  

β = vector of respective parameters 

i = independently distributed error term 

Xi = vector of independent variables, in this study Xi = 1-18 are: 

1= gender of household head, 2= age of household head, 3= age squared of 

household head, 4= primary education of household head, 5= secondary education 

of household head, 6= tertiary education of household head, 7= size of the 

household, 8= location of houses (distance to the nearest town), 9= location of 

houses (distance to the nearest town) squared, 10= house characteristics (house 

condition), 11= access to credit, 12= level of savings, 13= household exposure to 

shocks in general, 14= household exposure to economic shock, 15= household 

exposure to health shocks, 16= household exposure to life-cycle shocks, 17= 

household exposure to natural shocks, and 18= household exposure to social shocks. 

There will be six models estimated. One model is to estimate the impact of exposure 

to shocks in general (HER) while in the other five, each represent exposure to five 

different types of shocks namely economic shocks (ER), health shocks (HR), life-

cycle shocks (LCR), natural shocks (NR) and social shocks (SR). The results of these 

estimations are presented in Table 4.84.  

 

 

iiij XY  
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3.3 Operationalization and Measurement of Variables  

There are several terms that will be frequently used in this study. It is therefore 

important to clearly define as to the meanings that are referred to when these terms 

are mentioned in this study. The terms may be used to refer to other meanings in 

other circumstances than the context of this study. 

First, vulnerability is operationalized in this study as the possibilities and the chances 

of being materially poor in the future (Holzmann, 2003). Meanwhile, risk is defined 

as hazardous or harmful events in which it occurrence is potentially detrimental and 

can bare great negative consequences on individuals or households welfare 

(Chaudhuri et al., 2002; Dercon, 2002; Harrower & Hoddinott, 2004). In this study, 

the terms risks is therefore used to refer to any risky event in general. The terms 

shocks used to refer to a realised risk. Therefore, the term exposure to shocks used to 

refer to a situation whereby a household has experienced a shock. On the other 

hands, risk management strategies are mechanisms or tactics that are employed by 

households or individuals to reduce, prevent or mitigate the detrimental effect of a 

shock (Siegel & Alwang, 1999). Table 3.5 lists the references used in the 

identification of variables used in this study for measuring vulnerability, risk and 

household management of risks. 
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Table 3.5 

Reference to the Variables Used in This Study 

Constructs Sources 

Household demographic variables Sherina et al. (2004); Rungruxsirivorn (2007); 

Pootichan (2009); Schilderinck (2009); Seyi 

Olalekan et al. (2011); Sricharoen (2011) 

Income of Household Rungruxsirivorn (2007); Pootichan (2009); 

Tongruksawattana et al. (2010); Korir et al. 

(2011) 

Expenditure of household Rungruxsirivorn (2007); Pootichan(2009); 

Sricharoen (2011) 

House characteristics Pootichan (2009); Schilderinck (2009) 

Location/Facility Velasquez and Bahadur (2007); Seyi Olalekan et 

al. (2011)  

Savings and Assets Rungruxsirivorn (2007); Pootichan (2009); 

Korir et al. (2011); Sricharoen (2011) 

 

Access to credit/ Credit market Rungruxsirivorn (2007); Pootichan (2009); 

Schilderinck (2009); Korir et al. (2011) 

 

Social participation Pootichan (2009) 

Crisis/ Faced a problem (Risks) Abdul Rahman and Omar (2002); Sherina et al. 

(2004); Somchai and Richter (2007); Velasquez 

and Bahadur (2007); Rigg and Salamanca 

(2009); Tongruksawattana et al. (2010) 

Solution/Strategies for the 

crisis/problem faced by 

households (Risk Management 

Strategies) 

Snel and Staring (2001); Tesliuc and Lindert 

(2004); Velasquez and Bahadur (2007); 

Schilderinck (2009); Rigg and Salamanca 

(2009); Seyi Olalekan et al. (2011) 

 

 
 

Opinion on crisis/problem 

management 

Pootichan (2009); Schilderinck (2009) 
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The following are the description of dependent variables and independent variables 

in the Logit model, FGLS and Tobit model: 

i. Household demographic variables 

Gender is a dummy variable with given a value of one for male and zero for female. 

Age refers to age of household head in years. 

Education level is divided into four levels of education of household heads namely 

no education (base group), primary education, secondary education and tertiary 

education. No education refers to those without any formal education. Primary 

education refers to school attendance in primary education level. It is a dummy 

variable with given a value of one for household head with primary education level 

and zero for others education level. Secondary education refers to school attendance 

in secondary education level. It is also a dummy variable with given a value of one 

for household head with secondary education level and zero for others education 

level. As for tertiary education refers to attendance in tertiary education level 

(vocational, bachelor’s degree and higher than bachelor’s degree). It is a dummy 

variable with given a value of one for household head with tertiary education level 

and zero for others education level. 

Size of the household refers to the number of members/dependants in the family.  

ii. Income and Consumption 

Household income refers to the monthly total income of household from main 

employment, side income, transfer and other income in Baht. 
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Household’s consumption indicates monthly expenditure of household in terms of 

food and non-food (or others basic needs) items in Baht. 

iii. Housing Conditions and Facilities 

Location of house refers to distance to the nearest town (how far from town) in 

kilometres. 

House condition is a dummy variable representing the general condition of house 

with one representing poor house condition and zero good house condition. 

iv. Access to credit and Savings 

Access to credit denotes household access to credit. It is a dummy variables with 

one signifies access to credit and zero, no access to credit. 

Savings represents household savings. It is a dummy variable with one signifies 

savings and zero, no savings. 

v. Household exposure to risks/shocks, the impact of exposure to risks/shocks on 

household’s livelihood and vulnerability to poverty 

Household exposure to shocks (HER) refers to the household exposure to any type 

of shocks during the whole period of 2012. 

Household exposure to economic shock (ER) refers to household exposure to the 

following shocks during the whole period of 2012: 

- job losses,  

- reduction of salary,  

- business goes bankrupt/making losses 
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Household exposure to health shock (HR) refers to household exposure to the 

following shocks during the whole period of 2012:  

- households member/households member who work are sick/crippled,  

- households member/households member who work have accident 

Household exposure to life-cycle shock (LCR) refers to household exposure to the 

following shocks during the whole period of 2012: 

- households member/households member who work died,  

- households member/households member who work having marital problem 

such as divorce etc 

Household exposure natural shock (NR) refers to household exposed to natural 

shocks (e.g. destruction/infection of crops/livestock, death of livestock, flood, 

landslide, storm, fire and drought) during the whole period of 2012. 

Household exposure to social shock (SR) it refers to household exposure to the 

following shocks during the whole period of 2012:  

- turmoil,  

- theft/robbery/snatching,  

- victims of fraud,  

- other social problems such as rape/drugs/ run away from home etc 

The impact of shock on household’s asset refers to the impact of shocks on 

household assets holding (e.g. ruin/destruction/damage of house/rental house/shop, 

land, plantation/orchard, stock/bond, gold, truck/car/motorcycle, livestock such as 

cattle/goat etc.). 
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The impact of shock on household’s income denotes the impact of shock on 

household income (e.g. income loss). 

The impact of shock on household’s consumption denotes the impact of shock on 

household consumption (e.g. reduce quality/quantity of food consumption). 

The impact of shock on household’s education refers to the impact of shock on the 

education of children in the household (e.g. stop sending children to school). 

The impact of shock on household’s health refers to the impact of shock on the 

household health (e.g. worse health and no money for treatment). 

The impact of shock on household’s psychological refers to the impact of shock on 

the household psychological (e.g. level of stress). 

The impact of shock on household’s social refers to the impact of shock on the 

household social (e.g. have problem or dispute with the neighbors in the 

community). 

3.4 Conclusion 

This chapter explains the method and techniques used in this study.  The justification 

of the study area, the data types and the sources including population and sampling 

design are discussed. Data collection method is also presented in this chapter. The 

types of data analysis conducted in this study using namely the Logit model, FGLS 

and Tobit model were also discussed within the context of this study. 
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CHAPTER FOUR  

FINDINGS AND ANALYSIS 

4.0 Introduction  

This chapter presents and discusses the empirical results of our study. It provides 

estimated relationships of the model discussed in chapter three. The estimation 

procedure is discussed and the estimated results are evaluated. This chapter is 

organized in the following sections. In the first section, we examined the socio-

demographic characteristics of our respondents. The second section analyzed the 

types of shocks faced by the respondents and the coping mechanisms used by the 

respondents. The third section examined to what extent rural households could use 

these mechanisms to manage the occurrence of negative shocks using the categories 

of coping mechanism proposed by Holzmann (2001), the fourth section, we 

examined how rural households view the types of shocks that they will face in the 

future and how would they manage them. In the fifth section, we explored the 

relationship between household characteristics (such as socio-economic status and 

demography) and exposure to shocks. The sixth section analysed the impact of 

exposure to shocks on households’ livelihood. The measuring of vulnerability to 

poverty is presented in the seventh section. In the eighth seventh, we investigated the 

impact of exposure to shocks on vulnerability to poverty of households in rural 

Pattani province. Finally, the ninth section concludes.  
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4.1 Socio-Demographic-Economic Analysis of the Sample  

4.1.1 Basic Characteristics  

The following tables present the profile of the 600 respondents (rural households) 

interviewed in this study. The distribution of the respondents by gender is shown in 

Table 4.1. Almost 70 percent of the households are headed by a male while 30.7 

percent have a female head. Meanwhile, in term of religion, most of the respondents 

claimed to be Muslim with 93.3 percent and only 6.7 percent of them are Buddhist 

(Table 4.2). 

Table 4.1 

Head of Household’s Gender 

Gender Frequency Percent 

Male 416 69.3 

Female 184 30.7 

Total 600 100.0 

 

Table 4.2 

Head of Household’s Religion 

Religion Frequency Percent 

Islam 560 93.3 

Buddhist 40 6.7 

Total 600 100.0 
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Most of the households heads sampled in this study are relatively old. As can be seen 

in Table 4.3, approximately 32 percent of them were in the age group between 41-50 

years old while 10 percent of them are above 60 years old. Another 25.2 percent are 

in the age group of 31-40 years old. Only 12.8 percent of the sample is below the age 

of 30. 

Table 4.3 

Head of Household’s Age Group 

Age Group (Years Old) Frequency Percent 

<30 77 12.8 

31-40 151 25.2 

41-50 190 31.7 

51-60 122 20.3 

>60 60 10 

Total 600 100.0 

 

Table 4.4 shows the marital status of household heads. Almost 80 percent of our 

respondents are married with husbands and wives living together. Approximately, 19 

percent of the samples are widowed and only 2.3 percent of them are divorced. 
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Table 4.4 

Head of Household’s Marital Status 

Marital Status Frequency Percent 

Married and living together 459 76.5 

Married but separated 15 2.5 

Widowed 112 18.7 

Divorced 14 2.3 

Total 600 100.0 

 

In terms of education level of household heads (Table 4.5), 91 percent of the samples 

have undergone a formal education system, which means that less than 10 percent 

have never received any formal education. Most of the households head have 

relatively low level of education with more than 40 percent has primary school level 

of education and below (Table 4.6). Only 23.4 percent of the sample households 

head have a bachelor’s degree or above.  

Table 4.5  

Formal Education of Respondents 

Item Frequency Percent 

Yes 549 91.5 

No 51 8.5 

Total 600 100.0 
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Table 4.6 

Head of Household’s Education Level 

Education Level Frequency Percent 

Uneducated 42 7.0 

Primary school (grade 4 or 6) 202 33.7 

Junior high school (Mattayoom 3) 100 16.7 

Senior high school (Mattayom 6 or 5) 87 14.5 

Vocational, high vocational 20 3.3 

bachelor's degree 130 21.7 

Higher than bachelor's degree 10 1.7 

Informal Education 9 1.5 

Total 600 100.0 

 

In terms of type of employment (Table 4.7), most of the respondents (52 percent) of 

the sample are farmers/agriculturists/fishermen. This implies that economic activities 

in rural Thailand are still oriented towards the agricultural sector. This is followed by 

trader/own business (23.3 percent) and only 1.5 percent of them are private sector 

employees. 
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Table 4.7 

Type of Employment 

Type of Employment Frequency Percent 

Farmers/agriculturists/fishermen 312 52.0 

Government/state enterprise officials 86 14.3 

Private sector employees 9 1.5 

Construction/transportation worker/labor/housemaid 53 8.8 

Trader/own business 140 23.3 

Total 600 100.0 

 

The size of the household sampled and the various characteristics of the members of 

the household is shown in Table 4.8. As can be seen, most of the household members 

(HL2) are relatively big with 4-6 persons per household (50.3 percent) and 6.2 

percent of them have more than 10 members in the household. As for the number of 

children (HL3), most of them have less than 3 children per household (55.3 percent) 

and only 1.7 percent has more than 10 children per household. However, not all of 

the children are still living with their parents as shown by the number of children still 

living in the household (HL4). Most of the households have less than 3 children per 

household (73.2 percent) and only 0.5 percent has more than 10 children still living 

in the household. In the household where the member is less than 3 persons, result 

shows that 83.3 percent of them have children attending school (HL5). Also, where 

the number is greater than 10 persons, 0.3 percent of the total households in the 

sample have children attending school.  
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Table 4.8 

The Number of Household Members 

Item HL2
* 

HL3
*
 HL4

* 
HL5* 

 Freq. % Freq. % Freq. % Freq. % 

<3 persons 124 20.7 332 55.3 439 73.2 500 83.3 

 4-6 persons 302 50.3 204 34.0 134 22.3 87 14.5 

 7-9 persons 137 22.8 54 9.0 24 4.0 11 1.8 

>10 persons 37 6.2 10 1.7 3 0.5 2 0.3 

Total 600 100.0 600 100.0 600 100.0 600 100.0 

Note: 1. HL2
*
= household size (total number), HL3

*
= children, HL4

*
= number of   

               children living in household, HL5
*
= number of children attending school 

           2. Freq. = Frequency, % = Percent 

 

4.1.2 Income and Consumption  

Table 4.9 summarizes the level of income obtained from main employment of 

household head, spouse and others member in the households. Majority of the 

sampled households (47.2 percent) declared an income between 10,000 Baht and 

20,000 Baht per month which is lower than the national average monthly income of 

23,236 Baht per month as observed in 2011 (NSO, 2013). Approximately, 17 percent 

of the sample have an income less than 10,000 Baht per month and 4.3 percent 

earning less than 5,000 Baht per month. There are also only 2.2 percent of the 

households that are relatively well to do with an income of more than 50,000 Baht 

per month. 
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Table 4.9 

Income from Main Employment 

Income Group Frequency Percent 

0-4999 26 4.3 

5000-9999 74  12.3 

10000-19999 283 47.2 

20000-29999 132 22.0 

30000-39999 51 8.5 

40000-49999                           21   3.5 

 

>50000 13 2.2 

Total 600 100.0 

 

Apart from incomes earned from their major employment, some households also 

earn additional income from other additional economic activities (side income) or 

from non-economic activities (transfer and other incomes). Table 4.10 indicates that 

21.2 percent of the households have a side income. More than 90 percent of the 

households who claimed to have side income realized amount less than 10,000 Baht, 

while only 1.7 percent of them earned between 10,000 Baht to 20,000 Baht. 
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Table 4.10 

Side Income 

Income Group Frequency Percent 

0 473 78.8 

0-4999 79  13.2 

5000-9999   36 6.0 

10000-19999 10 1.7 

20000-29999 1 

 

0.2 

 

>30000 1 0.2 

Total 600 100.0 

 

As for transfer and other income (Table 4.11), only 20.3 percent of the households 

sampled have received a transfer income. However, the amount obtained was very 

low. Table 4.12 shows that more than 80 percent of those who obtained a transfer 

received less than 5000 Baht. Only 13 percent of them received more than 5000 Baht 

of transfer or other incomes. Monthly allowances sent by children to their parents, 

zakat or tithes payments, social assistance from the Social Welfare Department, 

pension, scholarships, share dividends and rentals constitute the households’ transfer 

income. As can be seen from Table 4.13, allowance from children to parents 

constitutes transfers income (60.7 percent) to most of households. This indicates the 

presence of social bonding in the rural area. The results concerning the level of 

income above indicate that nearly 50 percent of the respondents earn between 10,000 

Baht and 20,000 Baht per month and about 17 percent earn less than 10,000 Baht per 

month. However, Table 4.13 indicates that only 19.7 percent of those who received 

an income transfer (or 4 percent of the total sample) received assistance from the 

Social Welfare Department. Similarly, the households who received an income 
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transfer in the form of zakat payment are only 1.6 percent (or 0.3 percent of the total 

sample). Together, these findings indicate that main portion of the poor population in 

the rural area is been left out from obtaining any kind of government assistance.  

Table 4.11 

Transfer and Other Income 

Transfer and Other Income Frequency Percent 

Yes 

No 

122 

478 

20.3 

79.7 

Total 600 100.0 

 

Table 4.12 

Transfer and Other Income (by Income Group) 

Income Group Frequency Percent 

0 

0-4999 

478 

106 

79.7 

17.7 

5000-9999 

>10000 

  15 

1 

2.5 

0.2 

Total 600 100.0 
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Table 4.13 

Types of Transfer and Other Income 

Type of Transfer    Frequency Percent 

Children 

Zakat(religious tithe/alms) 

74   

2 

60.7 

 

1.6 

Social Welfare Department 24 19.7 

Pension 

Scholarship 

Share Dividend 

Rental 

9 

7 

 

5 

 

20 

7.4 

 

5.7 

 

4.0 

 

16.4 

 

The households’ total income in the study’s survey can be obtained by combining the 

three kinds of income, namely main income, side income and transfer income. As 

shown in Table 4.14, about 14.2 percent of the respondents earned less than 10,000 

Baht per month while four percent earned less than 5,000 Baht per month. Majority 

of them (44.7 percent) earned between 10,000 Baht to 20,000 Baht per month. Given 

the fact that the poverty line income level is 12,788 Baht per month/household in 

2012 (NSO, 2015), these findings show that the level of poverty incidence is 

relatively high in our sampled population. More precisely, the number of households 

earning less than the poverty line income level is 25.67 percent. Also there are 

relatively high numbers of the sampled households who earn an income closed to the 

poverty line income that makes them specifically vulnerable to poverty trap any time 

they are confronted with any kind of adverse shocks.  
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Table 4.14  

Total Household Income 

Income Group Frequency Percent 

0-4999 24 4.0 

5000-9999 61  10.2 

10000-19999 268 44.7 

20000-29999 

30000-39999 

40000-49999                                                              

>50000 

152 

52 

 

30                       

 

13 

25.3 

 

8.7 

 

5.0 

 

2.2 

Total 600 100.0 

 

Table 4.15 shows the expenses of the households in terms of monthly consumption 

on food, clothing, housing, medical treatment, education, traveling, electricity and 

water supply bills, house telephone and mobile phone bills, individual expense, 

entertainment, lottery/gambling, cigarette. Table 4.15 shows besides food, other 

major expenditure are electricity and water supply bills (98.8 percent), for individual 

expense (98.1 percent), house telephone and mobile phone bills (92.1 percent), 

traveling (85.3 percent), education (76 percent) and clothing (73.8 percent). Only a 

few households allocated their income for entertainment (6.5 percent) and lottery or 

gambling (0.17 percent). Together, these findings imply that households in the rural 

Pattani province spent most of their income on basic needs in order to sustain their 

livelihood. 
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Table 4.15 

Types of Expenses on Consumption 

Types of Expenses on Consumption    Frequency Percent 

Food 600 100.0 

Clothing 443 73.8 

Housing 110 18.3 

Medical treatment 251 41.8 

 

Education 456 76.0 

Traveling 512 85.3 

Electricity, water supply bills 593 98.8 

House telephone, mobile phone bills 553 92.1 

Individual expense 589 98.1 

Entertainment 39 6.5 

Lottery, gambling 1 0.17 

Cigarette 154 25.7 

 

If we look at the amount of money spent by type of expenses, again stated above, the 

sampled households spent mostly to buy foods with more than 83 percent of them 

spending at least 3000 Baht for it (Table 4.16). Another major expenditure is 

education with 51.5 percent of them spending more than 3000 Baht for education 

monthly. As for clothing, housing, medical treatment and traveling, most of sampled 

households (71.5 percent, 15.8 percent, 41.3 percent, and 78.7 percent, respectively) 

spent less than 3,000 Baht per month. In the case of electricity and water supply bills, 

house telephone and mobile phone bills and individual expense (such as soap, 

toothpaste, sanitary napkin, etc.), more than 90 percent of households claimed to 

have spent less than 3,000 Baht per month.  
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Table 4.16 

Amount Spent by Type of Expenses  

Expenses Group/ 

Type of Expense 

 on Consumption  

0 0-2999 3000-5999 >6000 

Freq. % Freq. % Freq. % Freq. % 

Food 0 0.0 98 16.3 349 58.2 153 25.5 

Clothing                          157 26.2 429 71.5 14 2.3 0 0.0 

Housing 490 81.7 95 15.8 11 1.8 4 0.7 

Medical treatment 349 58.2 248 41.3 3 0.5 0 0.0 

Education 144 24.0 147 24.5 207 34.5 102 17 

Traveling 88 14.7 472 78.7 32 5.3 8 1.3 

Electricity, water 

supply bills 

7 1.2 590 98.3 3 0.5 0 0.0 

House telephone, 

mobile phone bills 

47 7.8 551 91.8 2 0.3 0 0.0 

Individual expense 11 1.8 578 96.3 10 1.7 1 0.2 

Entertainment 561 93.5 38 6.3 1 0.2 0 0.0 

Lottery, gambling 599 99.8 1 0.2 0 0.0 0 0.0 

Cigarette 446 74.3 154 25.7 0 0.0 0 0.0 

 

By combining all types of expense on consumption, the total consumption of the 

households sampled is obtained as shown in Table 4.17. As can be seen, about 35 

percent of the respondents spent less than 9,000 Baht per month while 1.7 percent 

spent less than 3,000 Baht per month. While 24.5 percent of respondents spent 

between 9,000 Baht to 12,000 baht per month. It also shows that 40.8 percent of 

respondents have a monthly expenditure of more than 12,000 Baht.  
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Table 4.17 

Total Consumption 

Expense Group  Frequency Percent 

0-2999   10 1.7 

3000-5999 79 13.2 

6000-8999 119 19.8 

9000-11999 147 24.5 

>12000 245 40.8 

Total 600 100.0 

 

In addition, households also had non-consumption expenditure in the form of debt 

payment. As shown in Table 4.18, 41.5 percent of households sampled have debt 

payment to be made every month. In term of the amount of monthly debt payment, 

Table 4.19 shows that 20.7 percent of the households spent less than 3,000 Baht per 

month on this item. Only very few of the households (1.5 percent) spent more than 

12,000 Baht per month on debt payment. This indicates that the debt burden of the 

sampled households can be considered as relatively low.  
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Table 4.18 

Debt Payment 

Debt Payment Frequency Percent 

Yes 

No 

249 

351 

41.5 

58.5 

Total 600 100.0 

 

Table 4.19 

Debt Payment (by Payment Group) 

Payment Group Frequency Percent 

0   351 58.5 

0-2999 124 20.7 

3000-5999 70 11.7 

6000-8999 27 4.5 

9000-11999 19 

 

3.2 

 

>12000 9 

 

1.5 

Total 600 100.0 

 

4.1.3 Housing Conditions and Facilities 

Table 4.20 summarizes the house conditions in term of roof, wall, and floor. From 

the results, most of the households’ houses (95.7 percent) have their roof made from 

tile. In term of wall and floor of their houses, about 66.5 percent and 40.7 percent of 

houses are made from cement, respectively. As can be seen from Table 4.21, the 

general conditions of households’ house are good (76.2 percent). About 13.3 percent 

of the general conditions of their houses are categorized as poor while another 1.3 

percent as very poor. 
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Table 4.20 

House Characteristics in term of Roof, Wall and Floor 

House  

Characteristics 

Roof Wall Floor 

Freq. % Freq. % Freq. % 

Tile 574 95.7 0 0.0 0 0.0 

Thatch 2 0.3 0 0.0 0 0.0 

Zinc 23 3.8 68 11.3 0 0.0 

Canvas 1 0.2 4 0.7 0 0.0 

Wood 0 0.0 129 21.5 147 24.5 

Cement 0 0.0 399 66.5 244 40.7 

Ground 0 0.0 0 0.0 10 1.7 

Polished stone 0 0.0 0 0.0 23 3.8 

Glazed tile 0 0.0 0 0.0 176 29.3 

Total 600 100.0 600 100.0 600 100.0 
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Table 4.21 

General Condition of House 

General Condition of House Frequency Percent 

Very Poor 

Poor 

Good 

Very good 

Total 

8 

80 

457 

55 

600 

1.3 

13.3 

76.2 

9.2 

100.0 

 

In term of number of rooms in the households’ house (Table 4.22), 43.7 percent of 

the samples have between 3-4 rooms in the house. There are also a few households 

who have more than 7 rooms in the house.  

Table 4.22 

Number of Rooms 

Number of Rooms Frequency Percent 

0-2 

3-4 

5-6 

>7 

Total 

229 

262                                                       

97 

12 

600 

38.2 

43.7 

16.2 

2.0 

100.0 

 

In term of facilities such as electricity, water, toilet and type of fuel for cooking, 

Table 4.23 shows that most of the households’ houses have electricity and water to 

use in their houses. For the toilet location of households’ houses, 80 percent has 

located toilet inside the house, which means that 20 percent have located toilet 

outside the house. Most of households’ houses (92.7 percent) in the sample use 
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gas/electric as a fuel for cooking. There are also few households who use woods and 

gasoline as a fuel for cooking.  

Concerning the type of equipment in the households’ houses (Table 4.24), more than 

90 percent of the households have refrigerator, television and telephone (mobile). 

About 68.5 percent and 48 percent of them have washing machine and radio, 

respectively. Also a few households have other equipment in their houses such as 

computer, air conditioner, iron, microwave, mower, rice cooker, kettle, water filter, 

vacuum, oven, sewing machine, etc.  
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Table 4.23 

Facilities (Electricity, Water, Toilet and Type of Fuel for Cooking) 

Facilities Electricity
 

Water Toilet Location Type of Fuel use for Cooking
 

 Freq. % Freq. %  Freq. %  Freq. % 

Yes 600 100.0 598 99.7 Inside the house 476 79.3 Gas/Electric 556 92.7 

 

No 

 

0 

 

0.0 

 

2 

 

0.3 

 

Outside the      

 house 

 

124 

 

20.7 

 

Woods 

 

34 

 

5.7 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Gasoline 

 

10 

 

1.7 

Total 600 100.0 600 100.0 Total 600 100.0 Total 600 100.0 
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Table 4.24 

Type of Equipment 

Type of Equipment Frequency Percent 

Refrigerator 

Television 

Telephone (mobile) 

Washing machine 

Radio 

Other equipment  

553 

578 

570 

411 

288 

84 

92.2 

96.3 

95.0 

68.5 

48.0 

14.0 

 

In terms of the location of households’ houses (Table 4.25), more than 70 percent of 

households’ houses are located near to a town with as distance of less than 10 km. 

Most of them have also police station and hospital located nearby (less than 10 km). 

Only a few households’ houses are located quite far away from a town, police station 

and hospital (more than 30 km). The majority of the sampled households also have 

access to public transport (Table 4.26). However, it should be noted that there are 

almost 40 percent of them who have no access to these services. 
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Table 4.25 

Location of House 

Location of House Distance to the 

nearest Town 

Distance to the 

nearest Police 

Station 

Distance to the 

nearest Hospital 

Freq. % Freq. % Freq. % 

<10 Kilometres 451 75.2 480 80.0 458 76.3 

11-20 Kilometres 103 17.2 99 16.5 100 16.7 

21-30 Kilometres 15 2.5 18 3.0 39 6.5 

>30 Kilometres 31 5.2 3 0.5 3 0.5 

Total 600 100.0 600 100.0 600 100.0 

 

Table 4.26 

Transportation 

Bus/public Transport 

servicing the Route 

Frequency Percent 

Available 

Not available 

Total 

371 

229 

600 

61.8 

38.2 

100.0 

 

Together, these findings indicate that most of the sampled households have a 

relatively good living condition located near a town with easy access to public 

transportation and basic facilities such as water and electricity. However, there are 

some households have poor housing conditions and inadequate facilities. 
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4.2 Exposure to Shocks and Risk Coping/Management Strategies  

One of the objectives of this study is to examine households’ exposure to shocks in 

the rural area in Pattani province, Thailand. The respondents have been asked 

whether they have experienced any type of shocks during the whole period of 2012. 

The respondents’ answers to those questions are discussed in the following sub-

sections.  

4.2.1 Types of Shocks  

The distribution of respondents faced with any type of shocks during the whole 

period of 2012 is presented in Table 4.27. The majority of the respondents (64.7 

percent) did not face any shocks during the period. Only 35.3 percent of our samples 

have experienced at least a shock. The types of shocks faced by these households are 

listed in Table 4.28.  

Table 4.27 

Shocks Faced by Households in 2012 

Shocks Faced by Households in 

2012 

Frequency Percent 

Yes 212 35.3 

No 388 

 

64.7 

Total 600 100.0 
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It can be noticed that in 2012, respondents encountered quite different kinds of 

shocks. Turmoil is the shocks which impacted on the larger number of respondents 

with 15.2 percent of the total respondents. The respondents seem to be affected by 

different kind of turmoil arising from political, economic and social aspect. Other 

types of shocks that have a relatively higher number occurrence are flooding (13.5 

percent), reduction of salary (11.7 percent), job losses (6 percent), households 

member are sick/crippled (5.6 percent), social problems such as rape/drugs/run away 

from home, etc. (5.6 percent), business bankrupt/losses (4.7 percent) and drought 

(4.6 percent). In addition, results show that majority of the shocks (30.4 percent) 

encountered by households are covariate in nature as it affected all households living 

within the same area. 

The types of shocks can be further group into seven categories as per Holzmann and 

Jorgensen (2000) namely natural shocks, health shocks, life-cycle shocks, social 

shocks, economic shocks, political shocks and environmental shocks. Table 4.28 

summarizes the types of shocks faced according to these categories. Since the 

respondents may face more than one type of shocks, the total responses for all 

categories are more than the number of households sampled.  

Table 4.28 shows that there are five major types of shocks frequently encountered in 

rural area in Pattani province: natural shocks, health shocks, life cycle shocks, social 

shocks and economic shocks. It also shows that natural shocks is the most common 

shocks faced by these households. 
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Table 4.28 

Types of Shocks Faced by Households in 2012 and Shocks Categories 

Types of Shocks Freq. % Category Freq. % 

 

Job losses 37 6.0 Economic 

Shocks 

138 22.5 

Reduction of salary 72 11.7 

Business Bankrupt/losses 29 4.7 

Households member who work 

are sick/crippled 

24 3.9 Health 

Shocks 

86 14.0 

Households member are 

sick/crippled 

34 5.6 

Households member who work 

have accident 

9 1.5 

Households member have 

accident 

19 3.1 

Households member who work 

died 

8 1.3 Life-cycle 

Shocks 

51 8.3 

Households member died 24 3.9 

Marital problems (divorce etc.) 19 3.1 

Destruction of crops/livestock 22 3.6 Natural 

Shocks 

187 30.4 

Infection of crops/livestock 10 1.6 

Death of livestock 21 3.4 

Flood 83 13.5 

Landslide 7 1.1 

Storm 14 2.3 

Fire 2 0.3 

Others Shocks/Crisis 

(Drought) 

28 4.6 

Turmoil 93 15.2 Social 

Shocks 

 

 

152 

 

 

24.8 

Theft/robbery/snatching 18 2.9 

Victims of fraud 7 1.1 

Social problems (rape/drugs/ 

run away from home etc.) 

34 5.6 
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The respondents have also been asked to select at least two shocks which have the 

largest effect on the economy/financial conditions of their family during the whole 

period of 2012 (Table 4.29). Reduction of salary and job loss are the two most 

selected as a first type of shocks with 23.1 percent and 15.1 percent respectively. As 

for the second type of shocks, turmoil and flooding are the most selected as having 

the largest effect on the economy/financial conditions to their family with 29.7 

percent and 22.6 percent, respectively.  
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Table 4.29 

Types of Shocks Faced by Households in 2012 (Opted as First Shocks and Second  

Shocks) 

Types of Shocks Opted as 1
st
 Shocks 

 

Opted as 2
nd

 Shocks 

Freq. % 

 

Freq. % 

Job losses 32 15.1 0 0 

Reduction of salary 49 23.1 8 3.8 

Business Bankrupt/ losses 15 7.1 6 2.8 

Households member who work are 

sick/crippled 

13 6.1 3 1.4 

Households member are 

sick/crippled 

15 7.1 5 2.4 

Households member who work 

died 

5 2.4 3 1.4 

Households member died 13 6.1 3 1.4 

Households member who work 

have accident 

1 0.5 2 0.9 

Households member have accident 11 5.2 3 1.4 

Marital problems (divorce etc.) 9 4.2 5 2.4 

Destruction of crops/ livestock 7 3.3 4 1.9 

Infection of crops/ livestock 1 0.5 5 2.4 

Death of livestock 7 3.3 3 1.4 

Flood 19 9.0 48 22.6 

Landslide 0 0.0 4 1.9 

Storm 0 0.0 6 2.8 

Fire 1 0.5 0 0.0 

Turmoil 12 5.7 63 29.7 

Theft/robbery/snatching 2 0.9 10 4.7 

Victims of fraud 0 0.0 5 2.4 

Social problems (rape/drugs/run 

away from home etc.) 

0 0.0 26 12.3 
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The respondents were also asked about the effects of the shocks on their asset, 

income, food consumption, education, health, psychological and social. Results in 

Table 4.30 indicate that 34.1 percent of households who encountered a shock 

claimed that their incomes have been affected by the shocks while 16.6 percent of 

households have their assets affected by the shocks. Other 9.1 percent of the 

households have their food consumption affected by the shocks, 6.1 percent of the 

respondent affected by the shocks on the education of their children (stop sending 

children to school), 13.2 percent of the respondents affected by the shocks on their 

health (worse health and no money for treatment), 19.5 percent of the respondents 

affected by the shocks on their psychological (stress). Finally, there are 1.4 percent 

of the respondents affected by the shocks on their social (have problem or dispute 

with the neighbors in the community). 

Table 4.30 

Effects of the Shocks 

Types of Effect Frequency Percent 

Asset 73 16.6 

Income 150 34.1 

Food consumption  40 9.1 

Education 27 6.1 

Health 58 13.2 

Psychological 86 19.5 

Social 6 1.4 
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Table 4.31 shows that the types of effects by types of shocks faced by the 

respondents. It provides us with an idea on what types of shocks have a more severe 

impact on the income, asset, food consumption, education, health, psychological or 

social, and which type of shocks can be considered more benign. As can be seen, 

most of the shocks selected by respondents as a first shock have an impact on the 

income, asset, food consumption, education, health, psychological or social of those 

who faced the shocks. For example, all household who reported having experienced 

shocks have their assets or incomes affected by the shocks. The effect of fire, death 

of livestock, households member who work have accident, job losses and business 

bankrupt/losses on asset or income of households are 100 percent, 53.8 percent, 50 

percent, 41.5 percent and 40.6 percent, respectively. Other types of shocks also have 

psychological effect. Theft/robbery/snatching, turmoil and marital problem (divorce 

etc.) on psychological of households are 50 percent, 39.1 percent and 35.3 percent, 

respectively. However, the Table 4.31 also shows that for specific kind of shocks 

such as family, sick/cripple, and death of family, or of a working class household 

member, the effect on their income, asset, food consumption, education, health, 

psychological and social seems to be less. 

For the second type of shocks selected by the respondents, Table 4.32 also shows the 

effects of these shocks faced by the respondents and its impact on their income, 

asset, food consumption, education, health, psychological or social. As can be seen, 

all household who reported having experienced shocks have their income affected by 

the shocks. For example, households member who have accident (60 percent), 

infection of crops/livestock (50 percent), death of livestock and households member 

died (42.9 percent), and reduction of salary (40 percent). Other types of shocks such 

as business bankrupt/losses, flooding, landslide, storm, turmoil, 
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theft/robbery/snatching, victim of fraud, and social problems (rape/drugs/run away 

from home etc.), the impact on their asset, food consumption, education, health, 

psychological and social seems to be less. 
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Table 4.31 

Types of Shocks Faced in in 2012 and Effects of Shocks (Opted First Shocks) 

Type of Shocks Asset Income Food 

Consumption  

Education Health Psychological Social Total
 

Freq. % Freq. % Freq. % Freq. % Freq. % Freq. % Freq. % 

Job losses 10 15.4 27 41.5 8 12.3 7 10.8 3 4.6 9 13.8 1 1.5 65 

Reduction of salary 15 15.3 39 39.8 13 13.3 6 6.1 11 11.2 13 13.3 1 1.0 98 

Business Bankrupt/losses 7 21.9 13 40.6 1 3.1 1 3.1 2 6.3 8 25.0 0 0.0 32 

Households member who work 

are sick/crippled 

2 6.3 9 28.1 3 9.4 4 12.5 7 21.9 7 21.9 0 0.0 32 

Households member are 

sick/crippled 

5 15.2 6 18.2 3 9.1 3 9.1 8 24.2 7 21.2 1 3.0 33 

Households member who work 

died 

1 7.1 4 28.6 1 7.1 2 14.3 3 21.4 3 21.4 0 0.0 14 

Households member died 5 20.8 6 25.0 1 4.2 1 4.2 5 20.8 5 20.8 1 4.2 24 

Households member who work 

have accident 

1 50.0 1 50.0 0 0.0 0 0.0 0 0.0 0 0.0 0 0.0 2 

Households member have 

accident 

3 10.7 10 35.7 1 3.6 1 3.6 7 25.0 6 21.4 0 0.0 28 

Marital problems (divorce etc.) 3 17.6 5 29.4 0 0.0 0 0.0 2 11.8 6 35.3 1 5.9 17 

Destruction of crops/livestock 4 28.6 5 35.7 2 14.3 0 0.0 0 0.0 3 21.4 0 0.0 14 

Infection of crops/livestock 0 0.0 1 33.3 0 0.0 1 33.3 1 33.3 0 0.0 0 0.0 3 

Death of livestock 1 7.7 7 53.8 3 23.1 0 0.0 1 7.7 1 7.7 0 0.0 13 

Flood 10 27.0 11 29.7 4 10.8 0 0.0 4 10.8 7 18.9 1 2.7 37 

Fire 1 100.0 0 0.0 0 0.0 0 0.0 0 0.0 0 0.0 0 0.0 1 

Turmoil 5 21.7 5 21.7 0 0.0 1 4.3 3 13.0 9 39.1 0 0.0 23 

Theft/robbery/snatching 0 0.0 1 25.0 0 0.0 0 0.0 1 25.0 2 50.0 0 0.0 4 
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Table 4.32 

Types of Shocks Faced in 2012 and Effects of Shocks (Opted Second Shocks) 
Types of Shocks Asset Income Food 

Consumption  

Education Health Psychological Social Total
 

Freq. % Freq. % Freq. % Freq. % Freq. % Freq. % Freq. % 

Reduction of salary 4 20.0 8 40.0 4 20.0 2 10.0 1 5.0 1 5.0 0 0.0 20 

Business Bankrupt/losses 2 15.4 5 38.5 2 15.4 1 7.7 0 0.0 3 23.1 0 0.0 13 

Households member who work are 

sick/crippled 

1 14.3 2 28.6 1 14.3 1 14.3 2 28.6 0 0.0 0 0.0 7 

Households member are sick/crippled 1 7.1 5 35.7 2 14.3 1 7.1 3 21.4 2 14.3 0 0.0 14 

Households member who work died 1 14.3 2 28.6 1 14.3 0 0.0 1 14.3 2 28.6 0 0.0 7 

Households member died 0 0.0 3 42.9 2 28.6 1 14.3 1 14.3 0 0.0 0 0.0 7 

Households member who work have 

accident 

1 33.3 1 33.3 0 0.0 0 0.0 1 33.3 0 0.0 0 0.0 3 

Households member have accident 1 20.0 3 60.0 0 0.0 0 0.0 1 20.0 0 0.0 0 0.0 5 

Marital problems (divorce etc.) 1 8.3 2 16.7 2 16.7 1 8.3 1 8.3 4 33.3 1 8.3 12 

Destruction of crops/livestock 3 33.3 3 33.3 1 11.1 1 11.1 1 11.1 0 0.0 0 0.0 9 

Infection of crops/livestock 2 25.0 4 50.0 1 12.5 0 0.0 0 0.0 1 12.5 0 0.0 8 

Death of livestock 1 14.3 3 42.9 1 14.3 1 14.3 1 14.3 0 0.0 0 0.0 7 

Flood 20 19.0 36 34.3 8 7.6 6 5.7 18 17.1 16 15.2 1 1.0 105 

Landslide 1 11.1 2 22.2 0 0.0 2 22.2 2 22.2 2 22.2 0 0.0 9 

Storm 3 27.3 3 27.3 2 18.2 1 9.1 0 0.0 1 9.1 1 9.1 11 

Turmoil 15 11.6 48 37.2 10 7.8 6 4.7 15 11.6 34 26.4 1 0.8 129 

Theft/robbery/snatching 4 23.5 4 23.5 0 0.0 0 0.0 3 17.6 5 29.4 1 5.9 17 

Victim of fraud 3 25.0 2 16.7 0 0.0 0 0.0 3 25.0 4 33.3 0 0.0 12 

Social problems (rape/drugs/  

 run away from home etc.) 

9 20.0 14 31.1 3 6.7 3 6.7 4 8.9 11 24.4 1 2.2 45 
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The degree of shocks’ impact on the respondents’ livelihood was investigated by 

considering the respondents’ economic situation at the onset of the shocks. Results in 

Table 4.33 indicate that the shocks have negative impact on the livelihood of the 

affected households as more than 40 percent of them claimed that their economic 

situation had become worse after the shocks. Only about 32.5 percent of them 

reported that somehow, the shocks had bettered their economic situation as compared 

to their situation prior the shocks occurred. 

Table 4.33 

Economic Situation after Shocks 

Economic Situation Frequency Percent 

Better 69 32.5 

Worse 96 45.3 

No Change 47 22.2 

Total 212 100.0 

 

The effect of shocks on the economic situation of the households affected also differs 

according to the types of shocks. This is shown in Table 4.34. For some shocks, the 

effect is more devastating to the household affected and for others, only few 

households have seen their economic situation affected. For example, for the first 

shock selected by the households such as household’s member have accident, 

households member who work died, marital problems (divorce etc.), destruction of 

crops/livestock, and theft/robbery/snatching, more than 60 percent of the households 

affected by them have seen their economic situation worsen. However, less than 50 

percent of the household affected by shocks such as job losses, reduction of salary, 
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business bankrupt/losses, flooding and turmoil have been their economic situations 

worsen by them. 

The second type of shock selected by households (Table 4.35), indicates that their 

economic situation have been affected by these shocks. For example, in terms of 

household’s member and households member who work are sick/crippled, 

households member and households member who work died, households member 

have accident, marital problems (divorce etc.) and victim of fraud, more than 60 

percent of the households affected by them have seen their economic situation 

worsen. However, less than 50 percent of the households affected by shocks such as 

reduction of salary, destruction of crops/livestock, infection of crops/livestock, death 

of livestock, flooding, landslide, storm, turmoil and theft/robbery/snatching have 

seen their economic situations worsen by them. 
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Table 4.34 

Types of Shocks Faced in 2012 and Economic Situation (Opted First Shocks) 

Types of Shocks Better Worse No Change Total 

Freq. % Freq. % Freq. % 

 

Job losses 14 43.8 12 37.5 6 18.8 32 

Reduction of salary 10 20.4 24 49.0 15 30.6 49 

Business Bankrupt/ 

losses 

7 46.7 6 40.0 2 13.3 15 

Households member 

who work are sick/ 

crippled 

3 23.1 7 53.8 3 23.1 13 

Households member are 

sick/crippled 

7 46.7 5 33.3 3 20.0 15 

Households member 

who work died 

1 20.0 4 80.0 0 0.0 5 

Households member 

died 

6 46.2 5 38.5 2 15.4 13 

Households member 

who work have accident 

1 100.0 0 0.0 0 0.0 1 

Households member 

have accident 

3 27.3 7 63.6 1 9.1 11 

Marital problems 

(divorce etc.) 

1 11.1 6 66.7 2 22.2 9 

Destruction of crops/ 

livestock 

2 28.6 5 71.4 0 0.0 7 

Infection of crops/ 

livestock 

0 0.0 0 0.0 1 100.0 1 

Death of livestock 5 71.4 2 28.6 0 0.0 7 

Flood 4 21.1 7 36.8 8 42.1 19 

Fire 1 100.0 0 0.0 0 0.0 1 

Turmoil 4 33.3 4 33.3 4 33.3 12 

Theft/robbery/snatching 0 0.0 2 100.0 0 0.0 2 

Total 69 32.5 96 45.3 47 22.2 212 
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Table 4.35 

Types of Shocks Faced in 2012 and Economic Situation (Opted Second Shocks) 

Types of Shocks Better Worse No Change Total 

Freq. % Freq. % Freq. % 

 

Reduction of salary 2 25.0 3 37.5 3 37.5 8 

Business Bankrupt/ 

losses 

2 33.3 3 50.0 1 16.7 6 

Households member 

who work are sick/ 

crippled 

0 0.0 3 100.0 0 0.0 3 

Households member are 

sick/crippled 

0 0.0 3 60.0 2 40.0 5 

Households member 

who work died 

0 0.0 3 100.0 0 0.0 3 

Households member 

died 

0 0.0 2 66.7 1 33.3 3 

Households member 

who work have accident 

0 0.0 0 0.0 2 100.0 2 

Households member 

have accident 

0 0.0 2 66.7 1 33.3 3 

Marital problems 

(divorce etc.) 

1 20.0 4 80.0 0 0.0 5 

Destruction of crops/ 

livestock 

1 25.0 1 25.0 2 50.0 4 

Infection of crops/ 

livestock 

3 60.0 2 40.0 0 0.0 5 

Death of livestock 1 33.3 1 33.3 1 33.3 3 

Flood 21 43.8 20 41.7 7 14.6 48 

Landslide 3 75.0 1 25.0 0 0.0 4 

Storm 3 50.0 1 16.7 2 33.3 6 

Turmoil 19 30.2 30 47.6 14 22.2 63 

Theft/robbery/snatching 6 60.0 2 20.0 2 20.0 10 

Victim of fraud 0 0.0 3 60.0 2 40.0 5 

Social problems (rape/ 

drugs/run away from 

home etc.) 

7 26.9 12 46.2 7 26.9 26 

Total 69 32.5 96 45.3 47 22.2 212 
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The impact of the shocks on economic situation does seem to be different according 

to income level. As shown by Table 4.36, majority of households affected by the 

shocks at the income level between 40,000 Baht and 50,000 Baht per month are 80 

percent and those between income level 5,000 Baht and 10,000 Baht per month are 

62.5 percent. Another 25 percent of households affected by the shocks at the income 

level less than 5,000 Baht per month and more than 50,000 Baht per month. 

Table 4.36 

Economic Effect by Income Group 

Income Group Economic effect Total 

No Yes 

Freq. % Freq. % 

0-4999 3 75.0 1 25.0 4 

5000-9999 9 37.5 15 62.5 24 

10000-19999 54 50.9 52 49.1 106 

20000-29999 31 57.4 23 42.6 54 

30000-39999 15 100.0 0 0.0 15 

40000-49999     1 20.0 4 80.0 5 

>50000 3 75.0 1 25.0 4 

Total                                                          116 54.7 96 45.3 212 
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The respondents were also asked whether they would be able to cope if the same 

shocks occurs again in the future. As shown in Table 4.37, approximately 78 percent 

of the respondents were optimistic in their capacity to cope with the same shocks in 

the future. This is contrasted to the real situation whereby 22.2 percent managed to 

recover from a shock they were faced with. This may imply that the households 

overestimate their future capacity to deal with a shock. This will then have serious 

implication on the way these households will prepare themselves for future shocks in 

terms of considering less savings or holding less asset. 

Table 4.37 

Ability to Face Shocks Again 

Ability to Face Shocks 

Again 

Frequency Percent 

Yes 165 77.8 

No 47 22.2 

Total 212 100.0 

 

4.2.2 Risk Coping Strategies/Mechanism 

Several mechanism and strategies have been employed by household to deal with 

shocks. Table 4.38 indicates that among the strategies employed by the respondents 

are reduction in spending with almost 30 percent of those who are encountered with 

a shock using it as a coping strategies. Other strategies employed by the respondents 

are finding outside job/side-income (12.4 percent), borrowing from neighbours or 

friends (6.9 percent), reducing the quantity/quality of food and drink (6.5 percent), 

obtaining assistance (financial etc.) from neighbours or friends (6.5 percent), 

obtaining assistance (financial etc.) from family (5.9 percent), borrowing from other 
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family member (5.7 percent), selling assets (5.0 percent), making  loans from bank or 

financial institutions (4.4 percent), pawning their gold or valuable things (4.2 

percent) and withdrawal from fund or savings (3.6 percent). Results of the method of 

coping used by households when faced with a shock are not different from the 

previous results of other studies particularly, on the use of own savings and assets 

and dependence on family member’s or friends’ supports (see for example, 

Fafchamps, 1992; Rosenzweig & Wolpin, 1993; Velasquez & Bahadur, 2007; 

Lybbert & Carter, 2009 or Seyi Olalekan et al., 2011). 

The coping strategies lists in Table 4.38 can be further group into six categories 

following Holzmann (2001) namely: 

i.  Self-help or self-insurance 

ii.    Informal insurance 

iii.   Market Insurance 

iv.   Government assistance 

v.    NGOs/Association assistance 

vi.   Others 

Table 4.38 summarizes the types of strategies employed according to these 

categories. Since the respondents can employ more than one coping mechanism, the 

total of answers for all the six categories is more than the number of households 

faced with a shock.  

Table 4.38 shows that self-help or self-insurance is the most employed coping 

strategies by the rural households in the rural area in Pattani province Thailand when 

they are faced with a shock. This implies that rural households will normally depend 

on themselves or their household’ members when dealing with a shock. The 
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assistance may also come from a third party such as friends, governments or 

association which can be considered as secondary. 

Table 4.38 

Risk Management Strategies in 2012 and Risk Management Categories 

Type of Strategies Freq. % Category Freq. % 

 

Reduce the quantity/quality of 

food and drink 

34 6.5 Self-help or 

self-insurance 

346 66.2 

Reduce spending 155 29.6 

Sell assets 26 5.0 

Withdraw from fund/savings 19 3.6 

Find outside job/side-income 65 12.4 

Moved to another area 4 0.8 

Children go to work 12 2.3 

Spouse find a job 9 1.7 

Pawn their gold or  

valuable things 

22 4.2 

Borrow from family 30 5.7 Informal 

Insurance 

131 25.0 

Borrow from neighbours/ 

friends 

36 6.9 

Obtain assistance (financial 

etc.) from family 

31 

 

5.9 

Obtain assistance (financial 

etc.) from neighbours/friends 

34 6.5 

Make loans from bank/ 

financial institutions  

23 4.4 Market 

Insurance 

23 4.4 

Obtain assistance (financial 

etc.) from government  

13 2.5 Government 

Assistance 

13 2.5 

Obtain assistance (financial 

etc.) from association/NGOs 

0 0.0 NGOs/ 

Association 

assistance 

1 0.2 

Obtain assistance (financial 

etc.) from political parties 

0 0.0 

Seek assistance from the 

public(newspaper/NGOs/ 

TV etc.) 

1 0.2 

Did nothing 9 1.7 Others 9 1.7 

Total   523 100.0 Total 523 100.0 
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4.2.3 Recovery from Shocks 

In analyzing recovery from the shocks in general, the findings show that 18.4 percent 

and 13.2 percent of the respondents who have faced a shock in 2012 have recovered 

from the first and second shock respectively (Table 4.39). Another 81.6 percent of 

the respondents for the first are yet to overcome the shocks with 75.5 percent of the 

respondents have partially recovered from the shocks and 6.1 percent who have 

experienced no recovery at all. Also, another 86.8 percent of the respondents for the 

second are yet to exit from the shocks with 60.4 percent of the respondents have 

recovered partially from the shocks and 26.4 percent who have experienced no 

recovery at all. The results suggest some idea on the effectiveness of the shocks. As 

can be seen, only a small percentage of those affected by a shock in 2012 have 

managed to successfully cope with the shocks and fully recovered from it. This 

implies that for most of those affected by a shock in 2012, the strategies used by 

them are not very effective in order to bring them out of the shocks. 

Table 4.39 

Recovery from Shocks 

Recovery from Shocks 1
st
 Shock 2

nd
 Shock 

Frequency Percent Frequency Percent 

Fully recovered  39 18.4 28 13.2 

Partially recovered 160 75.5 128 60.4 

Not yet 13 6.1 56 26.4 

Total 212   100.0 212   100.0 
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Table 4.40 shows the time taken to solve the shock for the respondents affected by a 

shock in 2012 have coped successfully with the shocks and fully recover from it. 

More than 70 percent of the respondents have taken time to solve the shocks in less 

than 3 months for the first shock and second shock selected by the respondents. 

There are also a few respondents who have taken time to solve the first shock and 

second shock selected by them in more than 10 months. 

Table 4.40 

Time Taken to Solve the Shocks for Full Recovery 

Time Taken to Solve the 

Shocks for Fully Recovered 

1
st
 Shocks 2

nd
 Shocks 

Frequency Percent Frequency Percent 

0-3 Months 157 74.1 168 79.2 

4-6 Months 32 15.1 28 13.2 

7-9 Months 9 4.2 11 5.2 

>10 Months 14 6.6 5 2.4 

Total 212   100.0 212   100.0 

 

Table 4.41 cross-tabulates recovery from shocks and types of shocks for the first 

shocks selected by respondents in order to see which type of shocks are easier to 

recover from. As can be seen, for some shocks such as turmoil, households’ member 

died and fire, the recovery rate is more than 30 percent while those households who 

recovered from fire is 100 percent. On the other hand, some crises seem more 

difficult to deal with, with the rate of recovery at less than 20 percent such as death 

of working household member (20 percent), job losses (18.8 percent), reduction of 

salary and death of livestock (14.3 percent) and flooding (10.5 percent).  
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Table 4.41 

Types of Shocks Faced in 2012 and Recovery (Opted First Shocks) 

Types of Shocks Fully  

Recovered 

Partially 

Recovered 

Not Yet 

Recovered 

Total 

Freq. % Freq. % Freq. % 

 

Job losses 6 18.8 22 68.8 4 12.5 32 

Reduction of salary 7 14.3 39 79.6 3 6.1 49 

Business Bankrupt/losses 4 26.7 11 73.3 0 0.0 15 

Households member 

who work are sick/crippled 

0 0.0 12 92.3 1 7.7 13 

Households member 

are sick/crippled 

4 26.7 11 73.3 0 0.0 15 

Households member 

who work died 

1 20.0 3 60.0 1 20.0 5 

Households member died 4 30.8 9 69.2 0 0.0 13 

Households member 

who works have accident 

0 0.0 1 100.0 0 0.0 1 

Households member 

have accident 

3 27.3 8 72.7 0 0.0 11 

Marital problems  

(divorce etc.) 

2 22.2 6 66.7 1 11.1 9 

Destruction of crops/    

livestock 

0 0.0 6 85.7 1 14.3 7 

Infection of crops/ 

livestock 

0 0.0 0 0.0 1 100.0 1 

Death of livestock 1 14.3 6 85.7 0 0.0 7 

Flood 2 10.5 17 89.5 0 0.0 19 

Fire 1 100.0 0 0.0 0 0.0 1 

Turmoil 4 33.3 7 58.3 1 8.3 12 

Theft/robbery/snatching 0 0.0 2 100.0 0 0 2 

Total 39 18.4 160 75.5 13 6.1 212 

  

 

Table 4.42 cross-tabulates recovery from shocks and types of shocks for the second 

shocks selected by the respondents in order to see which type of shocks are easier to 

recover from. As can be seen, for some shocks such as households member and 

households member who work have accident, death of livestock and destruction of 
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crops/livestock, the recovery rate is relatively high (more than 50 percent). On the 

other hand, some shocks seems more difficult to deal with. The rate of recovery is 

well below average such as marital problems (divorce etc.), infection of 

crops/livestock and theft/robbery/snatching (20 percent) business bankrupt/losses 

(16.7 percent), flooding (12.5 percent), storm (16.7 percent) and turmoil (11.1 

percent).  
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Table 4.42 

Types of Shocks Faced in 2012 and Recovery (Opted Second Shocks) 
Types of Shocks Fully 

Recovered 

Partially 

Recovered 

Not Yet 

Recovered 

Total 

Freq. % Freq. % Freq. % 

Reduction of salary 0 0.0 7 87.5 1 12.5 8 

Business Bankrupt/losses 1 16.7 5 83.3 0 0.0 6 

Households member 

who work are sick/crippled 

0 0.0 3 100.0 0 0.0 3 

Households member 

are sick/crippled 

0 0.0 5 100.0 0 0.0 5 

Households member 

who work died 

0 0.0 3 100.0 0 0.0 3 

Households member died 0 0.0 2 66.7 1 33.3 3 

Households member 

who work have accident 

1 50.0 1 50.0 0 0.0 2 

Households member 

have accident 

2 66.7 0 0.0 1 33.3 3 

Marital problems  

(divorce etc.) 

1 20.0 4 80.0 0 0.0 5 

Destruction of crops/ 

livestock 

3 75.0 1 25.0 0 0.0 4 

Infection of crops/ 

livestock 

1 20.0 2 40.0 2 40.0 5 

Death of livestock 2 66.7 1 33.3 0 0.0 3 

Flood 6 12.5 37 77.1 5 10.4 48 

Landslide 0 0.0 1 25.0 3 75.0 4 

Storm 1 16.7 5 83.3 0 0.0 6 

Turmoil 7 11.1 31 49.2 25 39.7 63 

Theft/robbery/snatching 2 20.0 6 60.0 2 20.0 10 

Victims of fraud 0 0.0 1 20.0 4 80.0 5 

Social problems 

(rape/drugs/run away from 

home etc.) 

1 3.8 13 50.0 12 46.2 26 

Total 28 13.2 128 60.4 56 26.4 212 
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4.3 Analysis of Risk Management Strategies  

In what follows, we focus our analysis on the ability of rural households to manage 

shocks through self-help or self-insurance, informal insurance as well as market 

insurance. We also analyze the role that the government can or has played in 

assisting households to handle a shock. We use the classification proposed by 

Holzmann (2001) according to whom there are five categories of risk-coping 

mechanism. In our case, self-help or self-insurance is analyzed by looking at the 

level of savings and assets holdings of the households. Market insurance is analyzed 

from the perspective of access to loans by formal institutions. We look at the extent 

to which households in rural Pattani province Thailand could rely on surrounding 

community as an indicator of informal insurance. 

4.3.1 Savings/Asset Holdings 

In analyzing the effect of risks or shocks on the households’ livelihood, one 

important factor that needs to be taken into consideration is the level of savings or 

assets that are owned by the households in question. Indeed, when faced with a risk, 

households will normally use their savings or liquidate their assets as their first resort 

to manage with the shock. Therefore, it is expected that households with adequate 

savings or assets should be less vulnerable as compared to those who have no or very 

little savings or assets. In the following analysis, we examine to what extent rural 

households in Pattani province Thailand use their savings and assets holdings as an 

effective coping mechanism. In our questionnaire, several questions related to 

savings and assets have been asked in order to have some ideas on these aspects. 

Table 4.43 shows that majority of the respondents (69.8 percent) do have some level 

of savings. As respondents mostly have savings in the bank account (such as deposit, 
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savings and current) (50.1 percent) or in the house (30.3 percent) as traditional form 

of savings. Cooperative is another important form of savings with 11.9 percent. It is 

noteworthy that only 4.5 percent of the respondents have subscribed to insurance 

scheme for their savings (Table 4.44). 

Table 4.43 

Savings of Respondents 

Savings Frequency Percent 

Yes 419 69.8 

No 181 30.2 

Total 600 100.0 

 

Table 4.44 

Types of Savings 

Types of Savings Frequency Percent 

Bank Account (deposit, savings, current) 210 50.1 

Insurance 19 4.5 

Cooperative 50 11.9 

Unit trusts 5 1.2 

Investment Account (fixed deposit) 8 1.9 

Traditional (house) 127 30.3 

Total 419 100.0 

 

Table 4.45 shows whether the level of income has any influence on savings. As can 

be seen, even among those who earn less than 5,000 Baht per month, 12.5 percent of 

them have some savings. However, as we go higher in the level of income, the 

percentage of those having saving increases as well. For example, 69.4 percent of 
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those who earn between 10,000 Baht and 20,000 Baht own a savings. However, more 

than 80 percent of those who earn 20,000 Baht and above have saving. It should be 

noted nevertheless that the level of income is not the sole criteria that determine 

whether a household have saving or not. 

Table 4.45 

Savings by Level of Income 

Total household   

 Income 

Savings  Total 

Yes No 

Freq. % Freq. % 

0-4999 3 12.5 21 87.5 24 

5000-9999 30 49.2 31 50.8 61 

10000-19999 186 69.4 82 30.6 268 

20000-29999 122 80.3 30 19.7 152 

30000-39999 39 75.0 13 25.0 52 

40000-49999     26 86.7 4 13.3 30 

>50000 13 100.0 0 0.0 13 

Total                                                          419 69.8 181 30.2 600 

 

 

If we look at the amount saved every month by our respondents, most of them (47.3 

percent of those who have saving) save between 5-10 percent of their monthly 

income and 44.2 percent of them save less than five percent of their monthly income 

(Table 4.46). There are also a few respondents who saved more than 11 percent of 

their monthly income. However, given their relatively low level of income, it is 

expected that the amount of savings of the respondents should also be relatively 

small. 
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Table 4.46 

Amount of Savings (% of Income) 

Percent of Income Frequency Percent 

<5% 185 44.2 

5-10% 198 47.3 

11-20% 30 7.2 

21-50% 4 1.0 

>50% 2 0.5 

Total 419 100.0 

 

In discussing the issue of saving as a coping mechanism, we should not only examine 

the amount of savings as well as the proportion of income saved. We should also 

examine to what extent the amount saved could sustain the livelihood of a 

households. Table 4.47 shows that for most of the respondents (76.4 percent), their 

savings would last for less than 3 months. Out of this 76.4 percent, 17.2 percent 

declared that their savings could only last them for less than one month. This implies 

that for these households, they would not be able to rely on their saving alone in case 

of a shock. On the other hand, for 15.3 percent of the respondents who have savings, 

their level of savings is substantial enough to sustain them for 3-6 months. Also, only 

a few respondents who have savings, have it enough to sustain them for more than 

six months. As to the use of these savings, Table 4.48 shows that most of the 

respondents use their savings only when it is necessary (72.3 percent). 
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Table 4.47 

How Long Will the Savings Last?  

Month Frequency Percent 

<1 Month 72 17.2 

1-3 Months 248 59.2 

3-6 Months 64 15.3 

6-12 Months 21 5.0 

>1 Year 14 3.3 

Total 419 100.0 

 

Table 4.48 

Frequency of Withdrawal 

Frequency of Withdrawal Frequency Percent 

Always 94 22.4 

When it is necessary 303 72.3 

Never 22 5.3 

Total 419 100.0 

 

The respondents have also been asked to specify the reason for their savings every 

month (Table 4.49). Most of them saved money for use in case of a problem (46.1 

percent). Some of them saved money for use to treatment their health (18.6 percent), 

for use in difficult period (17.2 percent) or for the children education (14.6 percent). 

Only 3.1 percent of them saved money for use after retirement.  
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Table 4.49 

Reason of Savings 

Reason of Savings Frequency Percent 

For retirement 13 3.1 

For the children education 61 14.6 

For use in case of a problem 193 46.1 

For health 78 18.6 

For use in difficult period 72 17.2 

Because they have extra money  2 0.5 

Total 419 100.0 

 

In term of asset ownership, most of the respondents are in the possession of one or 

several forms of assets (Table 4.50). About 96.8 percent of the respondents own a 

house while 92.7 percent of them own a motorcycle. Another 61.2 percent possess 

gold jewelry, 57.7 percent of them own a car and 45.2 percent possess a land. There 

are also a few respondents who own plantation/orchard, rental house, shops and 

livestock (cattle/goat etc.).  
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Table 4.50 

Types of Assets 

Type of Asset Frequency Percent 

House 581 96.8 

Land 271 45.2 

Plantation/Orchard 207 34.5 

Rental House 26 4.3 

Shops 87 14.5 

Living Stocks/Bond 2 0.3 

Gold 367 61.2 

Truck/Heavy Machinery/Lorry 7 1.2 

Car 346 57.7 

Motorcycle 556 92.7 

Livestock (cattle/goat etc.) 165 27.5 

 

The respondents were also asked whether their level of savings and assets are 

sufficient in the event of the shock (Table 4.51). Approximately 83 percent of them 

responded positively while 17 percent of them said no. However, as to the reason 

why their savings and assets are not sufficient to face the shock (Table 4.52), more 

than 60 percent of the respondents mentioned that their low level of income 

prevented them from saving more. Some of them (18.6 percent) believed that they 

could rely on their family members in case of problem while another 13.7 percent 

believed that they could rely on neighbors, social or friends. Only one percent of 

them believed that they could be able to get assistance from the government. 
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Table 4.51 

Sufficiency of Savings and Assets 

Sufficiency of Savings and 

Assets 

Frequency Percent 

Yes 498 83.0 

No 102 17.0 

Total 600 100.0 

 

Table 4.52 

Reason for Insufficient of Savings and Assets 

Reason Frequency Percent 

Income is not enough to increase the  

amount of savings/assets 

68 

 

66.7 

 

Can rely on family members 19 18.6 

Can rely on neighbors/social/friends 14 13.7 

Can rely on government 1 1.0 

 

In conclusion, the findings of this study show that the majority of rural households 

would not be able to depend on their savings and assets as a coping strategy when 

faced with a negative shock. Most of them have very little savings or no savings at 

all which is due in particular to their low level of income. On the other hand, based 

on the findings, it can be concluded that even though the income level of the rural 

households are relatively low, they are relatively well endowed with asset especially 

in term of house, land or vehicle. However to what extent could these assets be used 

as a buffer against an adverse shock depends on several other factors.   
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4.3.2 Access to Loans  

Access to a functioning formal credit market is another important factor that 

determines the ability of individuals to manage a shock. However, not all individuals 

especially in the rural areas have access to a formal credit. Some of them may have 

difficulty in getting loans from traditional banks channel due to a number of reasons 

such as low level of income, bad credit history or no bank. Therefore, some of them 

have had to resort to other informal sources of funds such as from family members, 

friends or neighbours. However, such sources of funds may run dry in the case of co-

variant shocks where everybody will be affected by the same shock. There is also a 

risk of them having to borrow from “loan sharks” which charge exorbitant rates thus 

further increasing their in case of future shock. 

In our survey, we have also looked into the issue of access to credit of rural 

households in Pattani province Thailand. This will provide us some ideas as to what 

extent they would be able to use this channel when faced with a shock. If we take 

into account those who had taken loan (Table 4.53). More than 30 percent of the 

respondents have contracted a loan. As to the question from where this loan is 

obtained, 39 percent of the respondents mentioned that their loan is obtained from 

bank/financial institutions (Table 4.54). And if we take into account other formal 

financial institutions namely associations/cooperatives and microcredit agencies, the 

percentage of those who contracted loan from these types of institutions is very low 

(8.1 percent and 5.8 percent, respectively). This implies that access to formal credit 

market is relatively limited mostly on the bank/financial institutions among the rural 

households in rural Pattani province Thailand. As for loan taken from family 

members or friends, the percentage is also very low. About 17 percent of the 
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respondents have borrowed money from their family member, 16.1 percent has 

borrowed from their neighbours/local community and only 5.4 percent has borrowed 

from their colleagues/friends. 

Table 4.53 

Loans 

Loans Frequency Percent 

Yes 223 37.2 

No 377 62.8 

Total 600 100.0 

 

Table 4.54 

Sources of Loans 

Sources of Loans Frequency Percent 

Family 38 17.0 

Neighbours/Local community 36 16.1 

Colleagues/Friends 12 5.4 

Trader/Shop Owners 19 8.5 

Associations/Cooperatives 18 8.1 

Microcredit Agencies 13 5.8 

Bank/Financial Institutions 87 39.0 

Total 223 100.0 
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If we look at the income profile of those who have contracted a loan, we can see that 

they are mostly those who earned between 5,000 Baht and 50,000 Baht per month 

(Table 4.55). Our data also show that majority of those who have access to formal 

loans (associations/cooperatives, microcredit agencies and bank/financial 

institutions) are those who earned between 10,000 Baht and 40,000 Baht per month 

(Table 4.56). Majority of those who have access to informal loans (family member, 

neighbours/local community, colleagues/friends and trader/shop owners) are those 

who earned between 5,000 Baht and 40,000 Baht per month. Therefore, it can be 

concluded here that level of income is a major factor in explaining access to a credit 

market. 

Table 4.55  
Loans and Levels of Income 

Income Group Loans Total 

Yes No 

Freq. % Freq. %  

0-4999 2 8.3 22 91.7 24 

5000-9999 16 26.2 45 73.8 61 

10000-19999 104 38.8 164 61.2 268 

20000-29999 61 40.1 91 59.9 152 

30000-39999 19 36.5 33 63.5 52 

40000-49999     14 46.7 16 53.3 30 

>50000 7 53.8 6 46.2 13 

Total                                                          223 37.2 377 62.8 600 
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Table 4.56 

Loans from Informal/Formal Institutions and Levels of Income 

Income 

Group                

 

 

Informal Institutions Total Formal Institutions Total 

Family 

(Freq.) 

 

Neighbours/ 

Local 

community 

(Freq.) 

Colleague/ 

Friends 

(Freq.) 

Trader/ 

Shop 

Owners 

(Freq.) 

Freq. % Associations/ 

Cooperatives 

(Freq.) 

Micro 

credit 

Agencies 

(Freq.) 

Bank/ 

Financial 

Institutions 

(Freq.) 

Freq. % 

 

0-4999 0 1 0 1 2 1.9 0 0 0 

 

0 0.0 

5000-9999 3 4 1 1 9 8.6 1 3 3 7 5.9 

10000-19999 16 24 4 10 54 51.4 6 5 39 50 42.4 

20000-29999 12 7 4 6 29 27.6 5 3 24 32 27.1 

30000-39999 2 0 2 1 5 4.8 2 2 10 14 11.9 

40000-49999 4 0 0 0 4 3.8 2 0 8 10 8.5 

>50000 1 0 1 0 2 1.9 2 0 3 5 4.2 

     105 100.0    118 100.0 
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With regards to the purpose of contracting loan, Table 4.57 shows that 33.6 percent 

of respondents contracted loan for business purposes. Another 24.2 percent purchase 

a car, 20.2 percent for studies, 10.8 percent purchase house/land and 10.3 percent for 

personal use. It is noteworthy that only 0.9 percent contracted loan for their 

health/accident. 

Table 4.57 

Purpose of Loans 

Purpose of Loans Frequency Percent 

Business 75 33.6 

Purchase of house/land 24 10.8 

Purchase of car 54 24.2 

Personal use 23 10.3 

Health/Accident 2 0.9 

Studies 45 20.2 

Total 223 100.0 

 

The respondents were also asked whether they had experienced any difficulty in 

taking loans from formal and informal sources (Table 4.58). Approximately 18 

percent of our respondents had experienced some difficulties in taking loans while 82 

percent of them said no. However, if we look into the reason for the difficulty in 

taking loans (Table 4.59), 35.2 percent of the respondents mentioned lack of 

collateral security. Another 29.6 percent indicated that income was not enough to 

take loan and 16.7 percent claimed that it is because they have no stable occupation. 

Other reasons mentioned by respondents are lack of trust (11.1 percent) and lack of 

supporting evidence/documents (7.4 percent). 
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Table 4.58 

Experience any Difficulty in Obtaining Loans 

Experienced any Difficulty in Obtaining 

Loans 

Frequency Percent 

Yes 108 18.0 

No 492 82.0 

Total 600 100.0 

 

Table 4.59 

Reason for Difficulty in Obtaining Loans 

Reason for Difficulty in Obtaining 

Loans 

Frequency Percent 

Lack of lender’s trust 12 11.1 

No collateral 38 35.2 

No stable occupation 18 16.7 

Income not enough 32 29.6 

Lack of supporting evidence/documents  8 7.4 

Total 108 100.0 

 

As to the question, “from whom would they borrow money in case of a problem”, 

Table 4.60 shows that the first sources of borrowing money in case of a problem are 

family members and neighbours/local community. Approximately 55 percent said 

that they will borrow from a family member and 22.5 percent said they will obtain 

loan from neighbours/local community. As for the second sources, 21.2 percent of 

the respondents would borrow from neighbours/local community and 1.8 percent 
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from a family member. Bank or other financial institutions is another major source of 

borrowing cited by 45.8 percent of the respondents. 

Table 4.60 

Two Main Sources of Loans in Case of Problem Diagnosis 

Source of Loans in case of 

Problem Diagnosis 

Two main sources of Loans 

1
st
 Source of Loans 2

nd
 Source of Loans 

Freq. % Freq. % 

Nobody 18 3.0 0 0.0 

Family 327 54.5 11 1.8 

Neighbours/Local community 135 22.5 127 21.2 

Colleagues/Friends 36 6.0 42 7.0 

Trader/Shop Owners 12 2.0 51 8.5 

Associations/Cooperatives 67 11.2 62 10.3 

Microcredit Agencies 5 0.8 32 5.3 

Bank/Financial Institutions 0 0.0 275 45.8 

Total 600 100.0 600 100.0 

 

Together these findings may imply that access to a credit market may not be a viable 

way for the rural households to mitigate a negative shock. Their low level of income 

has in a way limited their access to formal credit market. Even though, loans can be 

obtained from family members, neighbours or friends, such alternative may not be 

functional in the occurrence of a co-variant shock. 
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4.3.3 Community Support and Solidarity 

Another form of risk coping mechanism is community support. Even though such 

mechanism is considered by some authors such as Fafchamps and Lund (2003) as 

non-sufficient, it still constitutes a major source of help especially within the context 

of rural community. In this study, we tried to gauge the extent to which rural 

community in Pattani province Thailand can rely on their neighbours and their 

friends in case of a problem. 

Based on our findings on the types of strategies used by households faced with a 

shock, we found that in case of a shock, rural households in the Pattani province to a 

certain extent can still rely on their family members, neighbours and friends. As 

shown in Table 4.38 above, 5.7 percent of the respondents coped with the shock they 

faced during the whole period of 2012 by borrowing from other family members 

while 6.9 percent of them borrowed from neighbours or friends. We also asked the 

respondents whether they can rely on the society in case of problem. A total of 545 

respondents or 90.8 percent of the total households surveyed responded positively to 

the question (Table 4.61).  

Table 4.61 

Support from Society in Case of Problems 

Support from Society in 

Case of Problems 

Frequency Percent 

Yes 545 90.8 

No 55 9.2 

Total 600 100.0 
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This study also looked into the issue of social participation and community activities 

(for example: funeral societies, wedding ceremonies etc.) of rural households in the 

Pattani province. We believe that within a rural context, participation in social and 

communal activities is a good indicator of access to communal assistance. In other 

words, it will provide us with some ideas about the extent to which they would be 

able to receive assistance from their neighbours or their friends in the community 

when they faced a shock. In our survey, we have examined social participation by 

looking at how the respondents contributed to their community namely through 

monetary contributions, in-kind donation or providing help/assistance. 

Table 4.62 shows that 97.3 percent of the respondents have donated money to their 

community. Another 77.2 percent of the respondents donated their materials to 

community and 69.0 percent of them offered help to community. 

Table 4.62 

Community Activities 

Community Activities Frequency Percent 

Donating money 584 97.3 

Donating materials 463 77.2 

Offering help 414 69.0 

 

Together, these findings indicate that solidarity and support from the community is 

still very much available in the rural Pattani province Thailand. Households in the 

rural Pattani province are found to be very much engaged within their community 

and therefore would still be able to count on their family members, neighbours and 

friends for support in case of a problem. But the issue is will the same level of 

support still be available in the future? 
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4.3.4 The Role of the Government  

The government also has a role to play in providing assistance and support for those 

who faced a shock. Actually, government has been identified in the literature as one 

of the main sources that can be used by households to cope with a shock (Holzmann 

& Jorgensen, 1999; Holzmann, 2001). In the case of Thailand, as discussed earlier in 

the introduction, the government does provide various programs that are intended 

towards helping those who are faced with an adverse shock. 

Our respondents seem to agree on the role of assistance expected from the 

government to those in need. As shown in Table 4.63, almost 95 percent of the 

respondents agreed to the question and they expected that the government should 

provide assistance. This shows that rural households in Pattani province Thailand 

still regard social assistance as one of the roles of the government. 

Table 4.63 

Assistance Expected from the Government 

Assistance Expected from 

the Government 

Frequency Percent 

Yes 568 94.7 

No 32 5.3 

Total 600 100.0 

 

According to the International Labour Organization (ILO), there are three pillars in 

the social protection program that includes first, pillar of general, safety net income 

protection provided by the government, second, social insurance pillar (or savings 

pillar) including mandatory contributions and third, voluntary, private insurance 

pillar supplement the other two (Singh, 2007). Based on this classification of social 
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security program, we can see that the government has a role to play in the first two 

pillars. In the first pillar, the government would provide assistance to those who are 

in dreadful financial needs such as the poor households, single mothers, the long-

term unemployed, or people with disabilities. In the second pillar, it is the individuals 

themselves who would contribute a portion of their income into individual or 

personal accounts for future income security. However, the government also has a 

role to play by supplementing the funds and by administering the funds.  

In this study, the respondents were asked as to what types of assistance program they 

believe should be provided by the government. Six types of programs are listed 

based on the list of the ILO
8
 and International Social Security Association (ISSA)

9
 as 

well as on the particularity of the Thailand case. The six assistance programs are 

                                                           
8
 According to the International Labour Organization (ILO), a comprehensive social 

security system is one that provides assistance or benefits to the following risks and 

needs (International Labour Organization (ILO), 2014):- 

i. Sickness and health 

ii. Unemployment 

iii. Old-age 

iv. Employment injury 

v. Family and Child-rearing 

vi. Maternity 

vii. Survivors 

viii. Invalidity  

ix. Housing 

x. Public assistance and others  

9
 According to the International Social Security Association (ISSA), for a social 

security system to be considered as comprehensive, it must provide protection 

against the following five types of contingencies (ISSA, 2012):- 

i. Old-age, disability and survivors 

ii. Sickness and maternity 

iii. Work injury 

iv. Unemployment 

v. Family allowances 
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health, employment, elderly, family, housing and poverty. The findings are 

summarized in Table 4.64.  

As can be seen, there are two types of shocks for which the majority of the 

respondents believe there is a role for the government to play namely employment 

and poverty. For 33.4 percent of the respondents, the government should provide 

assistance to those who are unemployed while approximately 29.6 percent of the 

respondents mentioned that the government should provide assistance to those who 

are poor. As for the other four types of the programs, there are only a few 

respondents who think that government should provide any assistance for these kinds 

of shock. For example, only 14.2 percent said that the government should provide 

assistance on health, 11.3 percent mentioned that the government should provide 

assistance for family-related problem, 6.9 stated that the government should provide 

assistance for elderly and only 4.6 percent declared that the government should 

provide assistance for housing issue. These findings indicate that even though the 

respondents think the government has a role to play, their expectation are still low 

compared to the standards recommended by the ILO or the ISSA. This can also be 

explained by the fact that most of the respondents have relatively low level of 

education which in a way lowered their expectation on government role in term of 

social security provision. 
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Table 4.64 

Types of Government Assistance 

Types of Government  

Assistance 

Frequency Percent 

Health 81 14.2 

Employment 190 33.4 

Elderly 39 6.9 

Family 64 11.3 

Housing 26 4.6 

Poverty 168 29.6 

Total 568 100.0 

 

In the survey, the respondents were also asked whether they have received any 

assistance from the government when in need. The findings show that most of the 

respondent (70.5 percent) never received any assistance from the government. Only 

29.5 percent of them have received some form of assistance provided by the 

government (Table 4.65). The type of government assistance that they have received 

include welfare benefit in term of monthly allowance to the elderly, 30-Baht medical 

scheme and village funds to support employment in the community as well as public 

donation in the event of natural disaster (flooding and storm) in forms of money, 

pharmaceuticals, groceries including rice, canned fish and instant noodles etc. 

Together these findings signify that even though their expectations can already be 

considered as relatively low, the actual level of assistance provided by the 

government is even much lower.  
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Table 4.65 

Receiving Any Assistance from Government 

Receiving any assistance 

from Government 

Frequency Percent 

Yes 177 29.5 

No 423 70.5 

Total 600 100.0 

 

We have also asked the respondents to what extent they believe that the government 

has played its role in providing assistance to those in need. Evidently, there is still a 

room for improvement as far as the government role in social assistance is concerned 

as almost 40 percent of the respondents disagreed that the program provided by the 

government is sufficient (Table 4.66). It should be noted here that some households 

may think that the government programme is sufficient given their low expectations 

of such a programme. This explains why relatively high percentage of them 

responded positively to the question. 

Table 4.66 

Sufficiency of Government Programme 

Sufficiency of Government 

Programme 

Frequency Percent 

Yes 366 61.0 

No 234 39.0 

Total 600 100.0 
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Another issue that should be given appropriate consideration is accessibility. The 

government should not only create programs but it must also make sure that those 

who are in need of these programs know how and where to obtain them. This is 

especially the case for those who live in remote rural areas. In this study, we have 

elicited the opinion of our respondents on this issue by asking them whether they 

know how to obtain government’s assistance. Approximately, 63.2 percent of the 

households surveyed responded positively (Table 4.67). This indicates that, as far as 

the rural Pattani province is concerned, almost 64 percent of the population know 

how and where to obtain assistance from the government. This in way indicates that 

the government of Thailand has been relatively successful in increasing public 

awareness of the various programs available and in educating them on how and 

where they can obtain this assistance. Indeed in recent years, the government has 

implemented several strategies in order to spread the reach of its assistance program 

wider. For example, in 2001, the government has conducted a preliminary survey on 

the suffering of the households at the village level and they have recommended the 

government to assist them as well as in 2008, the survey on the impact of the 

political conflict on the households, through a cooperation of various government 

organization such as the National Statistics Office (NSO), Ministry of Information 

and Communication in order to formulate policies and strategies of economic and 

social development in the rural area. Nevertheless, there are still almost 40 percent of 

the population who are still in the dark regarding these programs. As such the 

government may want to increase its awareness and educational programs for this 

group of people to ensure that all poor households in need of assistance do receive it.  
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Table 4.67 

Knowledge on Obtaining Government Assistance 

Knowledge on Obtaining 

Government Assistance 

Frequency Percent 

Yes 379 63.2 

No 221 36.8 

Total 600 100.0 

 

It can be assumed that level of income is one of the most important factors that 

influence a household knowledge on how to obtain assistance from the government. 

Certainly as can be seen from Table 4.68, more than 70 percent of those earning less 

than 5,000 Baht and 59 percent of those earning between 5,000 Baht to 10,000 Baht 

do not know how to obtain assistance from the government. And as we move higher 

up the income ladder, we can see that most of the households in this group have the 

knowledge in obtaining assistance from the government. However, for those in the 

highest income group, we can see that most of them are not aware of how to obtain 

this help. This is simply due to the fact they do not need such help. 
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Table 4.68 

Income Group and Knowledge on Obtaining Government Assistance 

Income Group Know how to Obtain Assistance  Total 

Yes No 

Freq. % Freq. %  

0-4999 7 29.2 17 70.8 24 

5000-9999 25 41.0 36 59.0 61 

10000-19999 156 58.2 112 41.8 268 

20000-29999 112 73.7 40 26.3 152 

30000-39999 42 80.8 10 19.2 52 

40000-49999                                                              26 86.7 4 13.3 30 

>50000 11 84.6 2 15.4 13 

Total 379 63.2 221 36.8 600 

 

 

Apart from income, age is another factor that should also determine the knowledge 

on obtaining assistance from the government. Table 4.69 shows that there are two 

age groups that seem to be less knowledgeable on obtaining this help, those aged less 

than 30 years old and those aged more than 50 years old. It can be considered that the 

young ones know less about the assistance because they have little experience in 

dealing with the government. As for the old, they lack knowledge basically due to 

factors related to their old age. 
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Table 4.69 

Age Group and Knowledge on Obtaining Government Assistance 

Age Group Know how to Obtain Assistance  Total 

Yes No 

Freq. % Freq. %  

<30 51 66.2 26 33.8 77 

31-40 118 78.1 33 21.9 151 

41-50 119 62.6 71 37.4 190 

51-60 64 52.5 58 47.5 122 

>60 27 45.0 33 55.0 60 

Total 379 63.2 221 36.8 600 

  

 

Together our findings on the role of government show that rural households still 

expect the government to provide program for social assistance to those who are in 

need even though their expectations are relatively lower compared to the minimum 

standard preconized by the ILO. For most of them, the types of assistance expected 

are somehow limited to those related to employment, poverty and health. Only some 

of them expect the government to provide a more comprehensive range of assistance 

similar to those ones found in developed countries. This may be due to lack of 

awareness of what constitutes a comprehensive social security program. Our results 

also point to the issue of accessibility, which is still prevalent despite the various 

efforts undertaken by the government in recent years. It is also found that it is those 

who are in need of assistance are those who seem to be left out from the system 

namely the lower income group and the elderly. As such, more targeted effort should 

be taken by the relevant agencies to reach out to this group of people. 
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4.4 Future Shocks and Coping Mechanism 

In this section, we examine how would rural households view the future in term of 

shocks that they might face and how would they cope with this shocks. The 

respondents were asked to list the type of shocks that they believe would have a 

significant impact on their livelihood and what would be the strategy to cope with the 

shocks. 

The respondents were asked to select at least three shocks that they may face in the 

future (Table 4.70). For the first shock, the one that is cited the most by the 

respondents (35.7 percent) is job loss. The percentage of households who pointed out 

that in future they may face reduction of salary, business bankrupt/losses and 

households’ member have accident, households member died, households member 

are sick/crippled, and destruction of crops/livestock are 15.7 percent, 11.7 percent, 

8.7 percent, 4.8 percent, 4.5 percent and 4.3 percent, respectively.  

As for the second shocks, the one that is cited the most by the respondents (33.3 

percent) is flooding. The percentage of households who pointed out that in future 

they may face reduction of salary, households member have accident, turmoil and 

business bankrupt/losses are 12.7 percent, 8.8 percent, 8.7 percent and 5.0 percent, 

respectively.  

Finally, for the third shocks, the one that is cited the most by the respondents by the 

respondents (49.7 percent) is turmoil. The percentage of households who pointed out 

that in future they may face flooding, social problems (rape/drugs/run away from 

home etc.), theft/robbery/snatching and storm are 11.3 percent, 9.7 percent, 5.2 

percent and 5.0 percent, respectively.  
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Table 4.70 

Types of Potential Future Shocks 

Type of Shocks Opted as Shocks 1 

 

Opted as Shocks 2 Opted as Shocks 3 

Freq. % Freq. % Freq. % 

Job losses 214 35.7 0 0.0 0 0.0 

Reduction of salary 94 15.7 76 12.7 0 0.0 

Business Bankrupt/ 

losses 

70 11.7 30 5.0 17 2.8 

Households member who 

work are sick/crippled 

12 2.0 19 3.2 4 0.6 

Households member are 

sick/crippled 

27 4.5 29 4.8 10 1.7 

Households member who 

work died 

7 1.2 7 1.2 1 0.2 

Households member died 29 4.8 25 4.2 4 0.6 

Households member who 

work have accident 

10 1.7 24 4.0 7 1.2 

Households member have 

accident 

52 8.7 53 8.8 7 1.2 

Marital problems 

(divorce etc.) 

12 2.0 10 1.7 11 1.8 

Destruction of 

crops/livestock 

26 4.3 18 3.0 6 1.0 

Infection of 

crops/livestock 

3 0.5 10 1.7 2 0.3 

Death of livestock 15 2.5 13 2.2 13 2.2 

Flood 22 3.7 200 33.3 68 11.3 

Landslide 0 0.0 5 0.8 3 0.5 

Storm 3 0.5 9 1.5 30 5.0 

Fire 0 0.0 13 2.2 11 1.8 

Turmoil 4 0.7 52 8.7 298 49.7 

Theft/robbery/snatching 0 0.0 4 0.7 31 5.2 

Victims of fraud 0 0.0 3 0.5 19 3.2 

Social problems 

(rape/drugs/run away 

from home etc.) 

0 

 

0.0 

 

0 

 

0.0 

 

58 

 

9.7 
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As for the strategies that will be employed to cope with the shocks mentioned above, 

many strategies have been cited most often by our respondents (Table 4.71). 

Approximately 31.7 percent responded that they would reduce their spending. 

Another strategies most mentioned by the total respondents (9.0 percent) are finding 

outside job/side-income, those percentage of households who pointed out that in 

future they may employ selling assets, reducing the quantity/quality of food and 

drink, withdrawal from fund or savings, borrowing from family members and 

neighbours/friends and making loans from bank/financial institutions are 8.7 percent, 

8.0 percent, 7.9 percent, 5.9 percent and 5.4 percent, respectively. 

Together these findings imply that the respondents will try to cope with the shocks 

using whatever resources they have in hand first. It can be seen from Table 4.71 that 

as part of future risk coping strategies, most of the households stressed on the 

reduction in overall spending, and showed their preference for approaching family 

member first in situation of risk. Only few respondents (2.4 percent) expressed their 

willingness to rely on the strategies like seeking help from neighbours/friends, 

political parties and association.    

It also noteworthy that selling assets as a coping strategy is preferred by only 8.7 

percent of the respondents. This may indicate that asset ownership is still very low 

among rural households. It could also mean that even though these households 

possess some asset, they do not think that they would be able to sell this asset to cope 

with a future shock for various reasons such as high dependency on the asset for their 

livelihood, low liquidity of the asset or lack of market for the asset. 
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Table 4.71  

Future Risk Coping Mechanism 

Strategy Frequency Percent 

Reduce the quantity/quality of food and drink 129 8.0 

 

Reduce spending 506 

 

31.7 

 

Sell assets 139 

 

8.7 

Withdraw from fund/savings 126 

 

7.9 

Borrow from family 94 

 

5.9 

Borrow from neighbours/friends 94 5.9 

Make loans from bank/financial institutions 87 5.4 

Obtain assistance (financial etc.) from family 54 3.4 

Obtain assistance (financial etc.) from neighbours/friends 33 

 

2.0 

Obtain assistance (financial etc.) from government 36 

 

2.3 

Obtain assistance (financial etc.) from association/NGOs 1 0.1 

Obtain assistance (financial etc.) from political parties 4 

 

0.3 

Find outside job/side-income 145 

 

9.0 

Moved to another area 52 

 

3.2 

Children go to work 36 

 

2.3 

Spouse find a job 29 

 

1.8 

Pawn their gold or valuable things 27 

 

1.7 

Seek assistance from the public (newspaper/NGOs/TV etc.) 4 0.3 

Did nothing 1 0.1 
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If we look at the types of future shocks that associated by type of future coping 

mechanisms, Table 4.72 shows that more than 40 percent of respondents will reduce 

spending as strategy if they may face job losses, reduction of salary, business 

bankrupt/losses, households member sick/crippled/accident/died, flooding, storm, 

turmoil and social problems (rape/drugs/run away from home etc.). Approximately 

34.4 percent of them will reduce the quantity/quality of food and drink if they may 

face business bankrupt/losses and only 6.6 percent of them employ it if they may 

face social problems (rape/drugs/run away from home etc.). More than 20 percent of 

respondents will withdraw from fund/savings if they will face business 

bankrupt/losses and family members have accident. Also, 35.6 percent will find 

outside job/side-income if their family members death. Only a few of them (14.2 

percent) will borrow from other family member if they will face flooding. This 

simply implies that rural households will employ several strategies in order to cope 

with different shocks that may face in the future. 
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Table 4.72 

Types of Potential Future Shocks and Risk Coping Mechanism  
Types of Shocks  

(Opted as Shocks 1) 

 

 

Reduce the 

Quantity/Quality of 

Food and Drink 

Reduce Spending Withdraw from 

Fund/Savings 

Borrow from 

Family 

Find Outside 

Job/Side-income 

Total 

Freq. Percent Freq. Percent Freq. Percent Freq. Percent Freq. Percent  

Job losses 59 14.7 187 46.5 31 7.7 40 10.0 85 21.1 402 

Reduction of salary 21 12.7 86 51.8 17 10.2 22 13.3 20 12.0 166 

Business Bankrupt/losses 10 8.6 58 50.0 29 25.0 6 5.2 13 11.2 116 

Households member died 4 8.5 25 53.2 7 14.9 6 12.8 5 10.6 47 

Households member have 

accident  

10 12.0 44 53.0 22 26.5 3 3.6 4 4.8 83 

Types of Shocks (Opted as 

Shocks 2) 

           

Reduction of salary 31 21.8 67 47.2 11 7.7 15 10.6 18 12.7 142 

Business Bankrupt/losses 8 12.9 25 40.3 12 19.4 8 12.9 9 14.5 62 

Households member are 

sick/crippled 

5 10.6 25 53.2 3 6.4 3 6.4 11 23.4 47 

Households member died 4 8.9 22 48.9 2 4.4 1 2.2 16 35.6 45 

Flood 41 12.8 169 52.8 59 18.4 24 7.5 27 8.4 320 

Types of Shocks (Opted as 

Shocks 3) 

           

Business Bankrupt/losses 11 34.4 13 40.6 1 3.1 3 9.4 4 12.5 32 

Flood 14 11.7 62 51.7 15 12.5 17 14.2 12 10.0 120 

Storm 12 26.1 21 45.7 7 15.2 4 8.7 2 4.3 46 

Turmoil 52 11.1 255 54.3 64 13.6 36 7.7 63 13.4 470 

Social problems (rape/drugs/run 

away from home etc.) 

6 6.6 44 48.4 10 11.0 8 8.8 23 25.3 91 
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The survey also shows that relatively low number of households would rely on 

assistance from the government to help them when faced with adverse shocks. This 

is in contrast to the finding regarding the opinion of the respondents on the role that 

government should play in providing assistance to those in need. Together, these 

may imply that even though rural households believe that the government should 

play a bigger role in the case of a shock, they actually have little confidence in 

obtaining government’s assistance. Therefore, they would rather rely on a “surer” 

alternative to cope with the shocks. In other words, there is a disparity between what 

the public experiences in term of government assistance and what is aspired by them. 

This also indicates that the government still has a lot of areas to improve their social 

assistance services to match what is aspired by the public. 

In the survey, it is examined how rural households would view the economic 

condition of their family in term of job situation, income and future (such as 

education or job etc.) of their children. (Table 4.73). As can be seen, more than 90 

percent of our respondents expect that the future situation of their family will be 

better in term of job situation, income and future (such as education or job etc.) of 

their children. Only a few of them expect that their situation of their family will be 

worse in the future. This finding implies that respondents have faced several types of 

shocks and have used many strategies to cope with negative shocks. While some 

strategies are limited to the rural households such as access to credit market or low 

level of savings or assets, they still anticipate to have a better situation of their family 

and also they expect that their livelihood will be better in the future. This in a way 

indicates the sampled households have a rather optimistic view of the future despite 

the adversity that they have faced or expect to face. 
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Table 4.73 

Anticipated Economic Conditions in near Future of the Family 

Anticipated Economic 

Conditions in near Future 

of the Family 

Job situation Income Future of the 

Children 

Freq. % Freq. % Freq. % 

Better 550 91.7 553 92.2 537 89.5 

Worse 50 8.3 47 7.8 63 10.5 

Total 600 100.0 600 100.0 600 100.0 

 

The descriptive analysis is performed in order to have an overview of the sampled 

households exposure to risks/shocks. The results indicated that households in Pattani 

province do face a variety of shocks. The results also showed that the shocks have 

had adverse consequence on the livelihood of the affected households. However, it 

seems that most of them are yet to totally recover from the shocks which imply that 

the risk management and coping strategies that they employed have not been very 

effective. There is thus a role for the government and other relevant authorities to 

play in identifying the reasons as to reasons behind the non-effectiveness of the 

strategies employed. They could then implement complimentary policies that are 

aimed towards enhancing the effectiveness of these strategies. The results also point 

to the non-preparedness of the households in term of their assets/savings as well as 

their access formal credit market that would be very helpful in case of a shock. 

Again, appropriate measures may need to be introduced by the government or 

relevant authorities in order to improve the capacity of the households in preparing 

themselves to face a shock. 
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The results from the descriptive were very helpful in providing us with a first 

assessment of the actual situation in Pattani province with regards to the households’ 

exposure to risks/shocks, their impact and their risks management/coping strategies. 

However, the question remains as to which households are more likely to be exposed 

to shocks. In other words, it will be interesting to know whether households’ socio-

economic and demographics characteristics have any influence on their exposure to 

shocks which will be the focus of the following section. 
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4.5 Exposure to Shocks and Socio-Economic Characteristics 

Our analysis above has shown that 35.3 percent of the respondents are faced with a 

shock. In order to examine further the effect of socio-economic factors on the 

probability of an exposure to shocks, we have conducted the following model of 

logistic analysis. 

logit
  

 
 





















1111101099887766

5544332211
0

1
logx

               (4.1)             

Where  

θ = probability of the occurring event 

1() = those who are exposed to shocks 

0() = those who are not exposed to shocks 

 = the constant of the equation  

1,…11 = the coefficient of the each predictor variables 

 = error term 

1,…, 11= independent variables (explanatory variables) which comprise of 1= gender 

of household head, 2= age of household head, 3= age squared of household head, 4= 

primary education of household head, 5= secondary education of household head, 

6= tertiary education of household head, 7= size of the household, 8= location of 

houses (distance to the nearest town), 9= location of houses (distance to the nearest 

town) squared, 10= house characteristics (house condition), and 11= total income of 

the households. 
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We have estimated six equations according to the types of shocks. We started with 

exposure to shocks in general (HER) before proceeding with another five more 

specific types of shocks namely economic shocks (ER), health shocks (HR), life-

cycle shocks (LCR), natural shocks (NR) and social shocks (SR). We decided not to 

examine the exposure to natural shocks since this type of shocks as its name imply is 

mostly determined by the nature itself and households characteristics should have 

very minimal impact on it. In other words, it is very unlikely that households’ 

exposure to natural shocks will be influenced by their characteristics. Similarly, for 

social shocks, turmoil is taken out from the list of shocks as it is very unlikely that 

households’ characteristics will determine their exposure to such shocks.    

The results of the estimation are reported in Table 4.74. As can be seen from the 

results of the logistic analysis, the Log likelihood in the HER, ER, HR, LCR and SR 

models are found to be -128.312, -265.723, -198.759, -142.707, and -161.302                      

respectively. The LR statistics in these models are 21.21, 34.22, 34.68, 39.25, and 

31.10 respectively. All these values are significant at 1 percent and 5 percent 

probability level implying that these models have a good fit. 

We also test for Wald test and Hosmer-Lemshow goodness of fit test (Table 4.74). 

For the Wald test indicates that since the p-value in these models are significant at 1 

percent and 10 percent probability level (Prob> chi
2
 = 0.0501, 0.0009,

 
0.0024, 

0.0004, and 0.0021, respectively) which implies that all explanatory variables: 

gender of household head (1), age of household head (2), age squared of household 

head (3), primary education of household head (4), secondary education of 

household head (5), tertiary education of household head (6), size of the household 

(7), location of houses (distance to the nearest town) (8), location of houses 
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(distance to the nearest town) squared (9), house characteristics (house condition) 

(10), and total income of the households (11) jointly influence the household 

exposure to shocks in general in 2012, household exposure to economic shocks in 

2012, household exposure to health shocks in 2012, household exposure to life-cycle 

shocks in 2012 and household exposure to social shocks in 2012.   

As for the Hosmer-Lemshow goodness of fit test, since the p-value in HER, ER, HR, 

LCR, and SR models are insignificant (Prob> chi
2
 = 0.2360, 0.8085, 0.0843, 0.8504, 

and 0.3428, respectively) at 5 percent probability level. Thus we concluded that the 

logistic models for HER, ER, HR, LCR, and SR have a good fit. However, the 

percentage of correction prediction in these models indicates that 93.83 percent, 

81.33 percent, 88.67 percent, 92.17 percent, and 91.50 percent variation in HER, ER, 

HR, LCR, and SR models are explained by all explanatory variables [(gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), and total income of 

the households (11)]. 
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Table 4.74 

Determinants of Household Exposure to Shocks in 2012, Logistic Model 
Variables Coef. 

(HER) 

Marg. 

Effect 

(HER) 

Coef. 

(ER) 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 

Marg. 

Effect 

(HR) 

Coef. 

(LCR) 

Marg. 

Effect 

(LCR) 

Coef. 

(SR) 

Marg. 

Effect  

(SR) 

Constant -7.9986
***

    

(-2.76) 

 -2.2968  

(-1.56)   
 -5.8288

***
 

(-2.96)    
 -3.0987 

(-1.37) 
 -0.1839    

(-0.09) 
 

Gender of HH head (1) -0.4134 

(-1.12)  

-0.2730 

(-1.11) 

-0.3565 

(-1.49)   

-0.2070 

(-1.48)     

-0.2799  

(-0.97)   

-0.1766 

(-0.97)     

-1.2483
***

 

(-3.77)   

-0.8208
***

 

(-3.71)      

-0.6840
**

  

(-0.14)   

-0.4418
**

 

(-2.13)       

Age of HH head (2) 0.0232
*
    

(1.20)  

9.6253
*
 

(1.86) 

0.0188   

(0.33) 

0.715 

(0.33)       

0.0914  

(1.25)   

3.7781    

(1.24)    

0.0862   

(1.00) 

3.7141  

(1.00)     

-0.0725   

(-0.94)  

-3.0679 

(-0.94)      

Age squared of HH head 

(3) 

-0.0020
*
 

(-1.67) 

-4.3382
*
 

(-1.66) 

-0.0002 

(-0.40) 

-0.4328 

(-0.40) 

-0.0007 

(-1.02) 

-1.4650 

(-1.02) 

-0.0007 

(-0.93) 

-1.6548 

(-0.92) 

0.0002 

(0.37) 

0.6146    

(0.37) 

Primary education of  

HH head (4) 

-0.4088 

(-0.56) 

-0.1369 

(-0.56) 

0.4212  

(0.84) 

0.1240 

(0.84)     

0.6560  

(1.11)  

0.2099 

(1.11)  

-0.0117 

(-0.02) 

-0.0039 

(-0.02) 

0.6960 

(0.88)     

0.2280    

(0.88)    

Secondary education of  

HH head (5) 

0.4204 

(0.55) 

0.1248 

(0.55) 

0.6384 

(1.17)   

0.1666 

(1.16) 

0.6919 

(1.07)    

0.1962   

(1.07)   

-0.4981 

(-0.72)    

-0.1472 

(-0.72)   

-0.4304   

(-0.49)  

-0.1249  

(-0.49)      

Tertiary education    

of HH head (6) 

0.5903 

(0.68)   

0.1499 

(0.68) 

0.6477 

(1.07) 

0.1446 

(1.06)   

0.6598    

(0.91) 

0.1601  

(0.90)   

-0.1897 

(-0.24)   

-0.0479 

(-0.24)      

-0.4304    

(-0.47) 

-0.1069     

(-0.47)   

Size of the HH (7) 

 

0.0397 

(0.49)  

0.2085 

(0.49) 

0.1740
***

  

(3.46) 

0.8018
***

 

(3.41)   

0.1688
***

 

(2.90) 

0.8455
***

 

(2.87)  

0.1132
*
 

(1.64)   

0.5907 

(1.64)   

0.1003    

(1.49) 

0.5144     

(1.48) 

Location of houses 

(distance to the  nearest 

town) (8) 

-0.0807 

(-1.61)    

-0.7028
 

(-1.60) 

-0.0848
***

   

(-2.81) 

-0.6489
***

 

(-2.78)       

0.0305 

(0.47) 

0.2539 

(0.47) 

       

-0.1032
*
 

(-1.81)   

-0.8939
*
  

(-1.80)     

-0.0607    

(-1.55) 

-0.5165     

(-1.55)   

Location of houses 

(distance to the  nearest 

town) squared (9) 

0.0008 

(0.95)    

0.1298
 

(0.95) 

0.0011
**

 

(2.12) 

0.1534
** 

(2.11) 

-0.0029 

(-1.20) 

-0.4325 

(-1.18) 

0.0006 

(0.46) 

0.0981 

(0.46) 

0.0009    

(1.48) 

0.1386     

(1.48) 

House condition 

(10) 

1.2986
***

 

(3.13) 

0.1814
***

 

(3.10) 

0.4674 

(1.58) 

0.0574 

(1.58)      

0.6202
*
 

(1.84) 

0.0827
*
 

(1.83) 

0.3659  

(0.91)  

0.0508 

(0.91)       

0.7834
**

 

(2.10) 

0.1070
**

   

(2.08) 
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Table 4.74 (Continued) 
Variables Coef. 

(HER) 

Marg. 

Effect 

(HER) 

Coef. 

(ER) 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 

Marg. 

Effect 

(HR) 

Coef. 

(LCR) 

Marg. 

Effect 

(LCR) 

Coef. 

(SR) 

Marg. 

Effect  

(SR) 

Total income of the HH 

(11) 

-0.0000 

(-0.60) 

-0.2078 

(-0.60) 

-0.0000
*
 

(-1.67) 

-0.3237
*
 

(-1.66) 

-0.0000 

(-1.04) 

-0.2542 

(-1.04) 

-0.0000
*
 

(-1.90) 

-0.7069
* 

(-1.89)             

0.0000
*
 

(1.68)    

0.3952
*
 

(1.67) 

Log likelihood -128.312  -265.723  -198.759  -142.707  -161.302                        

Number of observations 600  600  600  600  600  

LR chi
2 
(11) 21.21  34.22  34.68  39.25  31.10  

Prob > chi
2
 0.0313

**
  0.0003

***
  0.0003

***
  0.0000

***
  0.0011

***
  

Wald Test chi
2
(11), 

Prob > chi
2
 

19.67
 

0.0501
*
 

 31.57 

0.0009
***

 

 28.86
 

0.0024*** 

 33.61 

0.0004
***

 

 29.22
 

0.0021
***

 

 

Hosmer-Lemshow 

chi
2
(8), Prob> chi

2
, 

Percentage of correction 

prediction 

10.43, 

0.2360, 

93.83% 

 4.51, 

0.8085, 

81.33% 

 13.90, 

0.0843, 

88.67% 

 4.07, 

0.8504, 

92.17% 

 8.99, 

0.3428, 

91.50% 

 

Note: 1.  HH= Household. 

          2. The dependent variable for each estimation are the HER= Household exposure to shocks in 2012, ER= Household  exposure to economic   

               shocks in 2012, HR= Household exposure to health shocks in 2012, LCR=  Household exposure to life-cycle shocks in 2012, and SR=   

               Household exposure to social shocks in 2012. 

          3.  Values of z-statistics are reported in parenthesis. 

          4.  ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level.            
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i. Exposure to Shocks in General 

In the HER model, among the eleven explanatory variables included in this model, 

only one of them is found to be negatively significant in impacting the household 

exposure to shocks in 2012, namely age squared of household head (3) which is 

statistically significant at 10 percent probability level. On the other hand, two 

variables are found to be positively significant. These are age of household head (2) 

and house characteristics (house condition) (10) which are statistically significant at 

10 percent and 1 probability level, respectively.  

Table 4.74 show that the value of marginal effect for age of household head (2) is 

estimated to be 9.6253. This implies that an increase in one unit of age of household 

head, the odds of exposure to any kind of shocks increased by 9.6253 unit. This may 

imply that households with older heads tend to have higher exposure to shocks as the 

ability to do more work decreases over the years. Also household heads with older 

ages are more likely to be in poor health condition leading to increase exposure to 

shocks. On the other hand, the value of marginal effect for age squared of household 

head (3) is estimated to be -4.3382. This coefficient of age squared had a negative 

effect on exposure to shocks which is consistent with lifecycle effects, implying that 

the positive association of age with exposure to shocks will weaken over time as 

observed in the rural area in Pattani province. As the head get older they will only 

become de-jure head and no longer the de-facto head as the livelihood of the 

households will be supported by other members of the households. This is more 

prevalent in rural households where the elderly is highly regarded even though they 

are contributing anything economically. Together these findings on age and age 

squared suggest that households with middle-aged head have higher probability of 
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being exposed to shocks as compared to those with very old and young head. These 

results are in line with the previous results obtained by Baiyegunhi and Fraser 

(2010), Adepoju and Yusuf (2012) and Iqbal (2013). 

As for house characteristics (house condition
10

) (10) of the household, the value of 

marginal effect is 0.1814. This implies that for a household with poor general 

condition of house, the probabilities of exposure to any kind of shocks increased by 

0.1814 units. This finding implies that poor house condition indicates lack of welfare 

and standard living conditions of the family as well as inadequate sanitation and 

facilities which may lead them to be more exposed to shocks. This finding is in line 

with the earlier result reported by Oni and Yusuf (2008) and Iqbal (2013).  

Nevertheless, this model shows that there is no significant relationship between 

gender of household head (1), primary education of household head (4), secondary 

education of household head (5), tertiary education of household head (6), size of 

the household (7), location of houses (distance to the nearest town) (8), location of 

houses (distance to the nearest town) squared (9), total income of the households 

(11) and household exposure to shocks in 2012 in the rural area in Pattani province. 

ii. Exposure to Economic Shocks (ER) 

In the ER model, among the eleven explanatory variables included in this model, two 

of them are positively significant in impacting the household exposure to economic 

shocks in 2012. These are size of the household (7) and location of houses (distance 

to the nearest town) squared (9) which are found to be statistically significant at 1 

percent and 5 percent probability level, respectively. On the other hand, another two 

                                                           
10

 In our estimation, house condition is represented with a dummy variable with one 

representing poor house condition and zero good house condition. 
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of them are negatively significant at 1 percent and 10 percent probability level, 

respectively, namely location of houses (distance to the nearest town) (8) and total 

income of the households (11). 

The marginal effect value of size of the household (7) (Table 4.74) is estimated to 

be 0.8018. This indicates that an increase in one unit of households’ size causes an 

increase in the probability of exposure to economic shocks by 0.8018 units. This 

finding may seems odd as it can be expected that larger household size can result in a 

household division of labor which could spread shocks on households’ income 

earning (Ansari, 2013). On the other hand, it can be argued that a larger household 

implies that there are more people on whom the shocks can fall on thus making them 

more vulnerable to the occurrence of shocks.  

The marginal effect value of location of houses (distance to the nearest town) (8) by 

household is  found to be -0.6489 implying that for every unit increase in the 

distance to the nearest town or change in location of houses, the odds of exposure to 

economic shocks decreased by 0.6489 unit. At the same time, the marginal effect 

value of location of houses (distance to the nearest town) (9) squared is found to be 

0.1534 which indicates as location of houses (distance to the nearest town) increase 

the exposure to economic shocks also increase by 0.1534 units. Together these 

findings show that the probability of exposure to economic shocks by household is 

determined by location of the household which is similar to the previous result 

reported by Ansari (2013). Though surprisingly there is a negative direct impact of 

location on shocks exposure, there is also a positive non-linear impact. This can be 

interpreted as a fact that rural households located nearer the town centre may be 

more exposed to economic shocks as they are the ones who are more likely to be an 
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employee or to work in the formal sector. Therefore they are the ones who are more 

likely to lose jobs or to face a reduction in their salary. On the other hand, being too 

far from the town centre also has its drawbacks especially in term of access to public 

amenities which may increase the likelihood of being exposed to economic shocks as 

indicated by the positive non-linear coefficient.  

The marginal effect value of total income of the households (11) is found to be -

0.3237. This indicates that a decrease in one unit of total income of the households 

causes an increase in the odds of exposure to economic shocks by 0.3237 units. The 

findings which are similar to those of Lal, Singh, and Holland (2009) may signify 

that lower income households are more likely to be terminated as they were the ones 

who are the easiest to be made redundant in a company. Their low income may also 

capture their lack of education which make them less skilled or experienced in doing 

business thus making them more likely to go bankrupt. 

iii. Exposure to Health Shocks (HR) 

In the HR model, among the eleven explanatory variables included in this model, 

only two of them are positively significant in impacting the household exposure to 

health shocks in 2012. These are size of the household (7) and house characteristics 

(house condition) (10) which are statistically significant at 1 percent and 10 percent 

probability level, respectively.  

Table 4.74 shows that the marginal effect value of size of the household (7) is 

estimated to be 0.8455. This also indicates that an increase in one unit of households’ 

size causes an increase in the probability of exposure to health shocks by 0.8455 

units. Similar interpretation as the ones for exposure to economic shocks can be 
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applied here. Indeed, it is more likely for a member of bigger size households to fall 

sick as compared to those of smaller size as they are more of them to begin with. 

Also, it will be more financially strenuous for bigger size households to have access 

to good quality and nutritious foods and good medical facilities as compared to those 

of smaller size. This therefore will make members of bigger size households to fall 

sick more often.  

As for house characteristics (house condition) (10) of the household, the value of 

marginal effect is found to be 0.0827. This implies that a household with poor house 

general condition, the probabilities of exposure to health shocks increased by 0.0827 

unit. This finding is as expected given the facts that poor house condition indicates 

poor standard living conditions of the family as well as insufficient sanitation and 

facilities which therefore will increase exposure to health shocks. This finding is in 

line with the earlier result reported by Oni and Yusuf (2008) and Iqbal (2013). 

iv. Exposure to Life-Cycle Shocks (LCR) 

In the LCR model, among the eleven explanatory variables included in this model, 

three of them are negatively significant in impacting the household exposure to life-

cycle shocks in 2012, namely gender of household head (1), location of houses 

(distance to the nearest town) (8) and total income of the households (11) which are 

found to be statistically significant at 1 percent, 10 percent and 10 percent probability 

level, respectively. 

As can be seen in Table 4.74, the value of marginal effect for gender of the 

household head (1) is estimated to be -0.8208. The results which are in line with the 

previous results obtained by Hoddinott and Quisumbing (2003), indicate that being a 
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male headed household, the probabilities of exposure to life-cycle shocks decreased 

by 0.8208 units. This result may mean that households headed by a male may see 

less death as they may be more economically able to provide better medical care for 

the their members. In other words, female-headed households are more likely to face 

life-cycle shocks as they are less capable economically to provide for better access to 

better and quality foods, education and medical care which all are major factors that 

determiner health.  

The marginal effect value of location of houses (distance to the nearest town) (8) by 

household is found to be -0.8939 implying that for every unit increase in the distance 

to the nearest town or change in location of houses, the odds of exposure to life-cycle 

shocks decreased by 0.8939 unit. This shows that the probability of exposure to life-

cycle shocks by households in Pattani province depends on their location as it 

determines their access to the basic services especially healthcare as well as other 

amenities such as water, electricity, sanitation, transportation and 

telecommunication. This finding is also consistent with the previous result reported 

by Ansari (2013).  

As for the other significant determinant which income, its marginal effect value of is 

found to be -0.7069. This indicates that a decrease in one unit of total income of the 

households causes an increase in the odds of exposure to life-cycle shocks by 0.7069 

units. This finding means that households with lower level of income seem to have a 

higher probability of exposure to life-cycle shocks as compared to those with a 

higher income. This findings captures the same effect as for the other two variables 

(gender and location) above which indicates that probability of exposure to life-cycle 
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shocks is higher for those who have less access to good quality and nutritious foods 

as well as good medical and healthcare facilities.  

v. Exposure to Social Shocks 

In the SR model, we have two variables are found to have a positive significant 

impact on household exposure to social shocks in 2012. These variables are house 

characteristics (house condition) (10) and total income of the households (11) which 

are statistically significant at 5 percent and 10 percent probability level, respectively. 

On the other hand, gender of household head (1) is found to be negatively 

significant at five percent probability level. 

Table 4.74 shows that the value of marginal effect for gender of the household head 

(1) is -0.4418. This implies that for a male headed household, the probabilities of 

exposure to social shocks are lowered by 0.4418 units compared to a female-headed 

household. This may signify that household headed by a male is more apt in exerting 

control on its member and their behaviour thus preventing them from engaging in 

unhealthy social activities. Also, usually, male head also has the support from his 

partner or wife in managing the households as compared to female head who only 

has herself to manage and support the household. 

The value of marginal effect for house characteristics (house condition) (10) of the 

household is 0.1070. This implies that a household with poor house general 

condition, the probabilities of exposure to social shocks increased by 0.1070 units. 

This finding signifies that households living in poor house conditions are more likely 

to be exposed to social shocks. This can be due to the fact that poor house conditions 
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makes more likely for the household members to be outside the house and get 

involved in unhealthy social activities. 

On the other hand, income is also found to have a positive impact on the probabilities 

of being exposed to social shocks with a marginal effect of 0.3952. This finding 

seems to be at odd with our expectation that poor households are more likely to be 

exposed to social shocks as compared to richer households. However, the results may 

signify that household heads with higher income may have less time to spend with 

their family members as they are busy at work in order to earn the extra income.  

In conclusion, the results of our estimations on the exposure to shocks indicate that 

households’ characteristics do have an influence on their exposure to shocks. In other 

words, households do seem to differ in term of their exposure to shocks. Some of 

them seem to be more likely to be exposed to shocks than others. Also the results 

show that different types of shocks seems to be determined by different set of 

variables. Table 4.75 summarizes the determinants of exposure to shocks by types of 

shocks. As can be seen there are few variables that appear in more than one model 

which speaks to their importance in tackling the issue of households’ exposure to 

shocks. For example, house condition and households income are found to be 

significant in three of the five models. Furthermore, the results imply that depending 

on the type of shocks whose exposure we want to minimize, the set of criteria that 

the relevant authorities should be looking at will be different.  
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Table 4.75 

Significant Variables in the Logit Model: Exposure to Shocks 

Variables 

 

 

Exposure 

to Shocks 

in general 

(HER) 

Exposure 

to 

Economic 

Shocks 

(ER) 

Exposure 

to Health 

Shocks 

(HR) 

Exposure 

to Life-

Cycle 

Shocks 

(LCR) 

Exposure 

to Social 

Shocks 

(SR) 

Gender of HH head (1)           √    √ 
Age of HH head (2)        √     
Age squared of HH head 

(3) 
       √     

Size of the HH (7)         √        √   
Location of houses 

(distance to the  nearest 

town) (8) 

        √         √  

Location of houses 

(distance to the  nearest 

town) squared (9) 

        √    

House condition 

(10) 
       √         √         √ 

Total income of the HH 

(11) 
        √         √        √ 

Note: 1. HH= Household. 

          2. √, denotes the significance variables 

 

On the other hand, exposure to shocks may not necessarily lead to any adverse 

impact on the affected households. Therefore, another important aspect that should 

be examined is to what extent exposure to shocks is impacting the livelihood of these 

households. This will be issue discussed in the following section.  

4.6 The Impact of Exposure to Shocks on Household’s Livelihood 

The descriptive analysis above showed that various aspects of the livelihood of 

households’ exposed to shocks have been affected. In this section, the impact of 

exposure to shocks is further analysed by examining whether the impact is 

statistically significant and which types of shocks are more likely to have an impact. 

This analysis will also determine which households are more likely to be affected by 

the shocks. For that purpose, the following logistic regression was estimated:- 
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logit
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                                                                                                                                 (4.2)                     

Where  

θ = probability of the occurring event 

1() = those who experienced impact on their livelihood 

0() = those who do not experience impact on their livelihood 

 = the constant of the equation  

1,…16 = the coefficient of the each predictor variables 

 = error term 

1,…, 16= independent variables which comprise of 1= gender of household head, 2= 

age of household head, 3= age squared of household head, 4= primary education of 

household head, 5= secondary education of household head, 6= tertiary education of 

household head, 7= size of the household, 8= location of houses (distance to the 

nearest town), 9= location of houses (distance to the nearest town) squared, 10= 

house characteristics (house condition), 11= total income of the households, 12= 

household exposure to economic shocks, 13= household exposure to health shocks, 

14= household exposure to life-cycle shocks, 15= household exposure to natural 

shocks, and 16=  household exposure to social shocks. 

Six aspects of households livelihood will be analyzed namely:- 

a. Asset 

b. Income  



202 
 

c. Consumption  

d. Education  

e. Health  

f. Psychology  

The six aspects above will be analyzed from the perspective of the following five 

groups of shocks. In other words, for each aspect of livelihood, there will be five 

models estimated each representing exposure to five different types of shocks namely 

economic shocks (ER), health shocks (HR), life-cycle shocks (LCR), natural shocks 

(NR) and social shocks (SR).  

i. Impact on Asset 

The results of the estimation on the impact on Asset are reported in Table 4.76. As 

can be seen from the results of the logistic analysis, the Log likelihood in the ER, 

HR, LCR, NR and SR models are found to be -190.536, -198.502, -201.113, -

170.343, and -185.775 respectively. The LR statistics in these models are 63.21, 

47.27, 42.05, 103.59, and 72.73 respectively. All these values are significant at 1 

percent probability level implying that these models have a good fit. 

We also test for Wald test and Hosmer-Lemshow goodness of fit test. For the Wald 

test indicates that since the p-value in these models are significant at 1 percent 

probability level (Prob> chi
2
 = 0.0000 in all models excepting LCR model = 0.0002) 

which implies that all explanatory variables: gender of household head (1), age of 

household head (2), age squared of household head (3), primary education of 

household head (4), secondary education of household head (5), tertiary education 

of household head (6), size of the household (7), location of houses (distance to the 
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nearest town) (8), location of houses (distance to the nearest town) squared (9), 

house characteristics (house condition) (10), total income of the households (11), 

exposure to economic shocks, ER (12), exposure to health shocks, HR (13), 

exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR (15) and 

exposure to social shocks, SR (16) jointly influence the impact of shocks on 

households’ asset in 2012. 

As for the Hosmer-Lemshow goodness of fit test, since the p-value in ER, HR, LCR, 

NR and SR models are insignificant (Prob> chi
2
 = 0.9409, 0.5374, 0.5752, 0.2986, 

and 0.9469, respectively) at 5 percent probability level. Thus we concluded that the 

logistic models for ER, HR, LCR, NR and SR have a good fit. However, the 

percentage of correction prediction in these models indicates that 88.83 percent, 

88.00 percent, 87.83 percent, 87.83 percent, and 88.00 percent variation in ER, HR, 

LCR, NR and SR models are explained by all explanatory variables [(gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), total income of the 

households (11), exposure to economic shocks, ER (12), exposure to health shocks, 

HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR 

(15) and exposure to social shocks, SR (16)]. 

Table 4.76 shows all types of exposures to shocks have a significant impact on asset. 

As can be seen, the probability that there will be an impact on households’ asset 

increases when the latter are exposed to these five types of shocks.  However, the 
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results indicate that the magnitude of the impact of these five shocks is different. 

Exposure to natural shocks is found to have the biggest impact with a marginal 

coefficient of 0.47 followed by social shocks (0.35) and economic shocks (0.27). In 

other words, the probability that households’ asset will be impacted is the highest 

when the households are faced with natural shocks. The findings are as expected as 

when natural shocks such as flooding or earthquake occurs, it is very likely for 

households’ assets to be adversely impact notably their houses, their crops or their 

livestock.  

As for the determinants on the probability of impact on asset, the determinants differ 

according to the types of exposures to shocks. However three variables appear to be 

significant in all five models namely gender (negative impact), location (negative 

impact) and income (positive impact).  

The negative impact of gender signifies that female-headed households compared to 

male-headed households when exposed to shocks, are more likely to have its asset 

affected. This suggests that female-headed households are more vulnerable given 

their socio-economic and demographics characteristics. As for the impact of location, 

the results indicate that households located further from a town have lower 

probability of having their asset impacted when faced with a shock. This is quite 

surprising as one would expect that when households are located nearer to a town 

they would have access to facilities available in the nearby town in order to lower or 

mitigate the impact of shocks on their asset. One possible explanation for this may lie 

in the fact that households living nearer to a town are more likely to have higher 

income given the opportunities provided by living nearer to a town. As such they are 

more likely to have assets compared to those living further away from a town. 
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Therefore, when faced with a shock there is more likely for them to have their asset 

affected as compared to those living further from a town who may not even have any 

asset at all. Finally, as for income, the results found that the higher the income the 

more likely that households’ asset is to be affected. This may be explained by the 

fact that high-income households are the ones capable of accumulating asset. 

Therefore, the higher the income the more asset they will have, thus the more likely 

their asset is to be affected when faced with a shock.  

Tertiary education is another variable that is found to be negatively significant but 

only in the case of exposure to economic shocks, natural shocks and social shocks 

which imply that households with tertiary education are less likely to have their 

assets affected when faced with these shocks. These findings may indicate that the 

types of assets held by these groups of people may be different in the sense that they 

are not subject to the occurrence of these types of shocks. For example, these 

households may have asset in the form of savings in banks or houses located in 

various areas which are less likely to be affected by shocks. In the case of natural 

shocks, primary education is also found to be negatively significant which may 

further corroborated our explanation on the fact that education may have an impact 

on the types of assets held by households. 
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Table 4.76 

The Impact of Shocks on Households’ Asset in 2012, Logistic Model 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Constant 

 

-2.8496 

(-1.60) 

 -2.3995  

 (-1.30) 
 -2.9334 

(-1.60)    
 -3.9305

**
 

(-1.96) 

 -3.5489
*
 

(-1.90) 
 

Gender of HH head (1) -0.6152
**

  

(-2.13)   

-0.3895
**

   

(-2.12)     

-0.6333
**

 

(-2.23)    

-0.3973
**

  
 

(-2.22)     

-0.5136
*
  

(-1.81)   

-0.3217
*
 

(-1.80)       

-0.5896
*
 

(-1.91) 

-0.3803
*
 

(-1.90)      

-0.5043
*
 

(-1.72)    

-0.3209
*
 

(-1.71)        

Age of HH head (2) 0.0312   

(0.45)  

1.2930 

(0.45)      

0.0337 

(0.47)    

1.3844   

(0.47)         

0.0389   

(0.55)  

1.5956 

(0.55)       

0.0920 

(1.12) 

3.8854 

(1.12)      

0.0482 

(0.67)    

2.0077 

(0.67)       

Age squared of HH head 

(3) 

-0.0002  

(-0.34)    

-0.4794      

(-0.34) 

-0.0003   

(-0.43) 

-0.6102  

(-0.43) 

-0.0003 

(-0.46)    

-0.6356  

(-0.46)     

-0.0009 

(-1.10) 

-1.9180 

(-1.10)      

-0.0003   

(-0.51)  

0.4182   

(-0.51) 

Primary education of 

HH head (4) 

-0.7082  

(-1.37)   

-0.2274 

(-1.36)       

-0.6934 

(-1.34)    

-0.2206 

(-1.33)       

-0.5770   

(-1.13)  

-0.1833  

(-1.13)     

-1.0522
*
 

(-1.86) 

-0.3442
*
 

(-1.85)        

-0.8378 

(-1.60) 

-0.2704  

(-1.60)      

Secondary education of  

HH head (5) 

-0.1825      

(-0.33)    

-0.0519   

(-0.33)     

-0.1609  

(-0.29)    

-0.0454  

(-0.29)      

0.0473    

(0.09) 

0.0133    

(0.09)    

-0.5786 
(-0.96) 

-0.1677   

(-0.95)     

-0.1579  

(-0.28)   

-0.0451    

(-0.28)    

Tertiary education    

 of HH head (6) 

-1.2103
*
   

(-1.80)   

-0.2947
*
 

(-1.79)      

-1.0969  

(-1.63)   

-0.2647  

(-1.62)      

-0.8977   

(-1.35)  

-0.2162   

(-1.35)     

-1.6412
**

 

(-2.25) 

-0.4071
**

  

(-2.24)      

-1.2397
*
  

(-1.83)   

-0.3034
*
 

(-1.82)       

Size of the HH (7) 

 

0.0657  

(1.04)   

0.3304   

(1.04)  

0.0639  

(1.04)   

0.3183  

(1.04)      

0.0863 

(1.44)    

0.4291    

(1.43)    

0.0010 

(0.02) 

0.0055  

(0.02)      

0.0828  

(1.28)   

-0.7424 

(1.28)      

Location of houses 

(distance to the  nearest 

town) (8) 

-0.0795
*
 

(-1.89)   

-0.6637
*
 

(-1.88)      

-0.0944
**

  

(-2.38)   

-0.7809
**

 
 

(-2.36)     

-0.0932
**

  

(-2.33)  

-0.7695
**

  

(-2.31)     

-0.0842
*
 

(-1.89) 

-0.7156
*
  

(-1.88)     

-0.0764
*
   

(-1.84)  

-0.6405
*
 

(-1.83)       

Location of houses 

(distance to the  nearest 

town) squared (9) 

0.0007   

(0.96)  

0.1163   

(0.96)    

0.0010  

(1.47)   

0.1567 

(1.47)       

0.0010    

(1.40) 

0.1515   

(1.39)     

0.0010 

(1.15) 

0.1548    

(1.15)   

0.0006  

(0.96)   

0.1026 

(0.96)       

House characteristics  

(house condition) (10) 

 

 

 

 

0.2396   

(0.64)  

0.0320  

(0.64)      

0.2744 

(0.75)     

0.0364    

(0.75)    

0.3456 

(0.95)    

0.0457  

(0.95)      

0.0311 

(-0.08) 

-0.0042   

(0.08)     

0.1307   

(0.34)  

0.0176  

(0.34)      
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Table 4.76 (Continued) 

Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Total income of the  

households  (11) 

0.0000
**

  

(2.51) 

0.5235
**

  

(2.49)     

0.0000
**

  

(2.05) 

0.4180
** 

(2.04)        

0.0000
** 

(2.20)    

0.4363
** 

(2.18)   

0.0000
***

 

(2.94) 

0.6655
***

 

(2.90)       

0.0000
**

  

(2.23)   

0.4734
** 

(2.22)       

Household exposure to 

economic shocks (12)  

1.6140
***

 

(5.67) 

0.2652
***

  

(5.50)     

        

Household exposure to 

health shocks (13) 

  1.3015
*** 

(4.07)      

0.1374
*** 

(4.01)       

      

Household exposure to 

life-cycle shocks (14) 

    1.2308
***

   

(3.33) 

0.0852
***

  

(3.30)          

    

Household exposure to 

natural shocks (15) 

      2.4745
***

 

(8.03)    

0.4719
*** 

(7.56)    

  

Household exposure to 

social shocks (16) 

        1.8127
***

 

(6.37)      

0.3465
*** 

(6.12)       

Log likelihood -190.536  -198.502  -201.113  -170.343  -185.775  

Number of observations 600  600  600  600  600  

LR chi
2 
(12) 63.21  47.27  42.05  103.59  72.73  

Prob > chi
2
 0.0000

***
  0.0000

***
  0.0000

***
  0.0000

***
  0.0000

***
  

Wald Test chi
2
(12), 

Prob > chi
2
 

54.49, 

0.0000
***

 

 42.09, 

0.0000
***

 

 36.98, 

0.0002
***

 

 81.28, 

0.0000
***

 

 60.73, 

0.0000
***

 

 

Hosmer-Lemshow 

chi
2
(8), Prob> chi

2
, 

Percentage of correction 

prediction 

2.89, 

0.9409, 

88.83% 

 

 6.99, 
0.5374, 

88.00% 
 

 6.65, 

0.5752, 

87.83% 

 

 9.54, 

0.2986, 

87.83% 

 

 2.79, 
0.9469, 
88.00% 

 

 

Note: 1. HH= Household. 

          2. The dependent variable for the estimation is Asset= the impact of shocks on household asset in 2012. 

          3.  Values of z-statistics are reported in parenthesis. 

          4.  ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level.    
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ii. Impact on Income 

In the case of impact on income, the results of the estimation are reported in Table 

4.77. As can be seen, the Log likelihood in the ER, HR, LCR, NR and SR models are 

found to be -229.250, -274.160, -300.196, -274.663, and -250.980 respectively. The 

LR statistics in these models are 216.30, 126.48, 74.41, 179.48, and 172.84 

respectively. All these values are significant at 1 percent probability level implying 

that these models have a good fit. 

As for Wald test, the results indicate that since the p-value in these models are 

significant at 1 percent probability level (Prob> chi
2
 = 0.0000 in all models) which 

implies that all explanatory variables: gender of household head (1), age of 

household head (2), age squared of household head (3), primary education of 

household head (4), secondary education of household head (5), tertiary education 

of household head (6), size of the household (7), location of houses (distance to the 

nearest town) (8), location of houses (distance to the nearest town) squared (9), 

house characteristics (house condition) (10), total income of the households (11), 

exposure to economic shocks, ER (12), exposure to health shocks, HR (13), 

exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR (15) and 

exposure to social shocks, SR (16) jointly influence the impact of shocks on 

households’ income in 2012. 

Meanwhile for the Hosmer-Lemshow goodness of fit test, since the p-value in ER, 

HR, LCR, NR and SR models are insignificant (Prob> chi
2
 = 0.8420, 0.2662, 0.3952, 

0.8599, and 0.0946, respectively) at 5 percent probability level. Thus we concluded 

that the logistic models for ER, HR, LCR, NR and SR have a good fit. However, the 

percentage of correction prediction in these models indicates that 85.50 percent, 
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79.83 percent, 75.83 percent, 83.67 percent, and 81.67 percent variation in ER, HR, 

LCR, NR and SR models are explained by all explanatory variables [(gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), total income of the 

households (11), exposure to economic shocks, ER (12), exposure to health shocks, 

HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR 

(15) and exposure to social shocks, SR (16)]. 

In the case of impact on income, all types of exposure to shocks are found to be 

statistically significant (Table 4.77). This indicates that households’ income is more 

likely to be affected when they are faced with shocks, regardless of the types of 

shocks. However, the magnitude of the impact is found to be different according to 

the types of shocks. 

As expected, exposure to economic shocks is the one that has the highest impact on 

the probability for household income to be affected. A household exposed to 

economic shocks is found to have a probability of having its income affected 

increased by 0.46. The impact of economic shocks on income is quite 

straightforward given the fact when faced with such a shock (for example job loss or 

destruction of crops), it will usually lead to a decrease in the income of the affected 

households. Natural shocks comes second with a marginal effect of 0.43 and social 

shocks third with 0.42. Again, the impact of life-cycle shocks is found to be the 

lowest with a marginal effect of only 0.08.  
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The variables that are found to determine the probability of having an income impact 

regardless of the types of shocks are location (negatively) and location squared 

(positively). Together these results indicate that households located too near and too 

far from a town are the ones most likely to have their income affected. One 

explanation for this may lie in the fact that households living nearer to a town is 

more likely to be employed in the formal sector and is thus has higher source of 

income. Therefore, when faced with a shock there is more likely for them to have 

their income affected as compared to those living further from a town who may have 

low level of income. As for those living too far from a town, they are more likely to 

have their income affected as they have little access to facilities that could help them 

to mitigate the impact of the shocks.  

Female-headed households are also found to have higher probability of having their 

income affected when faced with shocks but only when we control for exposure to 

economic, health and life-cycle shocks. In the case of household size, it has positive 

impact on the probability implying that bigger household size will increase the 

probability of income being impacted. However, the effect is only significant in the 

health, life-cycle and social shocks models. This may suggest that income is more 

likely to be affected for bigger households when we are in the presence of these three 

types of shocks. Age and age squared are also found to be significant when we 

control for natural shocks. As the coefficient is positive for age and negative for age 

squared, together these signify it is the very young and the very old who are more 

likely to have their income affected. This is understandable as the young ones are 

those who are starting up while the very old are the ones who earn the less. Therefore 

exposure to natural shocks is more likely to have an impact on them. 
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Table 4.77 

The Impact of Shocks on Households’ Income in 2012, Logistic Model 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Constant 

 

-2.2386 

(-1.33)    

 -0.9998 

(-0.68)    
 -1.5894 

(-1.16) 
 -3.1524

*
 

(-1.90) 

 -2.6609
*
 

(-1.69)    
 

Gender of HH head (1) -0.4866
*
 

(-1.86)     

-0.2717
* 

(-1.85)       

-0.4923
**

   

(-2.10)  

-0.2678
** 

(-2.09)        

-0.3780
*
 

(-1.69)    

-0.2031
*
   

(-1.68)     

-0.4060  

(-1.62)   

-0.2266 

(-1.61)      

-0.2895   

(-1.16)   

-0.1609    

(-1.15)    

Age of HH head (2) 0.0535  

(0.80)   

1.957 7  

(0.80)    

0.0285   

(0.49) 

1.0173 

(0.49)   

0.0291 

(0.54)    

1.0267    

(0.54)   

0.1204
*
    

(1.72) 

4.4011
*
    

(1.71)      

0.0586  

(0.94)   

2.1337 

(0.94)     

Age squared of HH head 

(3) 

-0.0005   

(-0.84)  

-1.0496   

(-0.84)     

-0.0004   

(-0.70) 

-0.7427 

(-0.70)      

-0.0003 

(-0.66)  

-0.6226 

(-0.65) 

-0.0014
*
    

(-1.87) 

-2.5064
*
    

(-1.86)     

-0.0006  

(-0.94)   

-1.0718 

(-0.94)      

Primary education of 

HH head (4) 

0.4045 

(0.73) 

0.1145   

(0.73)     

0.3165  

(0.64)   

0.0873      

(0.64) 

0.4796   

(1.03) 

0.1307  

(1.03)    

0.1713 

(0.33)   

0.0485   

(0.33)      

0.2750    

(0.56) 

0.0775 

(0.56)       

Secondary education of  

HH head (5) 

0.3309    

(0.56) 

0.0830    

(0.56)    

0.3472    

(0.65) 

0.0849  

(0.65)      

0.6195 

(1.22)  

0.1496   

(1.22)     

0.0902  

(0.16)   

0.0226 

(0.16)      

0.4912   

(0.92)      

0.1227 

(0.91)       

Tertiary education    

 of HH head (6) 

0.5650   

(0.86)  

0.1213    

(0.86)    

0.5337  

(0.91) 

0.1116   

(0.91)     

0.7400 

(1.33)   

0.1529 

(1.33)       

0.3294 

(0.53)    

0.0707 

(0.53)       

0.4743    

(0.80) 

0.1013  

(0.80)       

Size of the HH (7) 

 

0.0621   

(1.06)  

0.2755     

(1.05)   

0.0966
*
  

(1.86) 

0.4173
*
   

(1.85)    

0.1303
***

  

(2.68)   

0.5559
***

 

(2.66)     

0.0471 

(0.84)   

0.2089 

(0.84)       

0.1203
**

  

(2.22)   

0.5307
**

     

(2.21)  

Location of houses 

(distance to the  nearest 

town) (8) 

-0.1657
***

    

(-3.40) 

-1.2191
***

  

(-3.34)      

-0.1942
***

 

(-4.32)    

-1.3920
***

 

(-4.23)    

-0.1659
***

 

(-4.14)    

-1.1747
***

   

(-4.07)     

-0.1621
***

  

(-3.83)   

-1.1918
***

  

(-3.75)       

-0.1824
***

   

(-3.76)   

-1.3355
***

 

(3.69)       

Location of houses 

(distance to the  nearest 

town) squared (9) 

0.0029
**

   

(2.33)  

0.3884
**

     

(2.32)  

0.0038
***

    

(3.19)  

0.4888
***

 

(3.17)      

0.0030
***

 

(2.93)    

0.3835
***

  

(2.92)      

0.0030
***

 

(2.87)    

0.3948
***

  

(2.85)        

0.0036
***

   

(2.85)  

0.4786
***

 

(2.82)        

House characteristics  

(house condition) (10) 

 

 

 

0.2825   

(0.83)  

0.0333 

(0.83)       

0.2844    

(0.94) 

0.0327 

(0.94)       

0.3978    

(1.40) 

0.0452    

(1.40)    

0.1015 

(0.31)  

0.0119 

(0.31)       

0.1602   

(0.50)  

0.0188   

(0.50)    
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Table 4.77 (Continued) 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Total income of the  

households  (11) 

-0.0000    

(-1.16) 

-0.2316    

(-1.16)    

-0.0000   

(-1.64) 

-0.2846 

(-1.63)       

-0.0000 

(-1.55) 

-0.2474 

(-1.55)      

-0.0000 

(-1.42)   

-0.2719 

(-1.41)      

-0.0000 

(-1.60)    

-0.2978   

(-1.60)     

Household exposure to 

economic shocks (12)  

3.1527
***

  

(11.01)     

0.4570
***

 

(10.23) 

        

Household exposure to 

health shocks (13) 

  2.3705
***

   

(7.63)    

0.2170
***

   

(7.37)      

      

Household exposure to 

life-cycle shocks (14) 

    1.2846
***
 

(3.77) 

0.0763
***

  

(3.74)           

    

Household exposure to 

natural shocks (15) 

      2.6359
***

    

(10.12) 

0.4349
***

 

(9.29)       

  

Household exposure to 

social shocks (16) 

        2.4918
***

 

(10.01) 

0.4161
***

         

(9.25) 

Log likelihood -229.250  -274.160  -300.196  -247.663  -250.980  

Number of observations 600  600  600  600  600  

LR chi
2 
(12) 216.30  126.48  74.41  179.48  172.84  

Prob > chi
2
 0.0000

***
  0.0000

***
  0.0000

***
  0.0000

***
  0.0000

***
  

Wald Test chi
2
(12), 

Prob > chi
2
 

141.64, 

0.0000
***

 

 89.93, 

0.0000
***

 

 58.78, 

0.0000
***

 

 130.50, 

0.0000
***

 

 125.84, 

0.0000
***

 

 

Hosmer-Lemshow 

chi
2
(8), Prob> chi

2
, 

Percentage of correction 

prediction 

4.16, 

0.8420, 

85.50% 

 9.98, 
0.2662, 
79.83% 

 8.40, 
0.3952, 

75.83% 
 

 3.97, 

0.8599, 

83.67% 

 

 13.54, 
0.0946, 
81.67% 

 

 

Note: 1. HH= Household. 

          2. The dependent variable for the estimation is Income= the impact of shocks on household income in 2012. 

          3.  Values of z-statistics are reported in parenthesis. 

          4.  ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level.    
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iii. Impact on Consumption 

Consumption is another aspect of the livelihood that can be affected by an exposure 

to shocks. In this study, the impact on consumption is focused more specifically on 

food consumption only. Table 4.78 shows the impact of different types of exposures 

to shocks to the probability of an impact on consumption.  

The Log likelihood in the ER, HR, LCR, NR and SR models are found to be -

122.886, -131.519, -135.066, -128.618, and -131.633 respectively. The LR statistics 

in these models are 48.14, 30.88, 23.78, 36.68, and 30.65 respectively. All these 

values are significant at 1 percent and 5 percent probability level implying that these 

models have a good fit. 

The Wald test indicates that since the p-value in these models are significant at 1 

percent and 5 percent probability level (Prob> chi
2
 = 0.0000, 0.0016,

 
0.0151, 0.0008, 

and 0.0038, respectively) which implies that all explanatory variables: gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), total income of the 

households (11), exposure to economic shocks, ER (12), exposure to health shocks, 

HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR 

(15) and exposure to social shocks, SR (16)  jointly influence the impact of shocks 

on households’ consumption in 2012. 
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As for the Hosmer-Lemshow goodness of fit test, since the p-value in ER, HR, LCR, 

NR and SR models are insignificant (Prob> chi
2
 = 0.1833, 0.2786, 0.1470, 0.3304, 

and 0.7109, respectively) at 5 percent probability level. Thus we concluded that the 

logistic models for ER, HR, LCR, NR and SR have a good fit. However, the 

percentage of correction prediction in these models indicates that 93.33 percent, 

93.17 percent, 93.17 percent, 93.33 percent, and 93.33 percent variation in ER, HR, 

LCR, NR and SR models are explained by all explanatory variables [(gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), total income of the 

households (11), exposure to economic shocks, ER (12), exposure to health shocks, 

HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR 

(15) and exposure to social shocks, SR (16)]. 

The results show that the exposure to economic shocks is found to have the highest 

effect on the probability with a marginal effect of 0.35, followed by natural shocks 

and social shocks. Health shocks and life-cycle shocks seem to have much lower 

impact on the probability.  

The fact that economic shocks have the highest impact is due to the fact that to 

purchase food, households need income. Therefore, since exposure to shocks will be 

effecting income the most, as shown in the previous discussion on the impact on 

income, food consumption is expected to be impacted as well. Similar explanations 

apply to exposure to natural shocks and social shocks. In other words, the impact on 
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consumption of exposure to shocks is in a way related to the impact on income. As 

such we should see similar ranks for impact on consumption in term of the 

magnitude of these shocks as the ones observed for impact on income. Nevertheless, 

it should be noted that not all income is used for food consumption and some food 

can be obtained freely especially in the rural areas, therefore the marginal effect of 

exposure of shocks is lower in the case of consumption compared to income. 

As for the other determinants, only size of households is found to be statistically 

significant. As expected, the results show that bigger size households have higher 

probability of having their consumption impacted when faced with a shock. In other 

words, when face with a shock, households with bigger size are more likely to have 

difficulty in providing to all their members in term of food as compared to smaller 

size households. 
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Table 4.78 

The Impact of Shocks on Households’ Consumption in 2012, Logistic Model 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Constant 

 

-3.4506 

(-1.46)    

 -2.4092    

(-1.03) 
 -3.0041 

(1.29)    
 -4.0678

*
 

(-1.65) 

 -3.3570 

(-1.45) 
 

Gender of HH head (1) -0.2664    

(-0.71) 

-0.1771 

(-0.71)       

-0.2857 

(-0.77)   

-0.1881 

(-0.77)          

-0.1592 

(-0.43) 

-0.1044   

(-0.43)     

-0.2327 

(0.63)    

-0.1541   

(0.63)        

-0.2030  

(-0.55)   

-0.1339 

(-0.55)      

Age of HH head (2) 0.0054  

(0.06) 

0.2359   

(0.06)    

-0.0112    

(-0.12) 

-0.4837  

(-0.12)      

-0.0036   

(-0.04)  

-0.1561   

(-0.04)    

0.0523 

(0.51)    

2.2706 

(0.51)      

0.0059  

(0.06)   

0.2586 

(0.06)      

Age squared of HH head 

(3) 

-0.0002   

(-0.28)  

-0.6229   

(-0.28)     

-0.0001    

(-0.17) 

-0.3520 

(-0.17)      

-0.0002    

(-0.22) 

-0.4667  

(-0.22)     

-0.0008 

(-0.78) 

-1.8011   

(-0.78)      

-0.0002  

(-0.29)   

-0.6054 

(-0.29)      

Primary education of 

HH head (4) 

-0.0249 

(-0.04) 

-0.0084   

(-0.04)     

-0.0576 

(-0.08)     

-0.0192   

(-0.08)         

0.1504    

(0.21)  

0.0500 

(0.21)       

-0.0196  

(-0.03)   

-0.0066   

(-0.03)     

-0.0395 

(-0.06)    

-0.0132 

(-0.06)       

Secondary education of  

HH head (5) 

-0.1265  

(-0.16)  

-0.0378  

(-0.16)       

-0.1748   

(-0.22)  

-0.0517  

(-0.22)       

0.1311    

(0.16) 

0.0386 

(0.16) 

-0.1867    

(-0.24) 

-0.0555 

(-0.24)       

-0.0607    

(-0.08) 

-0.0180 

(0.08)       

Tertiary education    

 of HH head (6) 

-0.3831    

(-0.43) 

-0.0979 

(-0.43)        

-0.3499   

(-0.38) 

-0.0886 

(-0.38)       

-0.0780   

(-0.09)  

-0.0196  

(-0.09)      

-0.3432 

(-0.37)    

-0.0874  

(-0.37)      

-0.3769     

(-0.42) 

-0.0956   

(-0.42)     

Size of the HH (7) 0.1615
**

  

(2.08)    

0.8519
**

  

(2.07)         

0.1690
**

    

(2.33) 

0.8835
** 

(2.31)       

0.1916
***

     

(2.71) 

0.9976
***

    

(2.68)     

0.1624
*
     

(2.22) 

0.8535
*
 

(2.21)       

0.1967
***

   

(2.67)    

1.0299
***

   

(2.65) 

Location of houses 

(distance to the  nearest 

town) (8) 

0.0449    

(1.07) 

0.3937 

(1.07)        

0.0212 

(0.55) 

0.1843 

(0.55)       

0.0254  

(0.65)     

0.2202    

(0.65)    

0.0394 

(-0.97)    

0.3442    

(-0.97)    

0.0391  

(0.98)   

0.3399 

(0.98)       

Location of houses 

(distance to the  nearest 

town) squared (9) 

-0.0005     

(-0.70) 

-0.0832   

(-0.70)     

-0.0001    

(-0.18) 

-0.0182 

(-0.18) 

-0.0002   

(-0.33)  

-0.0351   

(-0.33)     

-0.0003 

(-0.51)    

-0.0574  

(-0.50)      

-0.0005  

(-0.80)  

-0.0843 

(-0.80)       

House characteristics  

(house condition) (10) 

-0.1052   

(-0.23)  

-0.0147  

(-0.23)       

-0.0775   

(-0.17)  

-0.0107 

(-0.17)       

0.0042    

(0.01) 

0.0005  

(0.01)      

-0.1381  

(-0.31)   

-0.0193 

(-0.31)       

-0.1224 

(-0.27) 

-0.0170 

(-0.27)       
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Table 4.78 (Continued) 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Total income of the   

households  (11) 

Household exposure to 

economic shocks (12)  

-0.0000 

(-1.21)    

2.0607
***

  

(5.68)   

-0.4990 

(-1.20)          

0.3555
***

     

(5.52) 

-0.0000   

(-1.39)  

-0.5348 

(-1.39)       

-0.0000   

(-1.31)  

-0.4961  

(-1.31)        

-0.0000 

(1.56)     

-0.6517  

(1.56)       

-0.0000   

(1.48)  

-0.5806  

(1.47)      

Household exposure to 

health shocks (13) 

  1.5979
***

   

(4.16)    

0.1770
***

   

(4.10)      

      

Household exposure to 

life-cycle shocks (14) 

    1.3837
***

      

(3.09)   

0.1003
***

     

(3.07)          

    

Household exposure to 

natural shocks (15) 

      1.6918
***

   

(4.63) 

0.3312
***

   

(4.53)       

  

Household exposure to 

social shocks  (16) 

        1.4203
***

   

(3.98)    

0.2815
***

  

(3.92)       

Log likelihood -122.886  -131.519  -135.066  -128.618  -131.633  

Number of observations 600  600  600  600  600  

LR chi
2 
(12) 48.14  30.88  23.78  36.68  30.65  

Prob > chi
2
 0.0000

***
  0.0021

***
  0.0218

**
  0.0003

***
  0.0022

***
  

Wald Test chi
2
(12), 

Prob > chi
2
 

44.52, 

0.0000
***

 

 31.65, 

0.0016
***

 

 24.93, 

0.0151
**

 

 33.53, 

0.0008
***

 

 29.13, 

0.0038
***

 

 

Hosmer-Lemshow 

chi
2
(8), Prob> chi

2
, 

Percentage of correction 

prediction 

11.34, 

0.1833, 

93.33% 

 

 9.81,  

0.2786, 
93.17% 

 12.10, 

0.1470, 

93.17% 

 

 9.14, 

0.3304, 

93.33% 
 

 5.43, 
0.7109, 

93.33% 
 

 

Note: 1. HH= Household. 

          2. The dependent variable for the estimation is Food consumption= the impact of shocks on household consumption in 2012. 

          3.  Values of z-statistics are reported in parenthesis. 

          4.  ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level.    
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iv. Impact on Education 

Table 4.79 summarizes the results of the estimation on the impact of exposure to 

shocks on education. The Log likelihood in the ER, HR, LCR, NR and SR models 

are found to be -91.132, -89.108, -99.634, -97.449, and -95.025 respectively. The LR 

statistics in these models are 37.96, 42.01, 20.96, 25.33, and 30.18 respectively. All 

these values are significant at 1 percent and 10 percent probability level implying 

that these models have a good fit. 

In the case of the Wald test, the results found that the p-value in these models are 

significant at 1 percent, 5 percent and 10 percent probability level (Prob> chi
2
 = 

0.0006, 0.0001,
 
0.0533, 0.0271, and 0.0065, respectively) which implies that all 

explanatory variables: gender of household head (1), age of household head (2), 

age squared of household head (3), primary education of household head (4), 

secondary education of household head (5), tertiary education of household head 

(6), size of the household (7), location of houses (distance to the nearest town) (8), 

location of houses (distance to the nearest town) squared (9), house characteristics 

(house condition) (10), total income of the households (11), exposure to economic 

shocks, ER (12), exposure to health shocks, HR (13), exposure to life-cycle shocks, 

LCR (14), exposure to natural shocks, NR (15) and exposure to social shocks, SR 

(16) jointly influence the impact of shocks on households’ education in 2012. 

As for the Hosmer-Lemshow goodness of fit test, since the p-value in ER, HR, LCR, 

NR and SR models are insignificant (Prob> chi
2
 = 0.6969, 0.9478, 0.5725, 0.7987, 

and 0.2977, respectively) at 5 percent probability level. Thus we concluded that the 

logistic models for ER, HR, LCR, NR and SR have a good fit. However, the 

percentage of correction prediction in these models indicates that 95.50 percent, 
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95.67 percent, 95.50 percent, 95.50 percent, and 95.50 percent variation in ER, HR, 

LCR, NR and SR models are explained by all explanatory variables [(gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), total income of the 

households (11), exposure to economic shocks, ER (12), exposure to health shocks, 

HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR 

(15) and exposure to social shocks, SR (16)]. 

As shown by Table. 4.79 exposure to all types of shocks are found to be positively 

impacting the probability of having an impact of education. These findings have 

major implications as it shows that exposure to shocks in Pattani province will have 

an impact in the long term as they impact education. Economic shocks remain as the 

one with the highest marginal effect followed by social shocks. It is noteworthy that 

the marginal effect of exposure to health shocks has increased significantly to be at 

the same level as natural shocks. Life-cycle however remains as having the lowest 

marginal effect. These findings indicate that access to education may be jeopardized 

when households are faced with a shock. And most shocks except life-cycle shocks 

are found to have a major impact.  

As for the other independent variables, only size of households are found to be 

positive and only in the case when we control for life-cycle, natural and social 

shocks. This in a way indicates that when we control for economic and health 

shocks, the effect of household size is no longer significant. Therefore, it is only for 
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those who didn’t experience these shocks that household size seems to have a 

significant and positive impact on the probability of their education. In other words, 

in the presence of life-cycle, natural and social shocks, there is higher probability for 

education to be impacted. 
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Table 4.79 

The Impact of Shocks on Households’ Education in 2012, Logistic Model 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Constant 

 

-6.6766
**

 

(-2.01)      

 -6.2618
*
   

(-1.75)    
 -6.6292

**
 

(-1.97)    
 -7.2500

**
 

(-2.11) 

 -6.7299
**

 

(2.00) 
 

Gender of HH head (1) 0.0776  

(0.17)   

0.0525 

(0.17)         

0.1778   

(0.37)  

0.1202 

(0.37)        

0.1817   

(0.39)    

0.1219     

(0.39)       

0.0437    

(0.10) 

0.0294 

(0.10)       

0.1611 

(0.35)    

0.1087 

(0.35)       

Age of HH head (2) 0.1332 

(0.97)    

5.8975     

(0.95)     

0.1493   

(1.02) 

6.6120    

(1.02)   

0.1403 

(1.03)    

6.1645    

(1.03)      

0.1813  

(1.30)   

7.9931 

(1.30)   

0.1396   

(1.02)  

6.1639 

(1.02)     

Age squared of HH head 

(3) 

-0.0013  

(-0.94)   

-2.9458      

(-0.94)   

-0.0016 

(-1.09)    

-3.4929 

(-1.09)         

-0.0014 

(-0.03)    

-3.0462  

(-0.03)        

-0.0019 

(-1.32) 

-4.0898 

(-1.31)     

-0.0014 

(-1.02)    

-3.0827 

(-1.01)      

Primary education of 

HH head (4) 

-0.6140 

(-0.83)    

-0.2106 

(-0.83)          

-0.8129  

(-1.03)   

-0.2788 

(-1.03)          

-0.4396  

(-0.59)   

-0.1496 

(-0.59)         

-0.5808 

(-0.79)    

-0.1983 

(-0.79)          

-0.6093 

(-0.82)     

-0.2084   

(-0.82)     

Secondary education of  

HH head (5) 

-0.1422  

(-0.18)   

-0.0432 

(-0.18)         

-0.3925 

(-0.46) 

-0.1193  

(-0.46) 

0.1390    

(0.17) 

0.0419    

(0.17)     

-0.1891   

(-0.24)  

-0.057 

(-0.24)        

-0.1158  

(-0.14)   

-0.0351 

(-0.14)       

Tertiary education    

 of HH head (6) 

-0.4248 

(-0.43)    

-0.1105 

(-0.43)          

-0.5706 

(-0.54)    

0.0587 

(-0.54)    

-0.1333  

(-0.13)   

-0.0344 

(-0.13)       

-0.3722  

(-0.37)   

-0.0963  

(-0.37)       

-0.5119  

(-0.52)   

-0.1328  

(-0.52)             

Size of the HH (7) 

 

0.1501 

(1.59)  

0.8059  

(1.59)      

0.1335   

(1.46)  

0.7165  

(1.46)       

0.1755
**

   

(2.03)  

0.9345
**

 

(2.03)       

0.1594
*
   

(1.81)  

0.8519
*
 

(1.80)        

0.1852
**

  

(2.01)       

0.9916
**

 

(2.00)       

Location of houses 

(distance to the  nearest 

town) (8) 

-0.0003 

(0.00)    

-0.0034  

(0.00)      

-0.0372 

(-0.58)    

-0.3315  

(-0.58)         

-0.0191   

(-0.24)  

-0.1690   

(-0.24)       

-0.0044 

(-0.05)    

-0.0390 

(-0.05)          

-0.0189   

(-0.28)  

-0.1686 

(-0.28)        

Location of houses 

(distance to the  nearest 

town) squared (9) 

-0.0005 

(-0.26)    

-0.0851  

(-0.26)     

0.0003    

(0.26)  

-0.1484   

(0.26)      

-0.0002   

(-0.14) 

-0.0463 

(-0.14)       

-0.0005 

(-0.24)    

-0.0881 

(-0.24)       

-0.0001  

(-0.13)   

-0.0310 

(-0.13)       

House characteristics  

(house condition) (10) 

 

 

 

-0.0757 

(-0.14)    

-0.0108 

(-0.14)       

-0.2670 

(-0.46) 

-0.0382 

(-0.46)       

0.0319 

(0.06)   

0.0045  

(0.06)        

-0.1158 

(-0.21)     

-0.0165 

(-0.21)       

-0.1507  

(-0.27)   

-0.0215 

(-0.27)        
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Table 4.79 (Continued) 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Total income of the  

households  (11) 

-0.0000  

(-1.46)   

-0.7759  

(-1.45)      

-0.0000
*
     

(-1.65)  

-0.8468 

(-1.64)       

-0.0000 

(-1.60)   

-0.7910   

(-1.59)     

-0.0000
*
 

(-1.76)   

-0.9275
* 

(-1.75)      

-0.0000
*
 

(-1.66)   

-0.8464
* 

(-1.65)       

Household exposure to 

economic shocks (12)  

2.0125
***

   

(4.65)   

0.3533
*** 

(4.57)       

        

Household exposure to 

health shocks (13) 

  2.3255
***

   

(5.24)       

0.2646
***

        

(5.15)       

      

Household exposure to 

life-cycle shocks (14) 

    1.2727
**

 

(2.45)      

0.0944
** 

(1.44)      

    

Household exposure to 

natural shocks (15) 

      1.3457
*** 

(3.15)       

0.2678
*** 

(3.12)            

  

Household exposure to 

social shocks  (16) 

        1.6206
***

  

(3.84) 

0.3284
*** 

(3.79) 

Log likelihood -91.132  -89.108  -99.634  -97.449  -95.025  

Number of observations 600  600  600  600  600  

LR chi
2 
(12) 37.96  42.01  20.96  25.33  30.18  

Prob > chi
2
 0.0002

***
  0.0000

***
  0.0510

*
  0.0133

***
  0.0026

***
  

Wald Test chi
2
(12), 

Prob > chi
2
 

34.31, 

0.0006
***

 

 39.97, 

0.0001
***

 

 20.80, 

0.0533
*
 

 23.07, 
0.0271

**
 

 27.51, 

0.0065
***

 

 

Hosmer-Lemshow 

chi
2
(8), Prob> chi

2
, 

Percentage of correction 

prediction 

5.56, 

0.6969, 

95.50% 

 

 2.77, 

0.9478, 

95.67% 

 

 6.67, 

0.5725, 

95.50% 

 

 4.61, 
0.7987, 
95.50% 
 

 9.55, 
0.2977, 

95.50% 

 

 

Note: 1. HH= Household. 

          2. The dependent variable for the estimation is Education= the impact of shocks on household education in 2012. 

          3.  Values of z-statistics are reported in parenthesis. 

          4.  ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level.    
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v. Impact on Health 

The results of the estimation on the impact of exposure to shocks on health is shown 

in Table 4.80. As can be seen, the Log likelihood in the ER, HR, LCR, NR and SR 

models are found to be -175.367, -144.161, -166.809, -145.383, and -166.143 

respectively. The LR statistics in these models are 30.50, 92.91, 47.62, 90.47, and 

48.95 respectively. All these values are significant at 1 percent probability level 

implying that these models have a good fit. 

In the case of the Wald test, the results found that the p-value in these models are 

significant at 1 percent probability level (Prob> chi
2
 = 0.0000 in all models excepting 

ER model= 0.0083) which implies that all explanatory variables: gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), total income of the 

households (11), exposure to economic shocks, ER (12), exposure to health shocks, 

HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR 

(15) and exposure to social shocks, SR (16) jointly influence the impact of shocks 

on households’ health in 2012. 

As for the Hosmer-Lemshow goodness of fit test, since the p-value in ER, HR, LCR, 

NR and SR models are insignificant (Prob> chi
2
 = 0.6265, 0.7915, 0.4125, 0.4373, 

and 0.3941 respectively) at 5 percent probability level. Thus we concluded that the 

logistic models for ER, HR, LCR, NR and SR have a good fit. However, the 

percentage of correction prediction in these models indicates that 90.33 percent, 
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90.83 percent, 90.17 percent, 90.33 percent, and 90.17 percent variation in ER, HR, 

LCR, NR and SR models are explained by all explanatory variables [(gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), and total income of 

the households (11), exposure to economic shocks, ER (12), exposure to health 

shocks, HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural 

shocks, NR (15) and exposure to social shocks, SR (16)]. 

The probability of having an impact on health is found to be the highest when 

households are exposed to natural shocks (Table 4.80). This is followed by health 

shocks which is expected and social shocks. The impact of exposure to economic 

shocks is found to be much lower compared to other previous impact. The marginal 

effect is almost similar to exposure to life-cycle shocks. These findings indicate that 

natural disasters have quite a major impact on the health condition of the affected 

households which may warrant better response mechanisms from the relevant 

authorities to mitigate the impact.  

As for the other determinants, only income is found to have a negative impact on the 

probability for a household to be affected in term of their health for all types of 

exposure to shock. These findings are as expected as they signify that households 

with lower income are more likely to have their health affected when faced with a 

shocks. As the poorer households normally have more difficulty in getting access to 

good healthcare, any shocks is expected to have an adverse impact on their health. 
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Another factor found to be significant is tertiary education. However, tertiary 

education quite surprisingly is found to have a positive impact on the probability for 

a household to have their health be affected which means that households with higher 

level of education are more likely to be affected. But these only apply for the 

economic and life-cycle shocks models. One interpretation of the results may lie in 

the fact that higher educated individuals are usually more discerning in term of their 

health status and thus are more likely to report an impact on their health in case of a 

shock. 
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Table 4.80 

The Impact of Shocks on Households’ Health in 2012, Logistic Model 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Constant 

 

-4.9899
**

 

(-2.50)    

 -4.1408
*
 

(-1.84)    
 -5.1100

**
 

(2.47)    
 -6.7061

***
 

(-2.98) 

 -5.5522
***

   

(-2.69) 
 

Gender of HH head (1) 0.0506  

(0.16)   

0.0325  

(0.16)        

0.1864 

(0.51)   

0.1222     

(0.51)     

0.3792    

(1.08)  

0.2449 

(1.08)        

0.2558  

(0.72)   

0.1689 

(0.72)       

0.2453    

(0.73) 

0.1589 

(0.73)       

Age of HH head (2) 0.0461  

(0.61)   

1.9423 

(0.61)        

0.0107 

(0.12)    

0.4629    

(0.12)      

0.0176 

(0.23)    

0.7471 

(0.23)         

0.0927 

(1.04)    

4.0077 

(1.04)      

0.0450 

(0.58)   

1.9099 

(0.58)       

Age squared of HH head 

(3) 

-0.0003 

(-0.46)    

-0.7238 

(-0.46)         

-0.0000 

(-0.08)    

-0.1437 

(-0.08)         

-0.0000 

(-0.08)    

-0.1294  

(-0.08)        

-0.0008  

(-0.93)   

-1.8498 

(-0.93)      

-0.0003   

(-0.40)  

-0.6551 

(-0.40)      

Primary education of 

HH head (4) 

1.0595 

(1.35)    

0.3454  

(1.35)          

1.0232 

(1.17)    

0.3404  

(1.17)        

1.2781  

(1.54)   

0.4187  

(1.53)         

1.0257 

(1.21)    

0.3435 

(1.21)       

1.0629 

(1.32)    

0.3493  

(1.32)      

Secondary education of  

HH head (5) 

0.8648   

(1.04)   

0.2498 

(1.03)         

0.7480 

(0.80)   

0.2205 

(0.80)   

1.2725  

(1.43)   

0.3694   

(1.42)     

0.6985 

(0.77)    

0.2073 

(0.77)       

0.9239  

(1.08)   

0.2691 

(1.07)       

Tertiary education    

 of HH head (6) 

1.5101
*
  

(1.70)   

0.3733
*
  

 (1.70)   

1.5814 

(1.58)     

0.3989   

(1.58)         

1.8620
**

 

(1.97)    

0.4625
**

   

(1.96)        

1.5101   

(1.56)  

0.3835 

(1.55)        

1.4889 

(1.64)    

0.3710 

(1.63)       

Size of the HH (7) 

 

0.0888  

(1.35)   

0.4531 

(1.35)        

0.0433 

(0.60)    

0.2258  

(0.60)         

0.0984   

(1.49)  

0.5046   

(1.49) 

0.0210 

(0.30)    

0.1105 

(0.30)       

0.0980     

(1.45)   

0.5041 

(1.44)       

Location of houses 

(distance to the  nearest 

town) (8) 

0.0547  

(0.75)   

0.4637    

(0.75)      

0.0308 

(0.38)    

0.2666 

(0.38) 

       

0.0694    

(0.93) 

0.5910    

(0.92)    

0.1197 

(1.47) 

 

1.0414 

(1.46) 

 

0.0607   

(0.82) 

0.5184 

(0.82)       

Location of houses 

(distance to the  nearest 

town) squared (9) 

-0.0034 

(-1.23)    

-0.5195 

(-1.22)          

-0.0026   

(-0.80) 

-0.4102 

(-0.80)      

-0.0036 

(-1.27)   

-0.5537  

(-1.26)      

-0.0048  

(-1.61) 
 

-0.7480 

(-1.59)        

-0.0033  

(-1.22)   

-0.5119 

(-1.20)       

House characteristics  

(house condition) (10) 

 

 

 

0.3132  

(0.84)   

0.0425  

(0.83)        

0.0544 

(0.13)    

0.0075  

(0.13)     

0.2811   

(0.71)  

0.0384    

(0.71)    

-0.0299  

(-0.07)   

-0.0041 

(-0.07)       

0.1661    

(0.43) 

0.0227 

(0.43)       
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Table 4.80 (Continued) 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Total income of the  

households  (11) 

-0.0000
*
 

(-1.83)    

-0.5544
*
  

(-1.82)         

-0.0000
*
 

(-1.84)    

-0.5943
*
 

(-1.83)          

-0.0000
* 

(-1.69)    

-0.5126
* 

(-1.68)       

-0.0000
* 

 (-1.79) 

-0.6473
*
  

 

(-1.78)     

-0.0000
*
   

(-1.78)  

-0.5465
*
    

(-1.77)   

Household exposure to 

economic shocks (12)  

0.9782
***

  

(3.13)   

0.1632
***

  

(3.10)       

        

Household exposure to 

health shocks (13) 

  2.8203
***

   

(8.36) 

0.3112
***

       

(7.98)       

      

Household exposure to 

life-cycle shocks  (14) 

    2.0586
*** 

(5.32)    

0.1470
***

 

(5.21)            

    

Household exposure to 

natural shocks (15) 

      2.6538
*** 

(7.74)       

0.5181
*** 

(7.35)          

  

Household exposure to 

social shocks (16) 

        1.6107
*** 

(5.31) 

0.3136
***

 

(5.17)      

Log likelihood -175.367  -144.161  -166.809  -145.383  -166.143                        

Number of observations 600  600  600  600  600  

LR chi
2 
(12) 30.50  92.91  47.62  90.47  48.95  

Prob > chi
2
 0.0023

***
  0.0000

***
  0.0000

***
  0.0000

***
  0.0000

***
  

Wald Test chi
2
(12), 

Prob > chi
2
 

26.77, 

0.0083
***

 

 82.96, 

0.0000
***

 

 44.17, 

0.0000
***

 

 72.82, 

0.0000
***

 

 43.65, 

0.0000
***

 

 

Hosmer-Lemshow 

chi
2
(8), Prob> chi

2
, 

Percentage of correction 

prediction 

6.19, 
0.6265, 

90.33% 

 

 4.68, 

0.7915, 

90.83% 

 

 8.22, 

0.4125, 

90.17% 

 

 7.96, 

0.4373, 

90.33% 

 

 8.41, 

0.3941, 
90.17% 

 

 

Note: 1. HH= Household. 

          2. The dependent variable for the estimation is Health= the impact of shocks on household health in 2012. 

          3.  Values of z-statistics are reported in parenthesis. 

          4.  ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level.    
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vi. Impact on Psychology  

Exposure to shocks may also have an impact on the psychology of those who are 

affected. For example, individuals when faced with shock may experience higher 

stress level. The results of the estimation on the impact of exposure to shocks on 

psychology is shown in Table 4.81. The Log likelihood in the ER, HR, LCR, NR and 

SR models are found to be -208.786, -205.951, -204.589, -203.712, and -169.629                      

respectively. The LR statistics in these models are 75.59, 81.26, 83.98, 85.74, and 

153.90 respectively. All these values are significant at 1 percent probability level 

implying that these models have a good fit. 

In the case of the Wald test, the results found that the p-value in these models are 

significant at 1 percent probability level (Prob> chi
2
 = 0.0000 in all models) which 

implies that all explanatory variables: gender of household head (1), age of 

household head (2), age squared of household head (3), primary education of 

household head (4), secondary education of household head (5), tertiary education 

of household head (6), size of the household (7), location of houses (distance to the 

nearest town) (8), location of houses (distance to the nearest town) squared (9), 

house characteristics (house condition) (10), total income of the households (11), 

exposure to economic shocks, ER (12), exposure to health shocks, HR (13), 

exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR (15) and 

exposure to social shocks, SR (16) jointly influence the impact of shocks on 

households’ psychology in 2012. 

As for the Hosmer-Lemshow goodness of fit test, since the p-value in ER, HR, LCR, 

NR and SR models are insignificant (Prob> chi
2
 = 0.6012, 0.4117, 0.5333, 0.3595, 

and 0.0516, respectively) at 5 percent probability level. Thus we concluded that the 
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logistic models for ER, HR, LCR, NR and SR have a good fit. However, the 

percentage of correction prediction in these models indicates that 86.00 percent, 

86.33 percent, 87.67 percent, 86.17 percent, and 87.50 percent variation in ER, HR, 

LCR, NR and SR models are explained by all explanatory variables [(gender of 

household head (1), age of household head (2), age squared of household head (3), 

primary education of household head (4), secondary education of household head 

(5), tertiary education of household head (6), size of the household (7), location of 

houses (distance to the nearest town) (8), location of houses (distance to the nearest 

town) squared (9), house characteristics (house condition) (10), total income of the 

households (11), exposure to economic shocks, ER (12), exposure to health shocks, 

HR (13), exposure to life-cycle shocks, LCR (14), exposure to natural shocks, NR 

(15) and exposure to social shocks, SR (16)]. 

The results of the estimation also show that exposure to all five types of shocks are 

found to have a positive effect on the probability for the households to be impacted 

psychologically (Table 4.81). It also interesting to note that exposure to social shocks 

seems to have the highest psychological impact. And the marginal effect is also 

found to be significantly higher at 0.53 compared to other types of shocks. The 

second highest is natural shocks with a marginal effect of 0.30 followed by economic 

shocks with 0.22. 

These findings indicate that social shocks that are affecting the households in Pattani 

province are not only having an impact on their well-being materially and physically 

but it is also having an impact on their psychology. This is something that the 

relevant authorities should be concerned of as psychological impact could be long 

lasting and more difficult to deal with as compared to physical/material impact.  



230 
 

As for the other variables, there are three of them who are found to be statistically 

significant in impacting the probability for a household to be psychologically 

affected namely gender (negatively), location (negatively) and location squared 

(positively). For reasons already discussed above, female-headed households are 

found to have higher probability of being psychologically affected when faced with 

shocks. As for location, the impact on the probability of being psychologically 

affected is found to be higher for those living too near and too far from a town. It is 

expected that those living too far away from a town may lack access to mitigate the 

impact of shocks. However, for those living too near a town, the higher impact on 

probability is quite surprising. It may be due to the fact these households are mostly 

more educated and have higher income. Therefore they may be more attached to 

their economic well-being and any shocks affecting their well-being may have in 

turn an impact on their psychological well-being as well. Other variables found to be 

statistically and positively significant are tertiary education and house conditions but 

only when we control for life-cycle shocks. In the case of tertiary education, the 

significant relationship means that households with higher level of education are 

more likely to be affected psychologically. This may be due to the fact that 

households with higher level of education may have better perception of their 

psychological well-being and thus are more likely to know and to declare it if they 

are being affected psychologically. As for house conditions, the significant positive 

relationship points to the fact that households with better house conditions are less 

likely to be affected psychologically in case of a life-cycle shock. This may suggest 

that households living in bad housing conditions may suffer psychologically when 

faced with a life-cycle shock.  
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Table 4.81 

The Impact of Shocks on Households’ Psychology in 2012, Logistic Model 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect  

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Constant 

 

-2.7036
*
    

(-1.66) 

 -1.9491  

(-1.18)   
 -2.5161 

(-1.53)    
 -3.1090

*
 

(-1.84) 

 -3.8664
**

    

(-2.11) 
 

Gender of HH head (1) -0.9806
***

    

(-3.67) 

-0.6099
***

 

(-3.60)       

-1.0073
***

   

(-3.72) 

 -0.6266
***

      

(-3.65)  

-0.7835
***

 

(-2.85)   

-0.4858
***

 

(-2.82)   

-0.9629
***

    

(-3.53) 

-0.6011
*** 

(-3.48)      

-0.8611
***

    

(-2.86) 

-0.5527
***

 

(-2.83)       

Age of HH head (2) 0.0329   

(0.53)  

1.3411 

(0.53)      

0.0162 

(0.26)  

0.6606      

(0.26) 

0.0084   

(0.14) 

0.3429 

(0.14)      

0.0592   

(0.90) 

2.4223    

(0.89)   

0.0483    

(-0.69) 

2.0330 

(-0.69)      

Age squared of HH head 

(3) 

-0.0001    

(-0.30) 

-0.3732 

(-0.30)     

-0.0000 

(-0.10)    

-0.1266 

(-0.10)    

0.0000    

(0.09) 

0.1079 

(0.09) 

-0.0004     

(-0.69) 

-0.9434 

(-0.69)       

-0.0002   

(-0.33)  

-0.4893 

(0.33)      

Primary education of 

HH head (4) 

0.5883 

(0.96) 

0.1855 

(0.96)       

0.5608    

(0.89) 

0.1769  

(0.88)      

0.6813 

(1.08)  

0.2142    

(1.08)    

0.4845 

(0.78) 

0.1534     

(0.78)    

0.2787 

(0.43)    

0.0907 

(0.43)       

Secondary education of  

HH head (5) 

0.6974   

(1.06)  

0.1949     

(1.06)    

0.6618   

(0.97) 

0.1850       

(0.96) 

1.0002 

(1.46)  

0.2787  

(1.46)      

0.5377 

(0.80)    

0.1508  

(0.80)      

0.6041 

(0.87)    

0.1742 

(0.87)      

Tertiary education    

 of HH head (6) 

1.1595 

(1.62)    

0.2773  

(1.61)         

1.1408   

(1.54)   

0.2729       

(1.53) 

1.3846
*
 

(1.87)   

0.3301
*
   

(1.86)     

1.0392  

(1.43)   

0.2495  

(1.43)       

0.9111 

(1.20)       

0.2249     

(1.20)         

Size of the HH (7) 

 

0.0573  

(0.98)   

0.2828 

(0.98)         

0.0419    

(0.72) 

0.2071 

(0.72)       

0.0728 

(1.23)    

0.3585  

(1.23)      

0.0242   

(0.41)  

0.1201 

(0.41)       

0.0539    

(0.80) 

0.2747  

(0.80)      

Location of houses 

(distance to the  nearest 

town) (8) 

-0.1406
***

 

(-3.70)    

-1.1526
***

 

(-3.61)          

-0.1525
***

 

(-3.95) 

-1.2502
***

 

(-3.85) 

 

-0.1413
***

   

(-3.65)  

-1.1544
***

 

(-3.57) 

-0.1400
***

  

(-3.64)   

-1.1520
***

  

(-3.57)        

-0.1290
***

  

(-2.98)   

-1.0908
***

 

(-2.93)       

Location of houses 

(distance to the  nearest 

town) squared (9) 

0.0018
***

    

(3.15) 

0.2677
***

 

(3.10)       

0.0020
*** 

(3.44)  

0.3050
***

 

(3.38)       

0.0019
***

 

(3.22)    

0.2862
***

  

(3.16) 

       

0.0019
***

 

(3.24)    

0.2875
***

   

(3.19)     

0.0015
**

 

(2.37)    

0.2306
**

 

(2.35)     

House characteristics  

(house condition) (10) 

 

 

 

 

0.5397 

(1.62)    

0.0710 

(1.61)            

0.5243 

(1.55)    

0.0690  

(1.54)      

0.5941
*
 

(1.73)    

0.0779
*
    

(1.72)    

0.4090  

(1.20)   

0.0540   

(1.20)     

0.3491    

(0.93) 

0.0474 

(0.93)       
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Table 4.81 (Continued) 
Variables Coef. 

(ER) 
 

Marg. 

Effect 

(ER) 

Coef. 

(HR) 
 

Marg. 

Effect 

(HR) 

Coef. 

(LCR) 
 

Marg. 

Effect 

(LCR) 

Coef. 

(NR) 

Marg. 

Effect 

(NR) 

Coef. 

(SR) 

Marg. 

Effect 

(SR) 

Total income of the  

households  (11) 

-0.0000   

(-0.95)  

-0.2240   

(-0.95)      

-0.0000    

(-1.08) 

-0.2533   

(-1.08)     

-0.0000   

(-0.68)   

-0.1584    

(-0.68)    

-0.0000    

(-0.91) 

-0.2237   

(-0.91)     

-0.0000 

(-0.86)    

-0.2316 

(-0.86)       

Household exposure to 

economic shocks (12)  

1.3802
***

  

(5.16) 

0.2228
*** 

(5.03)     

        

Household exposure to 

health shocks (13) 

  1.7598
*** 

(5.72)     

0.1842
***

 

(5.57) 

      

Household exposure to 

life-cycle shocks (14) 

    2.0863
***

  

(5.87)   

0.1430
*** 

(5.87)          

    

Household exposure to 

natural shocks (15) 

      1.6234
*** 

(6.00)        

0.2996
***

  

(5.80)       

  

Household exposure to 

social shocks  (16) 

        2.7608
***

 

(9.54) 

0.5324
***

 

(8.85) 

Log likelihood -208.786  -205.951  -204.589  -203.712  -169.629                      

Number of observations 600  600  600  600  600  

LR chi
2 
(12) 75.59  81.26  83.98  85.74  153.90  

Prob > chi
2
 0.0000

***
  0.0000

***
  0.0000

***
  0.0000

***
  0.0000

***
  

Wald Test chi
2
(12), 

Prob > chi
2
 

62.91, 

0.0000
***

 

 66.87, 

0.0000
***

 

 69.23, 

0.0000
***
  

 80.96, 

0.0000
***

 

 112.90, 

0.0000
***

 

 

Hosmer-Lemshow 

chi
2
(8), Prob> chi

2
, 

Percentage of correction 

prediction 

6.41, 

0.6012, 

86.00% 

 

 8.23,  

0.4117, 

86.33% 
 

 7.03, 

0.5333, 

87.67% 

 8.80, 
0.3595, 
86.17% 

 

 15.41, 

0.0516
*
, 

87.50% 

 

 

Note: 1. HH= Household. 

          2. The dependent variable for the estimation is Psychological= the impact of shocks on household psychology in 2012. 

          3.  Values of z-statistics are reported in parenthesis. 

          4.  ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level.    
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Our discussions above have analysed the issue of exposure to shocks and its impact 

on the livelihood of affected households. As can be seen, exposure to shocks 

regardless of the types of shocks is found to have significant impact on the various 

aspect of households’ livelihood. The results may imply that the strategies employed 

by the households in managing and coping with the shocks they are exposed to, have 

not been very effective. This further corroborated the findings on the recovery from 

shocks which show that most of the affected households are yet to recover fully from 

the shocks. The results also show that certain characteristics of the households may 

also influence whether their livelihood will be impacted by the shocks or not. 

Therefore, in faced with a shock, some households is more likely to be adversely 

affected depending on their socio-economic and demographic characteristic such as 

age or gender of the head or even the location of their house. As such, the relevant 

authorities in formulating policies that are aimed towards mitigating the impact of 

shocks, may used this findings in order to identify the households that are more in 

need of assistance. 

In the following section, another aspect of the impact of exposure to shocks which is 

more dynamics in nature namely vulnerability to poverty will be examined. To put it 

differently, we seek to examine to what extent exposure to shocks influence the level 

of vulnerability of becoming poor among households in Pattani province. Other than 

its effect on the current livelihood of the households, exposure to shocks may also 

have a longer term effect through its impact on the level vulnerability to poverty. 

However, prior to examining the impact on vulnerability to poverty, we need to first 

have a proper measure of vulnerability to poverty. 

 



234 
 

4.7 Measurement of Vulnerability to Poverty: Feasible Generalized Least   

       Square Estimation (FGLS) 

In order to estimate vulnerability to poverty, we employed the FGLS methods as 

shown in equation 3.9 to equation 3.13. Using this technique, we will be able to 

estimate the probability of household who will be poor in the near future, on the 

basis of their characteristics. The household’s vulnerability level can be measured 

from an estimate of the probability that a household with the characteristics, Xh, will 

be poor in the future, by assuming that consumption is log-normally distributed 

(which means that lnch is normally distributed) as shown by the following equation:- 

                                                          (4.3) 

Letting Φ denotes the cumulative density of the standard normal distribution. 

Where 

Vh= household’s vulnerability level 

ch = consumption level of household h 

Xh= vector of independent variables 

β = vector of respective parameters 

= variance of idiosyncratic and covariate variable 

h = error term 

z = consumption poverty line 

= expected log of consumption 
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= expected variance of log consumption 

Table 4.82 presents the estimated vulnerability to poverty using the FGLS procedure. 

The table shows both the determinants of log of consumption and variance of log 

consumption.  
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Table 4.82 

Estimating Vulnerability to Poverty by FGLS 

Variables Coefficient 

(lhtc) 

t-value Coefficient 

(VarC) 

t-value 

Constant 7.6690
***

  31.47 0.9879
***

     2.82 

Gender of HH head (1) 0.0394    0.95 -0.0005    -0.00 

Age of HH head (2) 0.0328
***

    3.56 -0.0023    -0.05 

Age squared  of HH head (3) -0.0003
***

    -3.36 0.0000   0.06 

Primary education of HH head (4) 0.3033
***

    3.76 -0.036 7   -0.09 

Secondary education of  HH head (5) 0.4005
***

     4.52 -0.0227    -0.05 

Tertiary education of HH head (6) 0.6833
***

    7.13 -0.0226    -0.05 

Size of the HH (7) 0.0575
***

     6.24 -0.0015    -0.04 

Location of houses (distance to the 

nearest town) (8) 

-0.0120
**

   -2.48 0.0090    0.37 

Location of houses (distance to the 

nearest town) squared (9) 

0.0000    0.81 -0.0000    -0.14 

House characteristics 

(house condition) (10) 

-0.1438
***

    -2.58 -0.0332    -0.13 

Access to credit (11) 0.0744
*
    1.80 -0.0890    -0.39 

Level of savings (12) 0.1408
***

  3.16 0.0193    0.08 

Number of observation    600  600  

Prob > F 0.0000  1.0000  

R-squared 0.26  0.001  

Adj. R-squared 0.24  -0.019  

Note: HH= Household 

          lhtc = Log of consumption. 

          VarC = Variance of log consumption. 

          ***, denotes coefficient is significance at 1 percent level, **, at 5 percent  

                    level, *, at 10 percent level.  

 

The estimates of the FGLS regression (shown in Table 4.82) was applied to generate 

the probability of household vulnerability as identified in equation 4.3. The standard 

vulnerability threshold that is adopted in this study is 0.5 in line with Chaudhuri et al. 

(2002); Oni and Yusuf, (2006); Gaiha et al. (2007); Imai et al. (2009). Households 

were then classified into their vulnerability status. A household is considered as 
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vulnerable if it has an estimated probability of falling into poverty in the near future 

greater than 0.5 (or households with a 50 percent or more chance of falling into 

poverty in the future). On the other hand, a household is considered as being non-

vulnerable if it has an estimated probability of falling into poverty in the near future 

less than 0.5 (Pritchett et al., 2000; Chaudhuri et al., 2002). 

The summary statistics of the estimated vulnerability to poverty of the households is 

presented in Table 4.83. The result shows that 81.83 percent of households in the 

sample are vulnerable to poverty while 18.17 percent of them are not vulnerable to 

poverty. Our results show that the level of vulnerability is much higher than the level 

of poverty which is around 26 percent of the sample. The huge gap between the level 

of vulnerability to poverty and the level of poverty suggest that to be effective and 

sustainable, measures aimed eradicating poverty issue in the province of Pattani must 

also take into consideration the issue of vulnerability. 

Now that we have our measure of vulnerability to poverty, the study will examine the 

impact of exposure to shocks. This study will also look at other variables that may 

have an impact on vulnerability to poverty. 
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Table 4.83 

Vulnerability to Poverty  

Vulnerability Level Frequency Percent 

Vulnerable  491 81.83 

Non-vulnerable 109 18.17 

Total 600 100.0 

 

4.8 The Impact Exposure to Shocks on Vulnerability to Poverty: Tobit Model 

In order to examine the impact of exposure to shocks on vulnerability to poverty of 

households in rural Pattani province, this study will apply the Tobit model (equation 

4.4 and 4.5), using the value of Vh estimated for each household from equation 4.3 as 

the dependent variable. The dependent variable will have zero values for households 

below the vulnerability threshold which is indicative of censoring of an underlying 

variable (Wen, Kimiko, & Yuki, 2002).  

                                                                                                        (4.4) 
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Where 

Vi = household’s vulnerability level 

ij = estimated vulnerability as expected poverty indices 

v = vulnerability threshold 

β = vector of respective parameters 

i = error term 

z = consumption poverty line 

̂iX = expected log of consumption 

̂iX = expected variance of log consumption 

Xi = vector of independent variables, in this study Xi = 1-18 are: 

1= gender of household head, 2= age of household head, 3= age squared of 

household head, 4= primary education of household head, 5= secondary education 

of household head, 6= tertiary education of household head, 7= size of the 

household, 8= location of houses (distance to the nearest town), 9= location of 

houses (distance to the nearest town) squared, 10= house characteristics (house 

condition), 11= access to credit, 12= level of savings, 13= household exposure to 

shocks in general, 14= household exposure to economic shock, 15= household 

exposure to health shocks, 16= household exposure to life-cycle shocks, 17= 

household exposure to natural shocks, and 18= household exposure to social shocks. 

We will estimate six models. One model is to estimate the impact of exposure to 

shocks in general (HER) while in the other five, each represent exposure to five 

different types of shocks namely economic shocks (ER), health shocks (HR), life-
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cycle shocks (LCR), natural shocks (NR) and social shocks (SR). The results of these 

estimations are presented in Table 4.84.  

The results of the Tobit analysis in Table 4.84 revealed that Log likelihood in the 

model HER, ER, HR, LCR, NR and SR are found to be 84.978, 84.559, 84.467, 

84.979, 84.771 and 85.989 respectively. The LR statistics in these models are 567.76, 

566.92, 566.74, 567.76, 567.34 and 569.78 respectively. These values are significant 

at 1 percent probability level implying that these models have a good fit.  
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Table 4.84 

The Impact of Exposure to Shocks on Vulnerability to Poverty in 2012, Tobit Model 
Variables Coef. 

(HER) 

Coef. 

(ER) 

Coef. 

(HR) 

Coef. 

 (LCR) 

Coef. 

(NR) 

Coef. 

(SR) 

Constant 

 

1.7912
***

 

(19.94)     

1.7868
***

 

(19.91)     

1.7876
***

 

(19.89)     

1.7859
***

 

(19.92)     

1.7882
***

 

(19.93)     

1.7739
***

 

(19.78)     

Gender of HH head (1) -0.0219 

(-1.45)   

-0.0235 

(-1.55) 

-0.0224   

(-1.48)  

-0.0258
*
    

(-1.68) 

-0.0242
 

(-1.59) 

-0.0194  

(-1.28)  

Age of HH head (2) -0.0294
***

 

(-8.72)    

-0.0291
***

  

(-8.65) 

-0.0291
***

   

(-8.66) 

-0.0289
***

  

(-8.60)     

-0.0292
***

 

(-8.68)  

-0.0290
***

   

(-8.64)  

Age squared of HH head (3) 0.0002
***

 

(7.64) 

0.0002
***

   

(7.57) 

0.0002
***

 

(7.58) 

0.0002
***

    

(7.53)  

0.0002
***

     

(7.61) 

0.0002
***

    

(7.58) 

Primary education of HH head (4) -0.1020
***

 

(-3.54)  

-0.1023
***

   

(-3.55) 

-0.1034
***

   

(-3.58) 

-0.1034
*** 

(-3.59)    

-0.1015
***

    

(-3.52) 

-0.1050
***

   

(-3.65)  

Secondary education of  HH head (5) -0.2116
***

 

(-6.65)  

-0.2104
*** 

(-6.61)   

-0.2116
***

 

(-6.64)   

-0.2130
*** 

(-6.68)     

-0.2094
***

   

(-6.57)   

-0.2116
***

  

(-6.66)  

Tertiary education of HH head (6) -0.5264
***

 

(-14.98)   

-0.5256
***

 

(-14.95) 

-0.5264
***

     

(-14.97) 

-0.5278
***

    

(-15.01)  

-0.5244
***

    

(-14.91)  

-0.5275
*** 

(-15.04)    

Size of the HH (7)  -0.0528
***

     

(-15.07)  

-0.0523
***

   

(-14.82) 

-0.0528
***

  

(-14.99)   

-0.0524
***

 

(-14.96)    

-0.0521
*** 

(-14.69)     

-0.0532
***

    

(-15.16) 

Location of houses (distance to the nearest 

town) (8) 

0.0088
***

 

(5.02) 

0.0086
***

 

(4.86)    

0.0087
***

 

(4.98) 

0.0086
***

    

(4.86) 

0.0086
***

    

(4.87)   

0.0092
***

  

(5.20)  

Location of houses (distance to the nearest 

town) squared (9) 

-0.0001
***

 

(-3.35) 

-0.0001
***

    

(-3.25) 

-0.0001
***

    

(-3.31) 

-0.0001
***

   

(-3.29)  

-0.0001
***

 

(-3.29)     

-0.0001
***

  

(-3.53)   

House characteristics (house condition) 

(10) 

0.0513
**

 

(2.55) 

0.0556
***

   

(2.78) 

0.0537
***

 

(2.69) 

0.0560
***

    

(2.81)  

0.0566
***

    

(2.83)   

0.0507
**

   

(2.54)  

Access to credit (11) 

 

-0.6272
***

 

(-4.13) 

-0.0610
***

   

(-4.03)  

-0.0619
***

 

(-4.07) 

-0.0600
***

    

(-3.96)   

-0.0601
***

  

(-3.96)    

-0.0626
***

   

(-4.14)  

Level of savings (12) 

 

 

 

-0.1101
***

 

(-6.88) 

-0.1099
***

      

(-6.86) 

-0.1101
***

 

(-6.87) 

-0.1094
***

   

(-6.84)    

-0.1106
***

   

  (-6.90) 

-0.1097
***

  

(-6.87)    
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Table 4.84 (Continued) 

Variables Coef. 

(HER) 

Coef. 

(ER) 

Coef. 

(HR) 

Coef. 

 (LCR) 

Coef. 

(NR) 

Coef. 

(SR) 

Households exposure to shocks in general, 

HER (13) 

0.0318 

(1.11) 

     

Households exposure to economic shocks, 

ER (14) 

 -0.0114 

(-0.63) 

    

Households exposure to health shocks, HR 

(15) 

  0.0101 

(0.47) 

   

Households exposure to life-cycle shocks, 

LCR (16)  

   -0.0293 

(-1.11) 

  

Households exposure to natural shocks, NR 

(17) 

    -0.0158 

(-0.91) 

 

Households exposure to social shocks, SR 

(18) 

     0.0310
*
 

(1.81) 

Log likelihood 84.978 84.559 84.467 84.979 84.771 85.989 

Number of observations   600 600 600 600 600 600 

LR chi
2 
(13) 567.76 566.92 566.74 567.76 567.34 569.78 

Prob > chi
2
 0.0000

***
 0.0000

*** 0.0000
*** 0.0000

*** 0.0000
*** 0.0000

*** 

Pseudo R-squared 1.4272 1.4251 1.4247 1.4272 1.4262 1.4323 

Note: 1. HH= Household. 

          2. The dependent variable in all estimations is the vulue of household’s vulnerability level estimated for each household. 

          3. Values of t-statistics are reported in parenthesis. 

          4. ***, denotes the coefficient is significance at 1 percent level, **, at 5 percent level, *, at 10 percent level. 

 

 

 

 

 



243 
 

i. The impact of Exposure to Shocks on Vulnerability to Poverty 

In the HER model, the variable of interest which is exposure to shocks in general is 

not found to be statistically significant which implies that exposure to shocks does 

not  have an impact on vulnerability to poverty. Similar results are found for other 

models. Exposure to economic shocks, health shocks, life-cycle shocks and natural 

shocks all seem not to have a significant impact on household vulnerability to 

poverty (column 2 to 5). Only exposure to social shocks (column 6) is found to be 

positively significant. This signifies that vulnerability to poverty is higher for 

households who are exposed to social shocks.  

The significance impact of social shocks on vulnerability to poverty may be the 

result of the particular situation of Pattani province and the southernmost part of 

Thailand in general. This region has been the stage for political and social conflict 

for the past few years. And despite all the measure that have been undertaken by the 

Thai government, there is yet any effective solution found to the shocks. 

Our results bring an economic dimension to the issue by showing that the shocks has 

affected the livelihood of the local population and it has also made those who are 

exposed to it more vulnerable to poverty. In other words, the social and political 

instability that emanates from the shocks seems to be making the local population 

more vulnerable to poverty. And since dissatisfaction among the local population as 

to the availability of economic opportunities is one of the main reason that 

contributes towards this turmoil, one would expect that any further deterioration of 

economic condition of the local population would only lead to further escalation of 

the shocks. There is thus a two-way direction of impact that the relevant authorities 

should be aware of. As such, there is a need for the relevant authorities to bring a 
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more meaningful and effective solution to the shocks that would include economic 

development perspective as well.  

ii. Determinants of Vulnerability to Poverty 

Other than the impact of exposure to shocks on vulnerability to poverty, our results 

above also provide us with an understanding of the other factors that determine 

households vulnerability to poverty in Pattani province. As can be seen in Table 4.84 

above, in all models all variables are found to be statistically significant except one 

which is gender. However, in our LCR model, all variables including gender are 

found to be significant.  

Age squared of household head (3), location of houses (distance to the nearest town) 

(8), and house characteristics (house condition) (10) are found to be positively 

significant in impacting the household vulnerability to poverty at 1 percent and 5 

percent probability level. While age of household head (2), primary education of 

household head (4), secondary education of household head (5), tertiary education 

of household head (6), size of the household (7), location of houses (distance to the 

nearest town) squared (9), access to credit (11), and level of savings (12) are found 

to be negatively significant at 1 percent probability level. As for gender, its 

coefficient is found to be negatively significant at 10 percent probability level in the 

LCR model. The following will discuss what these results imply. 

Age is found to be negatively significant which signifies that the probabilities of 

being vulnerable to poverty are higher for households with younger head. This is 

contrary to the finding of Baiyegunhi and Fraser (2010), and Iqbal (2013) which 

found that households with older head are vulnerable. Our results may however 
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imply that younger head may yet to be settled in their profession and may thus be 

more susceptible to any sudden shocks or shocks that may affect their livelihood. 

Younger head may also have less savings and asset as compared to older head. On 

the other hand, our results also found that the value of coefficient for age squared of 

household head (3) to be positive. This implies that the impact of age on 

vulnerability to poverty is non-linear which further suggest that up to a certain age, 

the impact of age starts to become positive. However, given the fact that the 

coefficient for age squared is very small, this will only take place for very old age 

(approximately 145 years old).  

As expected, education is found to have a negative impact on vulnerability to 

poverty. As can be seen in the HER model, relative to those without education, the 

probability for households heads with a primary education to be vulnerable is lower 

by 0.1020 units. And as for those with a secondary education, the probability is lower 

by 0.2216. Finally, for those with a tertiary education, the impact of education is 

much higher as shown by the coefficient of -0.5264. An increase in the educational 

attainment of the household head (i.e. the higher the years of schooling) strongly 

lowers the probabilities of vulnerability to poverty. Similar results are found for all 

the six models which point to the importance of education in preventing households 

from falling into the poverty trap. These findings are also in line with previous 

studies such as the one by Baiyegunhi and Fraser (2010), Novignon (2010), and 

Adepoju and Yusuf (2012).  

Another variable found to be affecting vulnerability to poverty is size of the 

household (7) whose coefficient is found to be negatively significant. This indicates 

that an increase in one unit of households’ size will lead to a decrease in the 
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probability of vulnerability to poverty. These findings are in contrary to the finding 

of Oni and Yusuf (2008) and Adepoju and Yusuf (2012). These results may be 

interpreted as an indication that households which are bigger in size may have more 

members that contribute economically to the well-being of the household thus 

preventing it from becoming poor. 

Location is another important determinant of vulnerability to poverty. The coefficient 

value of location of houses (distance to the nearest town) (8) by household is found 

to be positively significant implying that for every unit increase in the distance to the 

nearest town or change in location of houses, the probabilities of vulnerability to 

poverty increased by 0.0088 units. These findings are as expected as households 

located nearer to a town will be less vulnerable as they may have access to better 

facilities and economic opportunities. Locations can therefore be a good indicator of 

households’ well-being, in term of access to infrastructure facilities and provision of 

public utilities for example water supply network, electricity, health care, sanitation, 

public transportation, telecommunications, education etc. However, we also found 

that the coefficient value of location of houses (distance to the nearest town) (9) 

squared is negatively significant which indicates that there is non-linear relationship 

between location and vulnerability. Together these results may imply that up to 

certain distance (which in our case is approximately 90 km), the impact of location 

on vulnerability will start to become negative. In other words, if households are 

located too far away from a town, its probability of becoming vulnerable to poverty 

will become lower. This may indicates that households located too far away from a 

town may be self-sufficient and do not depend on the facilities that are available in 

the town. This will make them less vulnerable to poverty as compared to those who 

live nearer but are more dependent on the facilities available in the town.  
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As for house characteristics (house condition) (10), its coefficient is found to be 

positively impacting the probabilities of vulnerability to poverty. The positive sign 

found on the coefficient signifies that households with poor house conditions have a 

higher probability of being vulnerable to poverty. The findings are similar to our 

expectation as house condition is a reflection of the economic situation of the 

household in question. Poor house condition may indicate poor economic condition 

of the household and vice versa. 

This study also looked at the impact of access to credit on the probabilities of 

vulnerability to poverty. It is expected that access to credit will lessen a household’ 

vulnerability as it indicates that the households in question may be able to tap into 

the credit market in case of a shock. Access to credit market can also allow 

households to take advantage of investment opportunities that will enable them to 

improve their economic well-being
11

. The findings in this study seem to point to that 

conclusion as the value of coefficient for access to credit (11)
12

 by household is 

found to be negatively significant. This implies that a household with access to 

credit, the probabilities of vulnerability to poverty is lower compared to those with 

no access to credit. These findings corroborated the ones found by Baiyegunhi and 

Fraser (2010) and Adepoju and Yusuf (2012).  

Another important variable that is believed to have an impact on vulnerability to 

poverty is savings. It is expected that households with adequate level of savings will 

be less vulnerable as they can rely on their savings during the rainy days. In this 

                                                           
11

 See for example Zeller, Braun, Johm, and Puetz (1994); Binswinger and Khandker 

(1995); Adugna and Heidhues (2000) on the impact of access to credit on household 

well-being. 
12

 Access to credit is a dummy variable with zero signifies no access to credit and 

one, access to credit 
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study, the value of coefficient for level of savings (12)
13

 is found to be negatively 

siginificant. This implies that a household with savings, the probabilities of 

vulnerability to poverty will be lower relative to those who have no savings. These 

finding are consistent with the earlier result obtained by Del Ninno and Marini 

(2005), Oni and Yusuf (2008), and Dercon and Clarke (2009). 

Finally, it is found that in the LCR model, gender of household head is found to be 

negatively significant. This implies that male-headed households are less vulnerable 

to female-headed households in the case of life-cycle shocks. These findings are as 

expected given the fact that female-headed households are frequently associated with 

poverty in the literature. However, it is quite surprising that only in the LCR model 

this effect is found to be significant.  

In conclusion, this section has brought into perspective another dimension of the 

impacts of exposure to shocks by examining its relationship with vulnerability to 

poverty. The FGLS approach is used to first estimate the extent to which households 

in Pattani province is vulnerable to poverty. Then, this study used the Tobit model to 

identify the impact of exposure to shocks to probability to vulnerability to poverty as 

well as other major determinants. The results indicated that only exposure to social 

shocks seems to have an impact on vulnerability to poverty. Households exposed to 

social shocks are found to have higher probability to be vulnerable to poverty. The 

findings reflects the current situation in Pattani province which is plagued by social 

unrest for so many years which has contributed to an increase in the vulnerability of 

those affected by it. Also this study found that vulnerability to poverty is also 

                                                           
13

 Savings is a dummy variable with zero signifies no savings and one, savings 
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influenced by age of the households head, size of household, household location, 

education, house condition, access to credit and savings. 

4.9 Conclusion 

This chapter discussed the findings from the data analysis. The descriptive statistics 

and various inferential statistical approaches specifically Logit model, FGLS 

technique and Tobit model were employed in order to answer all the research 

questions and objectives of the study. From the descriptive analysis, we found that in 

2012, there are different type of shocks faced by households in the rural area of 

Pattani province such as flooding, job losses, reduction of salary and business 

bankrupt/losses and turmoil. Faced with these shocks, most of the households in rural 

area in Pattani province used self-help or self-insurance mechanism (such as 

reducing spending, finding outside job/side income or selling assets). They have also 

resorted to the use of informal insurance (for example, borrowing or obtaining 

assistance (financial etc.) from neighbours, friends or family) as strategies to handle 

the occurrence of negative shocks. However, most of these strategies are not 

effective given the high percentage of households who are yet to totally recover from 

the shocks they are exposed to.  

Using a Logit model, we revealed that socio-economic and demographic variables do 

have an influence on their exposure to shocks. These findings signify that households 

do differ in term of their exposure to shocks. Also our results indicate that exposure 

to different type of shocks seem are determined by different set of socio-economic 

and demographic variables. However, it should be noted that few variables have an 

influence on more than one type of exposure to shocks. This may suggest that these 

are the variables that the relevant authorities should be focusing on when it comes to 
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the formulation of policies that are aimed towards the tackling the issue of 

households’ exposure to shocks.  

After identifying the determinants of exposure to shocks, this study examined to 

impact of this exposure to the livelihood of affected households. For that purpose, a 

logit model is employed in order to analyze the impact of the exposure of households 

to shocks on the livelihood of the households. As can be seen, exposure to shocks 

regardless of the types of shocks is found to have significant impact on the various 

aspect of households’ livelihood. Also, it is found that certain characteristics of the 

households may also influence whether their livelihood will be impacted by the 

shocks or not. 

Finally, this study brought a dynamic perspective on the issue of the impact of 

exposure to shocks by examining to what extent vulnerability to poverty is 

influenced by exposure to shocks. A FGLS approach is used in order to measure 

vulnerability to poverty while the impact of exposure to shocks to vulnerability is 

estimated using a Tobit model. The results show that the level of vulnerability to 

poverty among the Pattani province sampled population is quite high at more than 80 

percent. This is much higher than the incidence of poverty in our sample which stood 

at less than 30 percent. These findings suggest the importance for the relevant 

authority to formulate poverty eradication programs that encapsulates the issue of 

vulnerability as well. Otherwise, the fight against poverty would remain as a losing 

battle since there will always be a group of people who shocks of becoming poor 

when faced with an adverse situation. As for the impact of exposure to shocks on 

vulnerability, the results indicated that only exposure to social shocks seems to have 

a significant impact. Households exposed to social shocks are found to have higher 

probability to be vulnerable to poverty. The findings merely reflect the actual 
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situation in the Pattani province which has been mired in a social and political 

turmoil for a number of years. This crisis has in a way lead to an increase in the 

vulnerability of those affected by it. Also this study found that vulnerability to 

poverty is also influenced by age of the households head, size of household, 

household location, education, house condition, access to credit and savings. 
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CHAPTER FIVE 

 CONCLUSION AND RECOMMENDATION 

5.0 Introduction 

This chapter provides a summary of the overall research. The chapter first present the 

summary of findings of the study, followed by the second section to discuss policy 

implications that can be derived from the study. The third section discusses the 

limitations of the study and suggestions for further research. Finally, section four 

concludes.  

5.1 Summary of the Findings   

The objective of this study is to provide an understanding on the exposure to shocks, 

risk management strategies and vulnerability to poverty of rural households in 

Pattani province. The general objectives of this study were; to investigate the 

vulnerability to poverty of rural households in the Pattani province, Thailand, while 

the specific goals of this study are to examined the exposure of shocks of households 

in the rural area in Pattani province, the strategies adopted by the households in 

Pattani province in coping with and in managing the shocks, the effects of the 

exposure to shocks on the livelihood of households in Pattani province as well as 

vulnerability to poverty. We also examined the factors that influence households 

vulnerability to poverty of households in rural area in Pattani province.  

This study has contributed to the empirical literature on risk, risk coping mechanisms 

and vulnerability to poverty by providing new insights into understanding of rural 

households’ well-being in the Pattani province. It should be noted that Thailand has 

implemented various policies towards the eradication of poverty amongst its 
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population and to a certain extent, it has managed to bring poverty issue under 

control. Poverty incidence has been reduced from as high as 42.33 percent in 2000 to 

less than 13 percent in 2012. However, even though poverty in general has been 

reduced in general, it remains relatively high in some provinces especially those 

situated in the rural areas. In these provinces, poverty incidence remains stubbornly 

high despite all the programs implemented by the Thai government. Pattani on which 

the thesis will be focusing on, is one of these provinces in Thailand where poverty 

incidence was the second highest in 2012 at more than 46 percent. And compared to 

other provinces in the Southern Region (where Pattani is located), it seems to be 

lagging quite far behind in term of improvement in the poverty incidence level.   

This study will add into the existing literature on poverty particularly in Thailand by 

providing a dynamics perspective of the issue. By examining the current status of 

rural households’ exposure to shocks and how they manage this shocks, we would 

obtain a measure as to what extent these households are vulnerable of becoming poor 

in the future. Also, we would be able to see how government agencies can further 

improve their efforts especially on the existing social security programs in order to 

tackle the issue of poverty especially among the vulnerable population. 

As mentioned earlier, this study was conducted in the rural area of Pattani province, 

which is located in the Southern Region of Thailand. A multi-stage sampling was 

used to select the samples for the study. Five districts were selected namely Muang 

Pattani, Thung Yang Deang, Mai Kaen, Khok Pho and Yarang. Primary data were 

then collected using structured questionnaire. 

This study revealed that there are different types of shocks that affect households in 

their daily life in the rural area in Pattani province. Of the total households surveyed 



254 
 

in this study, 35.3 percent have had to deal with at least an adverse shock in 2012. A 

social shocks such as turmoil is the shock that affected the highest number of 

respondents with 15.2 percent of the total respondents. Other types of shocks that 

have a relatively high number of occurrence are flooding (13.5 percent), reduction of 

salary (11.7 percent), job losses (6 percent), social problems such as rape/drugs/run 

away from home, etc. (5.6 percent), business going bankrupt/losses (4.7 percent), 

drought (4.6 percent) and households member becoming sick/crippled (5.6 percent). 

This study also revealed that gender of household head, size of the household, 

location of houses (distance to the nearest town), and house characteristics (house 

condition), and total income of the households have significant effect on the 

probability for household to be exposed to different types of shocks (economic 

shocks, health shocks, life-cycle shocks, natural shocks, and social shocks). It is also 

found that the odds of exposure to these shocks are higher for bigger households and 

for households with poor general condition of houses.  On the other hand, the odds of 

exposure to these shocks are lower for households which are male-headed, for 

households situated further form the town centre, and for households with higher 

level of income. 

Another importance issue is examined in this study is the coping strategy or the 

management of shocks factors. Without an efficient risk management strategy, 

shocks may have severe effects on the livelihood of the households. This study found 

that most of households in rural area in Pattani province have applied at least one 

coping strategy in order to handle shocks. It is also found that self-help or self-

insurance (such as reducing spending, finding alternative job/side income or selling 

assets) including informal insurance (for example, borrowing or obtaining assistance 
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(financial etc.) from neighbours, friends or family), are the major strategies used to 

cope with the occurrence of negative shocks in 2012. 

More specifically, reducing spending is the strategy mostly used by the households in 

2012 with almost 30 percent of respondents. The respondents also resort to other 

type of strategies which include finding outside job/side-income (12.4 percent), 

borrowing from neighbours or friends (6.9 percent), reducing the quantity/quality of 

food and drink (6.5 percent) and obtaining assistance (financial etc.) from neighbours 

or friends (6.5 percent), obtaining assistance (financial etc.) from family (5.9 

percent), borrowing from other family member (5.7 percent), selling assets (5.0 

percent), obtain  loans from bank or financial institutions (4.4 percent), pawning their 

gold or valuable things (4.2 percent) and withdrawal from fund or savings (3.6 

percent). Our findings show that the types of strategies used seem to be relatively 

similar which may indicate the limited choice available to these households. 

However, not all these strategies have been effective. The findings on the recovery 

from the major two crisis identified by respondents as having the largest effect on 

their economic/financial conditions show that the majority of them are yet to fully 

recovered from these crisis. Only 18.4 percent and 13.2 percent of the respondents 

have fully recovered from these two crisis respectively. For the first crisis, 81.6 

percent of the respondents have not recovered yet the crisis with 75.5 percent of them 

have partially overcome the shock faced and other 6.1 percent of them have not 

recovered at all. As for the second crisis, 86.8 percent of the respondents’ claim that 

they have not yet recovered from the crisis with 60.4 percent of the respondents have 

partially overcome from the shock faced and 26.4 percent who have experienced no 

recovery at all. These findings provide us with some idea on the effectiveness of the 
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strategies adopted by the households. As can be seen, only a small percentage of 

those affected by a shock have successfully managed with the shocks and fully 

recovered from it. These findings show that there is indeed an issue regarding the 

effectiveness of risk management strategies adopted by households in Pattani. This 

may also indicate the level of vulnerability of these households to poverty as further 

exposure to shocks may aggravate further their livelihood. 

Furthermore, the findings of this study also indicate the limitations of the strategies 

that may be used by the sampled households when faced with a shocks. A large 

percentage of rural households would not be able to depend on their assets when 

faced with an adverse shock. Most of them have meager savings or no savings at all, 

which is due to their low sources of income that would have prevented them from 

their efforts to increase in their savings. As for the role of credit market, this study 

shows that rural households may not be able to resort to this channel as their low 

level of income stood as a constraint for them to access formal credit. Even though, 

loans can be obtained from family members or neighbours or friends, such 

alternative may not be functional in the occurrence of a co-variant shock. 

On the other hand, this study points to the fact that communal and solidarity effect is 

still very much present and accessible in rural Pattani. Households living in rural 

Pattani would still be able to count on their family members, neighbours and friends 

for support in case of a problem. But again this is only valid in the event of 

idiosyncratic shocks. Also, one may also wonder if the same level of support system 

would still be available in the future. As for the role of government, the study found 

that rural households still expect government to provide assistance to those who are 
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in need. However, the results also point to the issue of improper accessibility of 

information and assistance offered by the government despite its continuous efforts. 

This study also examined the impact of the shocks on the livelihood of the 

households. The descriptive analysis found that about 34.1 percent of households 

faced a shock have their incomes impacted by the crisis, while 16.6 percent of the 

respondents have their assets affected by the crisis. Another 9.1 percent of the 

respondents have their food consumption affected by the crisis. Other than 

financially and materially, the crisis also affected other aspect of their livelihood 

such as their psychological and stress level (19.5 percent), their health (13.2 percent), 

the education of their children as they have to stop sending children to school (6.1 

percent), and social life such as having problem or dispute with neighbors (1.4 

percent).  

The study further analysed the impact of exposure to shocks on the livelihood of the 

affected households using Logit regression. The estimation results found that 

exposure to shocks regardless of the types of shocks have significant impact on the 

various aspect of households’ livelihood. The results corroborated the descriptive 

results that show that the risk management/coping strategies employed by the 

households have not been very effective. The results also show that certain 

characteristics of the households may also influence whether their livelihood will be 

impacted by the shocks or not. Therefore, in faced with a shock, some households is 

more likely to be adversely affected depending on their socio-economic and 

demographic characteristic such as age or gender of the head or even the location of 

their house. 
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To understand further the relationship between shocks and poverty, this study 

examine the impact of exposure to shocks to vulnerability to poverty. For that 

purpose, this study first measured the level of vulnerability to poverty among the 

households in Pattani using the FGLS estimation technique. The findings revealed 

that approximately 82 percent of rural households in Pattani province are found to be 

vulnerable to poverty. This is much higher than the number of poor households in the 

sample which stood at 25.67 percent. This implies that vulnerability to poverty is 

indeed an issue in Pattani provinces. Based on this finding, the study then examined 

the determinants of vulnerability to poverty using the Tobit model. The study seeks 

to understand to what extent exposure to shocks may determine household’s 

vulnerability level.  

The findings of this study indicate that of all the types of exposure to shocks only 

exposure to social shocks has a significant influence vulnerability to poverty in the 

rural area in Pattani province. This suggests the particularity of the Pattani province 

(as well as other provinces situated in the southernmost part of Thailand) which has 

been embroiled in social turmoil for so many years. The results thus provide 

evidence as to the economic impact of such turmoil.   

The estimations results also showed that gender of household head, age of household 

head, primary/secondary/tertiary education of household head, size of the household, 

location of houses (distance to the nearest town), house characteristics (house 

condition), access to credit and level of savings the other significant determinants of 

vulnerability to poverty. It is revealed that the probabilities of becoming vulnerable 

to poverty increases for households situated far from town and for households with 

poor general condition of houses. However, there is a non-linear effect of distance to 
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nearest town on vulnerability level suggesting that those living too far from a town 

may have deliberately chosen to do so and are self-sufficient. Therefore, they may 

not need the facilities available in a town and being a distance away from town is no 

longer an issue for them. On the other hand, the probabilities of vulnerability to 

poverty decreases with male headed households, with the increase in the age of the 

household head, with the households head level of education, with the increase in the 

size of households, for households with access to credit, and for households with 

savings. The effect of age is also found to be non-linear suggesting that households 

with young and very old head have higher probability of becoming vulnerable as 

compared to those with middle-aged head.  

5.2 Policy Implications  

The following are the policy implications that can be derived from this study on 

issues pertaining to poverty, risk management, and vulnerability aspects in Thailand:  

1. This study revealed that the major shocks experienced by households in the 

rural area in Pattani province is mostly covariant in nature such as flooding, 

storm and landslide. These types of shocks have the largest impact on the 

economic situation of households in particular, on their incomes and assets 

due to unanticipated occurrences of these shocks. Also because of its 

covariant nature, affected households would not be able to rely on their 

neighbors as all of them will be affected. Therefore, more efforts need to be 

done by the relevant authorities in improving existing mechanisms pre-, 

during and post-crisis. Areas identified as prone to natural disaster need to be 

identified and appropriate measures need to be implemented in order to 

reduce the occurrence of such disaster. During the crisis, an effective early 
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warnings system needs to be in place in order to alert those who will be 

affected. A good response system also needs to be in place to make sure that 

relief and assistance are provided to those in need. 

 

2. It is also found that turmoil is another main shocks faced by households in the 

rural area in Pattani province. This is particular to Pattani (as well as to other 

muslim-majority provinces in the southernmost part of Thailand) which has 

been embroiled in the social and political crisis since 2004. The findings of 

this study provide another dimension to the crisis by examining its impact on 

the livelihood of the affected households. Indeed, this study shows that not 

only the crisis affect the current economic situation of these households, it 

also increases their vulnerability to poverty. Therefore, given the significant 

impact of this crisis, the Thai government should continue in its efforts 

towards bringing the crisis to an end. This effort should not be focused only 

in suppressing or diminishing the threat posed by the Muslim separatist 

group, but should also include programs that promote cohesiveness and 

reduce the sense of alienation among the Muslim population. This can be 

achieved through programs that increase economic growth that can create 

more job opportunities for the population. If the status quo remains, then the 

problem of poverty would continue to haunt the population in this part of the 

country which will then lead to a further escalation of the crisis.   

 

3. The study shows that the risks management strategies employed by affected 

households are mostly ineffective as indicated by the high percentage of 

people still not recovering from the crisis. The ineffectiveness of the 

strategies are due to various factors such as low level of precautionary 
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savings or assets, limited access to formal credit market or simply the fact 

that the affected households are already living on very low income level thus 

making them very vulnerable to unanticipated shock. As such, there is clearly 

a role for the government to play not only in identifying households which 

are deemed as vulnerable, but also by improving their access to more 

effective risk management strategies. The latter can be achieved by providing 

households especially those in the rural areas better economic opportunities 

in order for them to have a better income and thus increasing their savings 

and asset. The relevant authorities should formulate policies that lead to the 

creation of employment opportunities in the communities especially for poor 

households with low-income, jobless households and housewives in the rural 

area. As for the access to the credit market, one way of improving this by 

developing micro credit facilities that can be accessed by these households in 

time of crisis. Furthermore, the relevant authorities may also want to 

complement existing risks management strategies that are found to be 

effective in order to ensure that they remain effective in the future. As such, a 

better understanding of what works and what doesn’t is required through 

regular engagement with the households. 

 

4. It is found that in our study the number of people vulnerable to become poor 

is much higher than the number of poor people. Only 26 percent are poor in 

the sampled households, however more than 80 percent of them are 

vulnerable to become poor. This shows the gravity of the vulnerability issue 

in Pattani province. As such, the relevant authority should identify 

appropriate policies that would lower the vulnerability level of these 

households. The results in this study also indicate the factors that may 
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increase or decrease the probability of becoming vulnerable. Therefore, these 

factors may be used by the relevant authorities in determining the target 

groups of their policies. For example, it is found that households with lower 

level of education have higher odds of becoming vulnerable. Therefore, the 

government may want to formulate policies would empower this group of 

households economically and making them more resilient when faced with 

shocks. The government may also want to include these households in their 

lists of beneficiaries that will be given priority in the provision of social and 

financial aids/assistance.  

 

5. The results of this study also point to the importance for the Thai government 

and other relevant authorities to take into account vulnerability aspect when it 

comes to the formulation of poverty eradication programs. As shown by this 

study, vulnerability is an issue that affects more than 80 percent of the 

households in Pattani province. Therefore, any poverty eradications programs 

that are targeted only to the poor and leaving behind the vulnerable will not 

be effective in the long term. As such, the relevant agencies may need to 

come up with new measures which are more preventive in nature in order to 

address the issue of vulnerability to poverty. These types of programs should 

be geared towards empowering the vulnerable by providing them better 

access to education, job opportunities as well as public amenities.  

 

6. These findings also point to the importance for the Thai government to 

improve its social security net which can be relied upon by the vulnerable to 

prevent them from actually falling into the trap of poverty. The government 

of Thailand may therefore need to reexamine its current social security 
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system in order to make it more comprehensive and relevant to current 

situation. One area of improvement that is urgently needed is the widening of 

its coverage to ensure that as many people as possible will be able to benefit 

from it. As it is now, the current system only covers a minority of the Thais 

given the fact that the majority of Thais are employed in the informal sector. 

Therefore, not only should the government thinks of ways to bring all of 

these people into the formal sector through policies that promote higher 

economic growth and create more jobs opportunities, it should also revise the 

coverage of its current social security program to ensure that it also covers 

those employed in the informal sector. Given the high cost associated with 

such endeavours especially for a developing country such as Thailand, it is 

however not expected that all these improvement measures to be done 

overnight. Therefore, careful planning has to be done by relevant agencies 

especially in determining which areas of improvement that need to be 

prioritized. The Thai government may also want to tap the technical expertise 

from international organization such as the World Bank or the International 

Labour Organization (ILO) to assist them in improving its social security 

system. 

 

7. This study has also showed that the level of communality or solidarity is still 

very high among rural communities in Pattani province. Rural households can 

still rely on their family members or their neighbours in case of a problem. 

However, such unity may be eroded in the future especially with the increase 

in the development of the society. Therefore, there is a need for the 

government to frequently educate and raise the awareness especially among 
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the younger generation on the importance of communal efforts of the various 

communities.  

5.3 Limitations and Suggestions for Further Research  

Although the result of the study provides useful insights on the issue of risks, 

vulnerability and poverty, there are still areas that need further improvement and 

research. The following are some limitation of this study and suggestions of the 

studies that could be done in the future: 

1. This study uses some socio-economic and demographic variables as 

mentioned above to determine exposure to shocks and vulnerability to 

poverty of rural households in Pattani province. Further studies can include 

other important variables to the model. Results of such new model could 

yield better estimates and it is also likely to provide other good examples of 

various factors that could determine shocks exposure and vulnerability to 

poverty of rural households. 

 

2. This study did not cover the factors that determine shocks coping 

mechanisms by households. Further studies could conceptualize the factors 

that have impacts on the way strategies are chosen, and there effectiveness in 

coping with shocks, which contributed towards the vulnerability of 

households. Therefore, better understanding of the motivations for various 

choices could improve the understanding on the household vulnerability to 

poverty.  

 

3. The study was only conducted in the rural area of Pattani province. It will be 

interesting if further study can expand the sample and scope of study to other 
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areas (rural and urban) with different cultural and socio-economic set up in 

order to see to what extent the findings of this study can be generalized to the 

whole of Thailand. 

 

4. This study was conducted using cross-sectional survey data. However, this 

type of data may be quite inadequate especially when it comes to analyse the 

impact of shocks on households income or consumption. Therefore, further 

studies that use a longitudinal data may be able to provide better 

understanding on the impact of shocks on livelihood of affected households. 

 

5. Further studies can also be conducted on the role of government in assisting 

rural households when faced with adversely shocks using other developed 

countries as an example in order to determine to what extent they are 

effective in providing relief to the affected households. 

5.4 Conclusion 

This study has contributed to the empirical literature on risk, risk 

coping/management strategies and vulnerability to poverty by providing new 

insights into understanding of rural households’ well-being. The findings of the 

study have provided insight into factors that have significant effects in explaining 

the difference in concentration of exposure to shocks, the impact of shocks on 

household’s livelihood and vulnerability to poverty of rural households residing 

in Pattani province, Thailand. It has also provided a starting point to 

understanding the characteristics and priorities of the poor and vulnerable 

households that are crucial for government and policy makers to formulate 

effective strategies in order to reduce their vulnerability to poverty in the future. 
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However, this study has been suggested to the relevant authorities in Thailand to 

consider aspect like poverty eradication/alleviation programs and social security 

system that encapsulates the issue of vulnerability as well. Therefore, the 

discussion on the implications of this study initial thoughts were on the issues of 

shocks, risk coping/management strategies and vulnerability to poverty especially 

in the rural households for future research.  
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